v—a pr—— /
ALEA, Lat. Am. J. Probab. Math. Stat. 20, 1-19 (2023) !/Aybﬂ?&\
DOI: 10.30757/ALEA .v20-01 /a9 A= .

Balls-in-bins models
with asymmetric feedback and reflection

Mikhail Menshikov and Vadim Shcherbakov

Department of Mathematical Sciences, Durham University, DH1 3LE, Durham, UK
FE-mail address: mikhail .menshikov@durham.ac.uk

Department of Mathematics, Royal Holloway University of London, TW20 0EX, Egham, UK.

FE-mail address: vadim.shcherbakov@rhul.ac.uk

Abstract. Balls-in-bins models describe a random sequential allocation of infinitely many balls into
a finite number of bins. In these models a ball is placed into a bin with probability proportional
to a given function (feedback function), which depends on the number of existing balls in the bin.
Typically, the feedback function is the same for all bins (symmetric feedback), and there are no
constraints on the number of balls in the bins. In this paper we study versions of BB models
with two bins, in which the above assumptions are violated. In the first model of interest the
feedback functions can depend on a bin (BB model with asymmetric feedback). In the case when
both feedback functions are power law and superlinear, a single bin receives all but finitely many
balls almost surely, and we study the probability that this happens for a given bin. In particular,
under certain initial conditions we derive the normal approximation for this probability. This
generalizes the result in Mitzenmacher et al. (2004) obtained in the case of the symmetric feedback.
The main part of the paper concerns the BB model with asymmetric feedback evolving subject to
certain constraints on the numbers of allocated balls. The model can be interpreted as a transient
reflecting random walk in a curvilinear wedge, and we obtain a complete classification of its long
term behavior.

1. Introduction

A balls-in-bins (BB) model is a classic probabilistic model describing a random sequential allo-
cation of infinitely many balls into a finite number of bins. The probability of allocating a ball into
a bin is proportional to a function, which depends on the number of existing balls in the bin. In
the standard setup, the feedback function is the same for all bins (i.e. the feedback is symmetric),
and there are no constraints on the number of allocated balls.

This paper concerns two models of random sequential allocation of balls into bins, which can be
regarded as versions of commonly studied BB models with a power law feedback function f(z) = z?,
where 5 > 0. The following results for such BB model are known (e.g. see Mitzenmacher et al.
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(2004), Oliveira (2009) and references therein). If § < 1, then, with probability one, all bins receive
infinitely many balls. For example, if 5 =1 (the classical Polya urn model), then the distribution
of fractions of balls in the bins converges to a Dirichlet distribution. On the other hand, if 8 > 1,
then, with probability one, a single random bin receives all but finitely many balls.

Our first model of interest goes as follows. Suppose that there are two bins labeled 1 and 2
respectively. If x; is the number of existing balls in the bin ¢ = 1,2, then the next ball is placed
in the bin ¢ with probability proportional to xf ¢ where (3;, i = 1,2 are given positive constants. If
f1 = P2 (the symmetric case), then this is the model studied in Mitzenmacher et al. (2004). Here we
focus on the asymmetric case 81 # o, in which both 81 > 1 and s > 1. In this case, similarly to
the symmetric one, all but finitely many balls are placed in a single random bin almost surely, and
we study the probability that this will happen in a given bin. The probability depends on initial
conditions, and is trivially equal to 1 or 0 (depending on a bin) in most cases. There is, however,
a subset of initial conditions, for which this probability is non-trivial, and we derive the normal
approximation for it. This generalizes the result in Mitzenmacher et al. (2004), where the normal
approximation for this probability is obtained in the symmetric case.

The main results of this paper concern the other model. This model can be thought of as the BB
model with asymmetric feedback, where the balls are allocated subject to certain constraints. The
model can be naturally interpreted as a reflecting random walk in a curvilinear wedge, and in what
follows we call it the BB model with reflection.

We obtain a complete classification of the long term behavior of the BB model with reflection
in the case when the boundaries of the wedge are given by power law functions. Briefly this can
be described as follows. Let (;(t) be the number of balls in the bin i = 1,2 at time ¢. Then,
with probability one, the process ((i(t), (2(t)) eventually confines to a strip of a finite width along
the boundary of the wedge. Moreover, we exactly calculate the width of the strip. The width is
an integer that depends on the model parameters. This effect is somewhat similar to boundary
effects detected in competition processes in Menshikov and Shcherbakov (2018) and Shcherbakov
and Volkov (2019).

Our motivation for the models in this paper has arisen from previous studies of growth models
that can be thought of reinforced urn models with graph based interaction. In these models bins
are labeled by vertices of a graph, and allocation probabilities at a bin depend on the configuration
of allocated balls in the neighbourhood of that bin. Several such growth models have been studied
in the case where the allocation probability at a bin is proportional to a log-linear function of the
local configuration (see Costa et al. (2018), Menshikov and Shcherbakov (2020) and Shcherbakov
and Volkov (2010)). A strong reinforcement mechanism in those models allowed to characterize
precisely their limit behavior. In contrast to the growth models with the log-linear interaction,
the growth models with interaction given by power law functions are harder to analyze. The BB
model with the power law asymmetric feedback can be regarded as such a growth model without
interaction. Secondly, the BB model with reflection can be regarded as a toy model mimicking the
behavior of one of these growth models in a very particular situation.

The rest of the paper is organized as follows. In Section 2 we formally define both BB models
of interest and state the main results. In Section 3 we collect some known facts about pure birth
processes with continuous time. These facts are used in Section 4 to study the long term behavior
of the BB model with asymmetric feedback. In Sections 5.1-5.2 we prove a series of lemmas that
describe the most likely long term behavior of the BB model with reflection. These statements are
used in Section 5.3 to prove the main results (Theorems 2.9 and 2.10 below) for the BB model with
reflection. Finally, in Section 6 we state an open problem.
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2. Models and results

Let Z4 = {1,2....} and Z; = {0,1,2,...} be sets of natural numbers and non-negative numbers
respectively. We assume that all random variables and processes are realised on a probability space
(Q, F,P). The expectation with respect to the probability P is denoted by E. The variance of a
random variable X is denoted by Var(X). Given a Markov process with values in Z% we denote by
P, the distribution of the process started at z € Z2. Given quantities a(m) and b(m) depending on
m € Z., we write a(m) ~ b(m) to denote the fact that a(m)/b(m) — 1, as m — oo.

Throughout we deal with many analytical equations involving integer valued quantities. This
formally requires using the floor function and the ceiling function. However, most of the equations
are of interest for us only asymptotically, when the effect of applying floor/ceiling functions can be
neglected. Therefore, to simplify notations, we skip writing these functions.

