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Abstract. We develop a functional Stein-Malliavin method in a non-diffusive Poissonian setting,
thus obtaining a) quantitative central limit theorems for approximation of arbitrary non-degenerate
Gaussian random elements taking values in a separable Hilbert space and b) fourth moment bounds
for approximating sequences with finite chaos expansion. Our results rely on an infinite-dimensional
version of Stein’s method of exchangeable pairs combined with the so-called Gamma calculus. Two
applications are included: Brownian approximation of Poisson processes in Besov-Liouville spaces
and a functional limit theorem for an edge-counting statistic of a random geometric graph.

1. Introduction

The now classical Stein-Malliavin method, a combination of Stein’s method with Malliavin cal-
culus, has been very successful in deriving quantitative central limit theorems for non-linear ap-
proximation. Since its inception by Nourdin and Peccati in 2013 (see Nourdin and Peccati (2009)),
it has formed a vivid community which developed the theory further and applied it to numerous
situations. An excellent exposition of the basic method is available in the monograph Nourdin
and Peccati (2012) , while I. Nourdin keeps a rather exhaustive and continuously updated list of
references on the webpage https://sites.google.com/site/malliavinstein. From a theoretical
point of view, one of the main remaining challenges is an adaptation of the method to the infinite-
dimensional setting, with quantitative approximation of Gaussian processes as main application.
For random elements taking values in a Hilbert space, and in a diffusive context, this has recently
been achieved by Bourguin and Campese (2020). In this work, we provide the natural analogue in
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the non-diffusive context of Poisson spaces. More specifically, let X be a square-integrable measur-
able transformation of a Poisson process and Z be a Gaussian process, both taking values in some
separable Hilbert space K. Informally, our main results (Theorems 3.1 and 3.7 on page 526) provide
bounds on a probabilistic distance between X and Z (metrizing convergence in law) in terms of
the first four strong moments of X or alternatively in terms of so called contractions. From these
bounds, one can directly deduce quantitative and functional central limit theorems for convergence
towards a Gaussian process, as well as an infinite-dimensional version of the Fourth Moment The-
orem, which says that for a sequence of K-valued multiple Poisson-integrals, convergence of the
second and fourth moments implies convergence towards a Gaussian process.

It is noteworthy to observe that while the analogous diffusive statements in Bourguin and
Campese (2020) look similar to our non-diffusive ones, their proofs are rather different, for the
same reason as in the finite-dimensional case: No chain rule is available in the non-diffusive case,
which renders the usual integration by parts argument unfeasible. Instead, one can construct an ap-
propriate exchangeable pair and then apply a Taylor argument in order to control the term resulting
from an application of Stein’s method. Compared to the finite-dimensional setting, several technical