2.1. The model with asymmetric feedback. In this section we define the BB model with asymmetric
feedback and state the corresponding results. The model is as follows. Infinitely many balls are
sequentially placed in two available bins according to the following rule. If z; is the number of
existing balls in the bin ¢ = 1,2, then the next arriving ball is placed in this bin with probability
proportional to :L'fi, where 31 > 0 and (33 > 0 are given constants. Let X;(¢) be the number of balls
in the bin 4 = 1,2 at time ¢ € Z;. Then the random process X (t) = (X1(t), Xa(t)) € Z2, t € Z,
is a discrete time Markov chain (DTMC) with the transition probabilities

xﬁl
]P)X(Xl(l) =x+ ].,XQ(].) = y) = W’
/P (2.1)
]P)X(Xl(l) = .’E,XQ(].) =Y + 1) = W’
for x = (z,y).
Define events
A; = {all but finitely many balls are placed in the bin i}, i=1,2. (2.2)
Theorem 2.1. 1) If both 31 > 1 and B2 > 1, then Px (A1) + Px (A2) =1 for any x € Zi.
2) If B1 <1 and Ba > 1, then Px (A2) =1 for any x € Z2.
Given 1 < 1 < B3, define
Br—1 i <ﬁ1—1)52‘1
O and Ve = i = 2.3
B2—1 B2 —1 (23)

Theorem 2.2. Let X (t) = (X1(t), X2(t)) be the DTMC with transition probabilities (2.1), where
1 < p1 < Ba. Assume that x = (z,y) € Z%r, where

y=y(x) =vz®+o(z*), as xz— oo,
for some o € (0,1) and v > 0.

1) If either o < e, or @ = ep and v < Vg, then lim,_,o Px (A7) = 1.
2) If either a > aer, 0T 0 = Qp and v > Vep, then limg,_, oo Px (Ag) = 1.

Theorem 2.3 below deals with the critical case a = ay, ¥ = v not covered by Theorem 2.2.

Theorem 2.3. Let X (t) = (X1(t), X2(t)) be the DTMC with transition probabilities (2.1), where
1 < p1 < Ba. Assume that x = (x,y) € Zi is such that y = y(z) = vepx®r + pa® + 0(1’5), as
x — 00, for some p € R and 6 € [0, ar), and let

p=—n (2&_1);- (24)

VCT‘
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1) If § = <=, then
ILm Py (A1) = ®(p) and le Py (A2) =1 — ®(p),

where ® is the cumulative distribution function of the standard normal distribution.
2) If § € [0, %), then limy_o0 Px (A1) = limg_,00 Px (42) = 3.
3) Ifé € (%,acr) and pu # 0, then

(a) limg—oo Px (A1) =0 for p >0,

(b) limg_y00 Px (A1) =1 for p < 0.

Remark 2.4. Note that a curve defined by the equation
Y = Verx™, (2.5)

where ag, and v, are defined in (2.3), plays a special role in our analysis of the model in the case
1 < B1 < By. Namely, this curve divides the quarter plane into two parts, such that the limiting
behavior of the process depends on which of these parts the process starts in. In other words, it
determines a phase transition in the long time behavior of the process. In what follows we call
this curve the critical curve. The critical curve has a natural probabilistic interpretation. Namely,
the DTMC X(t) = (Xi(t), X2(t)) can be embedded into a pair of independent continuous time
pure birth processes, say Zi(t) and Zs(t), with appropriate power law birth rates determined by
parameters 51 and B2 respectively. If both 51 > 1 and 2 > 1, then these birth processes are
explosive. Suppose that the process Z;(t) starts at * € Z and the process Zo(t) starts at y. Then
the ratio of their mean explosion times tends to 1, as * — oo, provided that y ~ vegz%" (see

Section 3 for more details). Note also that, if 1 < 1 < (2, then the critical curve lies strictly below
B1
the curve y = xf2. The latter is obtained by equating (similarly to the case of explosion times) the

probability of the jump up to the probability of the jump to the right in the discrete time process.
Finally, note that in the symmetric case 1 = B2 we have that o, = 1 and 7. = 1. Therefore both
8

Pl
the critical curve and the curve y = x#2 coincide with the bisector y = .

Remark 2.5. If p1 = 2 = > 1, and X1(0) = a and X3(0) = a — \/ﬁﬁ, then, by Part 1)
of Theorem 2.3, the probability of event A; is approximated by ®(p) for sufficiently large a. This
recovers the result of Mitzenmacher et al. (2004), where they obtained the normal approximation
®(p) for the same probability in the symmetric case assuming that the process starts at (z,vy),
where z = a + \/427_2\/5 and y = a — \/427_2\/5. The minor difference in initial conditions is due
to our attempt to somehow accommodate both the symmetric and the asymmetric case in a single
statement (clearly, other variants of the initial condition are possible).

2.2. The model with reflection. In this section we define the BB model with reflection and state the
corresponding results.

Given two monotonically increasing and sufficiently smooth functions ¢, : Ry — R, such that
o(x) < (x) for all z > 0, define the domain

Quu = {(z,y) € Z4 : () <y < v(2)}. (2.6)

Given constants 51 > 0 and 3 > 0 consider a DTMC ((t) = (¢1(t), (2(t)) € Qu,ys t € Z with the
following transition probabilities

$61
Pe(Gi(l) =2+ 1,G(1) =y) = prs
* 2.7
Pe(Gi(1) ==, ¢2(1) =y+1):$ﬁly7+y62 (2.7)

for (= (z,9):0(x+1) <y<y(z)-1
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and
Pe(Gi(1) =2,G(1) =y +1) =1 (2.8)
for ¢ =(z,y):p(x) <y<olx+1), .
Pe(Gi(1) =2 +1,((1)=y) =1 (2.9)

for ¢ =(z,y):¢(x) -1 <y <)
Definition 2.6.

e We call the Markov chain ((¢) with transition probabilities given in equations (2.7)-(2.9)
the BB model with reflection in the domain Q. Curves y = ¢(x) and y = 9 (x) are called
the lower boundary and the upper boundary respectively.

e The one-step transitions of the DTMC ((¢) described by equations (2.7) are called jumps
(jumps to the right and jumps up), and the one-step transitions described by equations (2.8)—
(2.9) are called reflections (by the lower and by the upper boundary respectively).

e We say that the process is reflected by the lower (upper) boundary, when the transition
described by (2.8) (by (2.9)) occurs.

Remark 2.7. Note that, by construction, in the interior of the domain @, the DTMC ((t) evolves
in the same way as the DTMC X (¢) with transition probabilities (2.1). Equations (2.8)—(2.9)
describe a reflection mechanism preventing the process from leaving the domain.

Remark 2.8. It should be also noted that our results for the DTMC ((t) concern only the case,
when the boundaries are given by power law functions, that is ¢(x) = z® and ¢(x) = z7 for some
0 < a < . However, it is convenient to have the model domain defined in the general case. First,
it is convenient for future references (e.g. Section 6). Also, conditions in both (2.8) and (2.9) look
more transparent (at least, as it seems to us) in the general case.

Theorems 2.9 and 2.10 below are the main results concerning the long time behavior of the
DTMC ((t) with transition probabilities (2.7)-(2.9) (i.e. the BB model with reflection). To state
these theorems we need some definitions.

Define events

Aae ={limsup(Ga(t) = 67 (1)) = K} N {liminf(Go(t) = G7 (1)) = 0}

(2.10)
for a€(0,1) and ke€Zy4.
A ={limsup(Ga(t) = () = k} 0 {iminf(G1 (1) - (1) = 0} -
for y>1 and keZ,. .
By, ={limsup(Gi (£) — Go()) = K} N{G1 () — Galt) = 0 i.0.} N {C () — Gat) = 0.}
for keZy,
B, = {limsup(c] (1) = Ga(8)) = 1} 1 {liminf (¢/(8) = o() =0} for 7€(0.1).  (213)

Theorem 2.9. Let 51 = f2 = 3 > 1, and let ((t) = ((1(t), (2(t)) be the BB model with reflection
in the domain Qg ., where p(x) = x* and Y(x) = x7 for some a,y: 0 < a < 1 < y. Then for any
€(0) = ¢ € Qqu,y the following holds

PC (Aa,kl) + IP)C (/T%]Q) =1, (2.14)

where events Ay i, and E%;@ are defined in (2.10) and (2.11) respectively, k1 = ki(a, 8) and ke =
ka(7y, B) are unique integer solutions of the following inequalities
«@ «

G- M= 9
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and
1 1
G-De-1n "= Eo e - (219

Theorem 2.10. Let 1 < 1 < P2, and let ((t) = (Ci(t),2(t)) be the BB model with reflection in
the domain Q., where p(x) =z and Y(x) = 7 for some o,y : 0 < a < aer < 7y, where

o — pr—1
T -1
Then, for any ((0) = € Qyy the following hold
Pe(Aagy) +Pe(By) =1, if ae <7y <1, (2.17)
]P)C (Aa,k?l) +PC (Ek'Q) =1, if v=1, (218)
Pe (Aa) + P (Aypa) =1, if 7> 1, (2.19)

where events Aq g%kj Ey and B, are defined in (2.10)-(2.13), k1 = ki(o, 1, P2) and ko =
ka(y, 81, B2) are unique integer solutions of the following inequalities
o

(B — 1)(acr ~ o) <k <1+ (B2 — (e — @) (2.20)
1 1
(B2 = )7y — acr) <k sl+ Bz — (7 — awr) (2.21)

Remark 2.11. All events in (2.10)-(2.13) can be interpreted geometrically. For example, the event
A, 1, means that given any arbitrary small € > 0 the process eventually confines to the strip {((1, (2) :
< G < ¢ + k + ¢}, where it fluctuates by approaching both the lower boundary y = 2z and
the curve y = 2% + k at any arbitrarily small distance. Similarly, the event Fj in (2.12) (i.e. in
the case when the upper boundary is the bisector) means that the process eventually confines to
the strip between the bisector y = x and the straight line y = x — k, and visits both of these lines
infinitely often. In particular, the event F; simply means, that the process eventually follows a
"zigzag" trajectory located between the bisector and the line y = 2 — 1 (see Remark 5.17).

Remark 2.12. Note that the inequality (2.21) for determining ko in (2.18) can be simplified. Indeed,
if v =1, then
1 B 1 1
(62 - 1)( - acr) (52 - 1)( - acr) B2 — 51’
and we get the inequality BBy B <k <14 ﬂ for determining ks. For example, if B2 — 81 > 1,
then ko = 1; if B9 — 51 = 1, then ko = 2, andsoon

3. Pure birth processes with power law rates

For the reader’s convenience we provide in this section some facts about pure birth processes with
continuous time. The material of the section will be used to obtain Theorems 2.1, 2.2 and 2.3.

We say that a random variable £ has exponential distribution with parameter A > 0 and write
&€~ Exp(\), if P(€ > x) = e for £ > 0. Let Z(t) = (Z(t), t € Ry) be a continuous time pure
birth process on Z, with birth rates {\; > 0,4 > 0}, that is, Z(¢) is a continuous time Markov
chain (CTMC) on Z4 evolving as follows. The process stays at state i for a period of time given
by a random variable & ~ Exp();) and then jumps to state ¢ + 1 with probability one. Random

[e.e]

variables (&;, @ > 0) are assumed to be independent. The random variable T}, = Zfi is called the

time to explosion of the birth process started at Z(0) = k. It is known (e.g. Feller (1971)) that
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oo

P(Tp < o0) =1 if and only if 3 _A;' < co. When P(T) < 00) = 1 (and, hence, P(T}, < o0) = 1 for
=0

k € Z,) we say that the process is explosive with probability 1. For the explosion time T} we have

that
D= E(&) = Z)\ ' and Var(Ty) = ZVar (&) =D N7 (3.1)
i=k =k

i=k

Consider a pure birth process birth rates A\, = k°, k > 1, Where B > 1. Given the above, such a
birth process is explosive with probability 1, and the mean and the variance of the explosion time
Ty in this case are as follows

=B+l ) L—26+1
my = E(T)) ~ 1 and sj := Var(T}) ~ 51 (3.2)
Therefore,
2
1
%:%_)0’ as k — oo, (3.3)
my, k
and, by Chebyshev’s inequality,
o(1
P(|Ty — E(Ty)| > 0 - E(Ty)) < (5512 forall §>0. (3.4)
k2—1
Rewriting T, = > & +mng, where n, = Z &;, gives the scheme of series (fk n1=1,. kz2>, k> 2,
i=k i=k?2

where sz,i =¢ fori=k,...k* —1 and £k’k2 = 1, that satisfies the Lyapunov’s conditions of the

T, —m
Central Limit Theorem. Therefore, the random variable Tk Tk converges in distribution to the
Sk
standard normal distribution, as £ — oco. Moreover, since

E(E) =61 and E(&-EOF) <5 for &~ Eap(h),

we obtain the following for the pure birth process with polynomial rates

e 5 L~ 38+1
rei= Y E (& —E(&) <7Z b <0y T (3.5)
i=k

o(1

Combining this with (3.2) gives T—’; < (1)
57 Vk

Theorem 2 in Feller (1971), Section 5, Chapter XVI), we have that

P <T’“;km’“ < t) - @(t)‘ < O\(ﬁlﬁ), (3.6)

where ® is the cumulative distribution function of the standard normal distribution.

, as k — o0o. Therefore, by Berry-Esseen theorem (e.g.

sup
teR

Remark 3.1. For comparison, consider a pure birth process with exponential transition rates A =
eP* where B > 0. Then, a direct computation gives that s = Var(T},) ~ Coe™ 28k and 1, < Cze 30k,

Therefore, Z—’g ~ (', and, hence, the normal approximation does not apply in this case.
k

4. Proofs of Theorems 2.1, 2.2 and 2.3

Proofs of Theorems 2.1, 2.2 and 2.3 are based on the well known embedding argument known
as Rubin’s construction (Davis (1990)). The idea of this construction applied to our model is as
follows. The DTMC X (t) = (Xi(t), X2(t)) with transition probabilities (2.1) can be regarded as
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the embedded Markov chain for a pair of independent continuous time pure birth processes Z(t)
and Zy(t) with the power law birth rates k%, k € Z,, and k%2, k € Z, , respectively. Then events

A; = {all but finitely many balls are placed in the bin i}, i=1,2,

(initially defined in (2.2)) can be interpreted in terms of explosion times of these pure birth pro-
cesses, which allows to estimate their probabilities by using the asymptotic results for the explosion
times (provided in Section 3). For example, Theorem 2.1 immediately follows from the embedding
argument, and we include its proof just for the sake of completeness. The two other theorems
require some additional computations, and we provide necessary details.

Throughout this section we denote by 7. ;, ¢ = 1,2 the explosion time of a pure birth process
Z;(t) (with the power law birth rates k%, k € Z.), started at z € Z..

4.1. Proof of Theorem 2.1. Observe that Py (A1) = P (1,1 < Ty2) and Py (A2) = P (11 > Ty 2)
for x =€ Z%. If both 81 > 1 and S > 1, then P (T}1 < 00) =P (T2 < o0) = 1. Random variables
T,1 and T}, 7 are independent and have absolutely continuous distributions. Therefore,

P(Txl < Ty2)+P(Tx1 > Tyg) =1,

and, hence, Px (A1) + Px (A2) = 1, as claimed in Part 1) of Theorem 2.1. If §; <1 and 83 > 1, then
P (T =00)=P(Ty2 <o0) =1, and, hence, Px (A2) =1, as clalmed in Part 2) of Theorem 2.1.

4.2. Proof of Theorem 2.2. The proof of Theorem 2.2 is based on the fact that the explosion times
can be approximated by their expectations, as it follows from (3.4). We provide main details of the
proof only for Part 1) of the theorem, as Part 2) can be proved similarly.

Recall that the process starts at (x,y(x)), where y(x) = va®r 4+ o(z%r) and, in addition,

1
) 1
Bo—1 51—1>ﬁ2_1
V< Vep = Qe = . 4.1
(52 —1 (4.1)
By (3.2), we have that
E(T. i 42
( z,l) ~ Bl 1 ( : )
and s
l/:(}a” + 1) mac'r) —P2 acr( 182) xﬁl*l
E(Ty(),2) ~ ( <_ LGN T = T AT (4.3)
B2 —1 (B2 — 1P~ (B2 — 1)vh2

Combining (4.2) and (4.3) with (4.1) gives that

E(Ty, Ve \ P21
Ié (;(x’)j) ~ ()T s (4.4)
Therefore, (14 0)E(T%1) < (1 —6)E(T}(4)2) for some 6 > 0 and sufficiently large x, and, hence, the
event
{To) < (1+0)E zl}ﬂ{T (1= 0)E(Ty(m) 2}
implies the event {7y 1 < Ty()2}- By (3.4),
P(Tey < (1+0)E(Tp1)) > 1 —P(|Tp1 —E(Ty1)| > 0E(T,1)) >1—Cx' — 1,

as ¥ — 0o. Similarly, P ((1 = O)E(Tym),2) < Ty(a:),2) — 1, as x — oo. Then, by independence of
explosion times,

P (TZ’J < Ty(a:),2) > [IP (Tx71 < (1 -+ 5)E(TZ,1))][P (Ty(a:),2 > (1 — 5)E(Ty(x)’2))] — 1,

as x — 00, and, hence, lim¢ o P(; y(2)) (A1) = 1, as claimed.
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If y(x) = va® + o(x®) for a < agr, then, a(1 — f2) — (1 — 51) > 0. Using equation (3.2) we get
(similarly to how we got equation (4.1)) that
E(Ty(x),2)
E(T;1)
as x — 00. Therefore, (1+6)E(T; 1) < (1 —)E(T}(4)2) for some ¢ > 0 and sufficiently large =, and

the claim of the theorem in this case follows again from independence of the explosion times and
bound (3.4).

~ O(1)z(1=A2)=(1=B1) _y o0,

4.3. Proof of Theorem 2.53. Recall that T’ ; is the explosion time of the continuous time pure birth
process Z;(t) started at z; € Z and define V, ,, =T, 1 — Ty for z,y € Z.

Proposition 4.1. If X(0) = (x,y(z)), where y(z) = vea®r + px® + o(x°) for § € [0, aer), then
EVoyw) 5 0
Var(‘/;ﬁ,y(m))

1
252—1)5

Ver

where p = —p (

Proof: Using equation (3.2) we obtain that

1-61 aer s 5\y 182
E(Vyyw) = E(To1) — E(Tya)2) ~ ;1 o (ver +Z:—+1 o(x%))
1B V01T—52xacr(1ﬂ32) . ppd—Cer 1-p2
Th-1 B2 —1 (+ Ver >
e L ML= Bzt
Th-1 B2 —1 (+ Ver >
! B vi P2 gaer(1-52) LB oot
T B-1 Br—1 B
Noting that
PP P gea(p) .
pr1—1 B2 —1
we get the following approximation
E(Vy (o) = 520, (4.5)

Further, by equation (3.2) we have that

_251"1‘1 ( acr)7262+1 72ﬁ2+1
x Ver B 5o,
2517_1 and Var(Ty(x)g) ~ < i o > .

Var(Txyl)) ~

Observe that
_Bi—1 mpr—1
ey = <
fa—1  mpBy—1
Therefore, Var(V,, y)) = Var(Ty1) + Var(Ty)2) ~ Var(Ty ) 2), and

— (—mp1+1)—ag(-mpP2+1) <0 for m>1.

Vc%r_ﬁ2xacr(%f/82)
VVar(Ve ) ~ Var(Ty ) ) ~ T (4.6)

Combining equations (4.5) and (4.6) gives the proposition. O
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Further, observe that lim,_ . P (A(l) ) = limg oo P(nyy(x) < 0) and

z,y(z)
Y7 E(VCE T ) e a— Ser.
P(Vx’y(m) < O) =P V%y(x) < ——’y( ) ~ P (Vz,y(z) < px 2 ) , (4.7)
Var(Vy ()

Var(Vm,y(m))
yields the normal approximation for the random variable V,, (). In particular, we have (similarly

to (3.6)), that

where ‘N/m’y(x) = . The normal approximation for explosion times discussed above

IP(Voyea) < 2) — ®(2)] <Oz~ " for z€R (4.8)
Summarizing the above, we obtain the results listed below.

i) If @ = 2, then lim, o P (AS;(@) =®(p).

2
ii) If 6 < 2= then limy, o0 P (AS;(J,D — Timy o, @ (px —% ) —3(0) = L.
i) If %= <6 < ae
(a) and v < 0, then px‘sf% — 00, as © — 00, and, hence,
) = lim ® (px(s_agr) =1

T—00

lim P (A(l)

€T—>00 .Z’,y(x)

(b) and v > 0, then pa:‘;*a% — —00, as £ — 00, and, hence,

lim P (AS;(I)) = ﬂtli_)lgo@ (pxé_ a?) =0.

T—00

Theorem 2.3 now follows from items i)-iii).

5. Proofs of results for the model with reflection

In this section we prove a series of lemmas that describe the long term behavior of the DTMC
¢(t) in the case, when the process starts near either the lower, or the upper boundary. The case of
the lower boundary is treated in detail in Section 5.1. The case of the upper boundary is considered
in Section 5.2. The main results for the model with reflection, i.e. Theorems 2.9 and 2.10, will
follow from the series of lemmas and explosiveness of the BB model with asymmetric feedback, see
Section 5.3 for details.

5.1. The case of the lower boundary. Start with some definitions and auxiliary facts.

Definition 5.1. Given (81,82 : 1 < 81 < 5 define

-1
ap = 6171 for k>1 and op=0. (5.1)
Pa—1+¢
Note that
ap < agrp and  lim o = e, (5.2)
k—o00

where a, is defined in (2.3).

Definition 5.2. Let the lower boundary be given by the curve y = z¢, for some 0 < a < Qgr.
Given r > 0 define the set (stripe along the lower boundary)

Uayr = {(,y) € Z% : 2% <y <a® 41}, (5.3)
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If 0 < a < agr, then afy — 51 < 0, which implies the following approximation

x2B2
P(G(l) =2, Q) =y +1) ~ 5

Proposition 5.3 below concerns a pair of simple geometric facts, that basically follow from sublin-
earity of the lower boundary y = x® and the reflection rule defined in (2.8). However, these facts
are repeatedly used in subsequent proofs, therefore it is convenient to arrange them in a separate
statement.

~ a2 for ¢ = (z,y) iy ~ 2. (5.4)

Proposition 5.3. Consider a trajectory of the DTMC ((t) that is reflected by the lower boundary
infinitely many times.
1) Then, for such a trajectory the following holds

lim inf(Ga(t) — ¢ (1)) = 0.

In other words, such a trajectory approaches the lower boundary at any arbitrarily small
distance.

2) If, in addition, there are at most m > 0 jumps up between consecutive reflections, then such
a trajectory eventually confines to the strip Uy m+14< for any given € > 0.

Proof of Proposition 5.5: Let ((1,(2) be a state, at which the DTMC ((¢) is reflected by the lower
boundary y = xz?, i.e. the state satisfies (2.8) with ¢(z) = 2. Then,
G- <dG) =G+ ~a(@)* =0, as (— oo (5.5)

Let 7, be the time, when the n-th reflection takes place. It is obvious that 7,, — oo, and, hence,
C1(mn) — 00, as n — oo. Therefore, by (5.5)

Ca(m) — ¢f(mn) = 0(C1(m0)) = 0, as n — oo, (5.6)

which implies Part 1) of the proposition.
If, in addition, there are at most m > 0 jumps up between consecutive reflections, then, by (5.5),
the process does not exit the strip Uy mi146(¢i(r,)) after n-th reflection. Combining this fact

with (5.6) gives Part 2) of the proposition. O
Lemmas 5.4 and 5.5 below describe in detail the long term behavior of the DTMC ((¢) in the
case, when the parameter « (determining the lower boundary y = ) is smaller than a3 = B 1551,

and the process starts near the lower boundary.

Lemma 5.4. Let a € (0,a1), and let ¢ = (z,y) € Uy ¢ for some C > 0. Then
Pe({the DTMC ((t) jumps to the right, whenever possible}) — 1, as x — oo.

Proof of Lemma 5./: Denote for short
A = {the DTMC ((t) jumps to the right, whenever possible}.

Observe that, given an initial state ¢, the event A consists of a single trajectory, such that the
component (a(t) increases only at those moments in time, when the process is reflected by the lower
boundary. Since the function y = x® is monotonically increasing to infinity, the trajectory does not
leave the strip U, ¢ before the first reflection, and then, by Proposition 5.3, it confines to the strip
Ua72. By (51)

o0
Pe(A) ~ H (1 - kaf}?_ﬂl) ~ e Lk=s kaﬁrﬁl, as = — oo, for (= (z,y) € Uypo.

Since a < a1 = B/lé,;l <= afls — f1 < —1, we get that > 22 kP2=Br 5 0, as @ — oo. Therefore,
P:(A) — 1, as @ — oo, and the lemma is proved. O
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Lemma 5.5. Let a € (0,a1), and let ( = (z,y) € Uy ¢ for some C > 0. Then
Pe(Aan) =1, as x— oo,

where

Aag = {111281113((2@) = (1) = 13 N {liminf (G (1) — ¢7'(2)) = 0}
is a special case of the event defined in (2.10).

Proof of Lemma 5.5: First recall (see Remark 2.11) that the event A, ; means the following. Given
any arbitrary small € > 0 the process eventually confines to the strip Uy 14e = {(¢1,¢2) 1 (f < (2 <
¢ 4+ 1 + €}, where it fluctuates by approaching both the lower boundary y = z® and the curve
y = x% + 1 at any arbitrarily small distance. To show this consider the same trajectory as in the
proof of Lemma 5.4, i.e. where the component (5(t) increases only due to reflections at the lower
boundary. It is easy to see that this trajectory is reflected by the lower boundary infinitely many
times. Consequently, by Part 1) of Proposition 5.3, we have that lim inf; . (¢2(t) —(§*(¢)) = 0. The
component (»(t) increases by 1 at the moment of reflection, therefore, by Part 2) of Proposition 5.3,
the trajectory eventually confines to the strip Uy, 14 for any given € > 0, so that lim sup,_, .. (¢2(t) —
¢{'(t)) = 1. Lemma 5.5 follows now from Lemma 5.4. O

To proceed further, recall the second item in Definition 2.6 that distinguishes between jumps and

reflections of the DTMC ((¢).

Lemma 5.6. Given a € (0,a¢), let ¢ = (z,y) € Uac, and let N = N(x) = Coxl™® for some
Cy > 0 and Cy > 0. Let &y be the number of jumps up of the DTMC ((t) on the interval [0, N].
Suppose that x is sufficiently large. Then for any fired m > 1 the following bounds hold

CsAy < Pe(én = m) < CyAY, (5.7)
where
A 1= g2 Prtlza (5.8)
and constants Cs > 0 and C4 > 0 do not depend on x.

Proof of Lemma 5.6: Start with noting that the condition @ < «, is equivalent to the condition
afs — B1 + 1 — a < 0, which, in particular, implies that A, — 0, as x — oo. Also, in this case we
have that a5y — 51 < 0. Therefore, by equation (5.4),

P(G(1) = 2, (1) =y + 1) ~ 2”201, (5.9)

Next, assuming that the process does not jump up more than a fixed number of times (not depending
on z) on the interval [0, N], we can approximate the probability of the jump up at any time ¢ € [0, N]
by the probability of the jump up at time 0, that is, 252751 (see (5.9)) for sufficiently large z. This
allows to approximate the distribution of the random variable 5 by the binomial distribution with
the mean A, which, in turn, can be approximated by the Poisson distribution with the same mean.
More precisely, noting first that

(1 =2 7)Y < el = 0) < (1= (0+ N)™ )Y,

and
(1— xaﬁrﬁ)N ~(1—(z+ N)aﬁzf&)N ~ 67&67
we obtain that
Py =0) ~e ™, as z — 0.
Combining this with equation (5.9) gives that
Peley — i) ~ e
cEn=1)~e R as T — 0o,

for any fixed 4, which, in turn, implies the bound (5.7), as claimed. O
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Definition 5.7. Let a € (0, o) be the parameter determining the lower boundary y = z®. Given
r>0and (= (z,y): 2% <y < 27, define nw as an integer such that

(ner) <z < ((ng + 1)r)a (5.10)
and define the sequence of hitting times
trn =min(t : (1 (trn) > (m“)é) for n > ng.

Remark 5.8. Note that due to reflection both (;(¢) — oo, and (2(t) — oo, as t — co. Therefore,
trn < 00 and t., < t.,41 for all n. In addition, note that
((n+ 1)7“)é — (nr)é ~L (m’)lTTa , as m— oo. (5.11)
o
Definition 5.9. Let (¢, n > n,) be the sequence of hitting times defined in Definition 5.7 for

some ¢ = (z,y). Define S, ,, as the random variable that is equal to the number of jumps up of the
DTMC (¢(t) on the interval [t; ,tynt1).

Lemma 5.10. Let o € [oy—1, ) for some k > 2, and let ( = (z,y) € Uq,c for some C > 0. Let
(Srm, n > ng) be the sequence of random variables defined in Definition 5.9. Then,

Pe (Syn <k for alln >mng) =1, as x — oo, (5.12)

and
Pe (Syn =k — 1 for infinitely many n) = 1. (5.13)

Proof of Lemma 5.10: Start with showing (5.12) in the case, when r is sufficiently large. Recall that
ng is a positive integer, such that (5.10) holds. It is easy to see that the lower boundary y = x®

increases by r on the interval [(7"71)é , (r(n+ 1))5) Therefore, if r is sufficiently large, and S,.,, < k
for all n > n,, then

{Syn <k for all n} C{((t) € Uyk—14+c for all t >0}, (5.14)

i.e. the process cannot escape the strip U, or—14c. Indeed, it is easy to see that the difference
Ca(t) — ¢(t) cannot be more than 2k — 1 + C. On the other hand, the difference (a(t) — (*(¢) can
be equal to 2k — 1 + C. Indeed, this can happen, when the process is reflected near the end of the
interval [ty ,,t; n41), immediately jumps up k£ — 1 times, and, jumps up again k — 1 times at the
beginning of the next interval.

Further, by Definition 5.7,

Cltrn) — (rn)= <1 forall n > ny. (5.15)
Without loss of generality, we can also assume that the initial position ¢ = (z,y) is such that
x— (7"'%)é <1 (5.16)
Then, it follows from (5.14)-(5.16) and Lemma 5.6 that
Pe(Srn > k[Spn, <k, ooy St < k) < C3AE, (5.17)
and, hence,
Pe(NP, {Sr; < k}) > H (1—C5AF), (5.18)
where

a(Ba—1)—(B1—1)
A= (i) E T for >0, (5.19)

Note that the assumption « € [ag_1, ) can be rewritten as follows

afe-1)-(A-1), , af2-1)-(A-1)

« «

(k—1). (5.20)
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00
n=ng

The left inequality in the preceding display implies that > /\fl — 0, as ny — oo. Combining

this with (5.18) gives that

o0 —0() ¥ Ak
Pe (Sp <k foralln) > [ (1 - chfL) >e vt 51, as oo (5.21)

n=ng

Next, consider the case of an arbitrary r. It is easy to see that in this case time intervals
[trm,trn+1) (r-intervals) can be covered by similar intervals with a sufficiently large ' > r (/-
intervals) in such a manner that each r-interval is covered by an r’-interval. Clearly, if it occurs
that S, , > k for infinitely many n, then there are infinitely many r’-intervals, such that S, ,, > k.
The probability of the latter tends to zero, as we have proved in the case of large r, and, hence, (5.12)
holds for an arbitrary 7.

Next, let us show (5.13). To this end observe that

Pe(Srn >k — 1| Fno1) > CoXETL, (5.22)

where F,,_1 is the o-field generated by ((t), t < t,,. Indeed, it suffices to consider the case when
the process starts near the lower boundary (i.e. ( € Uy for some C > 0). By Lemma 5.6
and (5.20), we have that > o0  A¥=! = oo, and (5.13) follows from the conditional variant of the
second Borel-Cantelli lemma (e.g. see Theorem 5.3.2 in Durrett (2019)). O

Lemma 5.11. Let o € [ag—1, o) for some k > 2, and let { = (x,y) € Uy,c for some C > 0. Then
Pe (Aq ) = 1, as x — oo, where Aq i, is the event defined in (2.10).

Proof of Lemma 5.11: We use notations of Lemma 5.10.

First, given a sufficiently large » > 0 consider a trajectory of the process, such that S, , < k for
all n. Comparing the growth of the trajectory with that of the lower boundary (similarly to the
proof of Lemma 5.10) gives that such a trajectory is reflected by the lower boundary at least once
on each time interval [t, ,trn+1). Consequently, the trajectory is reflected infinitely many times.
Combining this with Part 1) of Proposition 5.3 and Lemma 5.10 gives that

lim P (litrg(i}olf(@(t) ) = 0) =1 for ¢=(2,y) € Unc. (5.23)

T—00

Further, given n > 1 let 7,, be the time moment, when the process is reflected for the n-th time, and
let 79 = 0. Let S,, be the number of jumps up on the interval [, 7,+1) for n > 0. It is easy to see
that, if S,, < k for all n, then differences 7,41 — 7, are uniformly bounded, provided that S,, < k for
all n. Therefore, any of these intervals is covered by some deterministic interval [t,,,t, n41) for a
sufficiently large r. Consequently, with a little of extra work, it follows from Part 1) of Lemma 5.10
that

lim Pe(S, < kforalln) =1, for (= (x,9)€ Usc.

T—00

Combining this result with Part 2) of Proposition 5.3, gives that, with P-probability tending to 1,
as  — 00,

a) the DTMC ((t) eventually confines to the strip Ug j4. for any given € > 0.

On the other hand,
b) for any given ¢ > 0 the DTMC ((¢) almost surely exits the strip Uy, —. infinitely many
times.

Indeed, choose r > 0 in Part 2) of Lemma 5.10 in such a way that the lower boundary y = 2% grows

between points (m“)é and ((n + 1)7“)5 by not more than an arbitrarily small &’ > 0. By Part 2) of
Lemma 5.10, almost surely there are infinitely many intervals ¢, ,, t, ,+1), where the process jumps
up exactly k — 1 times. This gives b).
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Items a) and b) imply that

le P, <lim sup(Ca(t) — CT'(t)) = k:) =1 for (= (z,y) €Usc. (5.24)
T—00 t—o0
The lemma now follows from (5.23) and (5.24). O

5.2. The case of the upper boundary. In this section we study the long term behavior of the DTMC
¢(t) in the case, when the process starts near the upper boundary. Recall that 1 < 81 < (2, and the
upper boundary is given by the curve y = =7, where v > a¢ = g;j We distinguish three cases,
namely, v > 1 (superlinear upper boundary), v = 1 (the case of the bisector) and . < v < 1
(sublinear upper boundary). Note that the last two cases are possible only in the asymmetric case
1 < B1 < B2. The case of the super-linear upper boundary and the case of the bisector are considered

in Section 5.2.1, and the case of the sublinear upper boundary is considered in Section 5.2.2.

5.2.1. Upper boundary: the bisector and above. In this section we study the most probable long
term behavior of the DTMC ((¢) in the case when it starts near the upper boundary given by
y = z7, where v > 1. In this case the corresponding results are similar to the results obtained
in Section 5.1 in the case of the lower boundary. Therefore, we only state the results and relate
them to their analogues in Section 5.1. However, in the case of a bisector (which is possible only in
the asymmetric case 1 < 51 < [32), the corresponding results can be refined (see Remark 5.17 and
Lemma 5.24 below).
We start with some definitions.

Definition 5.12. Given 51,82 : 1 < 81 < (8 define

B b —1+ % B 1

L e A oA § 72

Remark 5.13. Note that quantities (7, k > 1) are similar to quantities (ax, k > 1) (defined in (5.1)).
Note that yx11 < v for any k > 1. If 51 = (9, then v, = a,;l for any k > 1.

for keZ,. (5.25)

Definition 5.14. Let the upper boundary given by the curve y = 27, where v > 1. Given r > 0
define the set (stripe along the upper boundary)

Upr ={(@,y) €2} ta >, (x—r) <y<a} 520
1 1 .
={(v,y)€Z3 :x>ry <z <yr +r}

Remark 5.15. Note that the stripes l?%r are analogous of stripes U, along the lower boundary
defined in Definition 5.2.

Observe, that in the case, when % — P2 < 0, we have the following approximation for the

probability of the jump to the right (see (2.7))

B1
B
Pe(Gi(l) =2 +1, (1) =y) ~ o~y 7 2 aP ™% for (= (a,y):y~a). (5.27)

Lemma 5.16. Recall that 1 < 81 < By and suppose one of the following two conditions is fulfilled
a) fo—p1 <1 (ie. y1 = /3511 >1 ) and v > max(1,71);
b) fo— 1 >1 (ie. 1 = Bfil <1l)and~vy>1
and ¢ = (x,y) € (7%0 for some C > 0. Then,
1) limy_yo0 Pe(the DTMC ((t) jumps up, whenever possible) =1,
2) limy o0 IP’C(K,M) = 1, where the event 11%1 is defined in (2.11).
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Proof: Part 1) of Lemma 5.16 is an analogue of Lemma 5.4. By (5.27), the probability that the

B1
process jumps up whenever possible can be estimated by e~ k= kTiBQ. Both a) and b) yield, that
% — P < —1. Therefore, the expression in the exponent above is a tail of a convergent series, so
that it tends to 0, and, hence, the exponent tends to 1, as y — oc.
Part 2) of Lemma 5.16 is the analogue of Lemma 5.5 and can be proven similarly. g

Remark 5.17. Note a special case of Lemma 5.16, when 83 — 31 > 1 and v = 1 (i.e. the upper
boundary is given by the bisector). In this case, the process started at a state (z,x) follows the
"zigzag" trajectory

(=(@,z)=>(x+1lLz)>(z+Lz+1) = (z+2,24+1) > (z+2,2+2) — ...
with [P¢ probability tending to 1, as z — oo.
Definition 5.18. Let v > 1 be the parameter determining the lower boundary y = 7. Given r > 0
and ¢ = (z,y) (belonging to the state space of the process) define n, as an integer such that
(nyr)? <y < ((ny +1)r)? (5.28)
and
trn =min(t: G(ty,) > (nr)?) for n > n,.
Definition 5.19. Let (%, n > n,) be the sequence of time moments defined in Definition 5.18 for

some ¢ = (x,y). Define S, , as the random variable that is equal to the number of jumps to the
right of the DTMC ((t) on the interval [t 5, trpn+1).

Remark 5.20. Note that if 8o — 81 < 1, then v, > 1 only for k = 1,..., kjpaz, Where kjqq is the
maximal integer, such that k& < ﬁ

Lemma 5.21. Let B2 — 1 < 1 and max(1,v;) < v < vk—1 for some integer k > 2, and let
¢ = (z,y) € Uy for some C > 0. Then, for any given r > 0,

yli_g)lo P, <Sr7n < k for all n) =1 (5.29)

and
P, (§r,n =k — 1 for infinitely many n) =1. (5.30)

=

Lemma 5.21 is an analogue of Lemma 5.10 and can be proven in a similar way (by using an

analogue of Lemma 5.6).

Remark 5.22. Note that in the special case ¥ = 1 in Lemma 5.21 we have that ((n+1)r)Y — (nr)? =
(n+1)r —nr = r, which implies that the intervals [t, ,,, t, n41) are uniformly bounded by a constant.
In turn, this implies that

]PJC (§T,n Z k“g’r,ny < k7 “'7377',7171 < ]{,’) ~ O(l)n(ﬁl_BQ)k

for any possible integer k > 0. Therefore, if % < Ba—p1 < ﬁ (ie. k—1< ﬁ < k), then
S, BBk < o0 and 3, nA1=B2)(=1) — o0 which implies (5.29) and (5.30) respectively.

Lemma 5.23. Let o — 31 < 1 and max(1,v;) < v < Yg—1 for some k > 2 and let ( = (z,y) € Uy ¢
for some C > 0. Then limy_,oo Pc(A, i) = 1, where the event A}, is defined in (2.11).

Lemma 5.23 is an analogue of Lemma 5.11 and can be proven similarly.
Lemma 5.24 below is a refinement (implied by Remark 5.22) of Lemma 5.23 in the case, when
the upper boundary is the bisector.
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Lemma 5.24. Let v = 1 and let ( = (x,z) for some © € Z. [f% < B — P < ﬁ (i.e.
kE—1< 21— <k) for some integer k > 2, then

B2—p1
lim P((Dl N Dy N D3) =1,

T—00

where events D;, 1 = 1,2,3 are defined below
Dy = {Gi(t) — Ca(t) <k for allt > 0},
Dy = {(1(t) — Ca(t) = k for infinitely many t},
D3 = {(1(t) = Ca(t) for infinitely many t}.

5.2.2. Upper boundary: below the bisector and above the critical curve. Define
Wyc={C=(zy)€Z%:27 —C<y<a’} for C>0.

Lemma 5.25. Let 1 < 1 < 2 and v € (aer, 1), and let ( = (x,y) € W, ¢ for some C > 0. Then,
limy o0 Pe(By) = 1, where the event By is defined in (2.13).

Proof of Lemma 5.25: Without loss of generality, assume that the initial state ( = (x,y) € W51, in
which case y = 27 — 1 4+ ¢g¢ for some 0 < g9 < 1. Given 0 < € < 1, define the sequence of stopping
times

to =min(t : ¢ (t) > 27 + &o),
tp =min(t: ({(t) > 27 +e+n) for n > 1,
t, = min(¢] (t) > 27 + 2e +n) for n > 1.

n

Note that 0 < tg < t) <t; <.. <t <t, <t <tpy1 < .. It follows from equation (2.9) and
the choice of the initial condition, that the DTMC ((¢) is reflected by the upper boundary all the
time in the interval ¢ € [0,%). Also, the process can jump up only once in the interval [to,t}). We
show that, with P probability tending to 1, as x — oo, the process behaves in the same manner
during the subsequent time intervals. Namely, it jumps up on each time interval [t,, t], +1), and, as
a result, it is reflected by the upper boundary all the time on each time interval ¢ € [t],, ¢,). Clearly,
such a behavior implies that the process stays inside the strip W, 1. for all ¢ > ¢}. It is convenient
to introduce random variables S, n > 0, where S,, is the number of jumps up of the DTMC ((¢)
in the interval [t,,t, ;). In terms of these random variables it suffices to show that

Clim Pe(Sp, =1 for all n >0) =1, (5.31)
— 00

to guarantee the described above behavior of the process.
To proceed, observe first that, under our assumptions on the initial condition, if Sg =1, ..., 5,1 =
1, then

Ny i=th ) =t ~ O(1) (27 )/ (5.32)
Cim o= Citn) ~ tn + 2 ~ O(1) (&7 +n)/7 (5.33)

as r,n — oo.
Next, consider two cases.
Case 1): v € (aer, %) In this case y82 — 51 < 0, so that

Pe(Gi() =x+1, (1) =y) ~1— 27527 for ¢ = (z,y) 1y ~a), as T — 0.
The above gives that
Ny, ]
]P)C(Sn = O|SO = 1’ e Snfl = 1) ~ (1 _ Cif’ff_Bl) ~ 674179 1Nn’ (534)

for n > 0.
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By (5.32), (5.33)and (5.34),

Pe(Sn =119 =1,y Spg = 1) ~ 1 — g @ He4m)" (5.35)
where a = 2¢/y and b = % > 0, and, hence,
a b
lim P¢ (S, =1 for all n>0) = lim (1 — e~a(@7+edn) ) =1,
(—o0 T—00 0

as required.
Case 2): v € [g—;, 1).. In this case 51 — yf2 < 0 and, hence, if { = (z,y) : y ~ 27, then

B1—vB2 if 2L 1
T . i A<y <,
Pe(Gi(1) =z +1, ¢2(1) = y) ~ {1 &

2 if Y= %7
as ( — oo. Therefore,
Pr1=B2 e(81—7B3) 1—
Pe(Sn = 0[S0 =1y Spr = 1) ~ ¢ 0 = 7 ety ﬁ; <y<1, (5.36)
and .
1 C1,'n . /81
Pc(sn = O‘SO = 1, --~7Sn—1 = 1) ~ 5 5 if Y= @ (537)
Consequently, lim¢_,o P¢ (S, =1 for all n >0) = 1 in both % <y <1land~y= % cases, as
required. The lemma is proved. (|

5.3. Proofs of Theorems 2.9 and 2.10.

Proof of Theorem 2.9: Recall quantities ay, k& > 0 defined in (5.1). It follows from (5.2), that
for a given o € (0, ) there exists £ > 1, such that o € [ag_1,a). It is easy to verify that
a € [ag—1, ) is equivalent to (2.15). Similarly, given v > 1, one can determine a unique k, such
that v € (max(1,7%),vk—1], or, equivalently, k satisfying (2.16). It follows from Theorem 2.2 (for
the BB model without reflection) that, with probability one, the DTMC ((t) hits either the lower,
or the upper boundary. If follows then from Lemmas 5.5, 5.11 and 5.23, that, with probability one,
either the event Aq k,, or the event A, , occurs. It is left to note that these events are disjoint,
which finishes the proof. O

Proof of Theorem 2.10: The proof of Theorem 2.10 is similar to the proof of Theorem 2.9. It only
needs to be complemented by using Lemma 5.24, Remark 5.17 and Lemma 5.25, where appropriate.
For example, Lemma 5.25 is needed to deal with the case of the upper boundary given by y = 27
for ar < v < 1. We skip further details. O

6. Open problem

In this paper we have given a complete classification of the long term behavior of the BB model
with reflection in the domain @, (defined in (2.6)), where the lower and the upper boundaries
are given by ¢(z) = 2% and ¥(x) = z7 respectively for some 0 < o < ag < 7. Specifically, we
have shown that, for any initial state { € Q. , with probability one, the DTMC ((t) eventually
(i.e. after a finite time depending on the initial condition) confines either to the strip U, x, (along

the lower boundary), or to the strip U, y, (along the upper boundary), where integers ki and ko
(interpreted as widths of the strips) can be calculated for a given set of the model parameters. We
would like to stress that widths of both strips are finite.

We believe in a rather different behavior of the process in the case, when ¢(z) = v — by
and (x) = v 4 byx for some by,by > 0 and 0 < 01,02 < . We conjecture that if both
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0 < < ae/2and 0 < 61 < ag/2, then, with probability one, the process will be reflected
infinitely many times by both the lower and the upper boundary, i.e. the process "visits" both
boundaries infinitely many times. On the other hand, if a.-/2 < 61 < e and aer /2 < d2 < g,
then, with probability one, the process eventually sticks to one of the boundaries. At the same
time, deviations of the process from the "final" boundary are not uniformly bounded, so that the
process eventually confines to an indefinitely expanding strip along one of the boundaries. The open
problem of interest is to determine the asymptotic width of the strip.
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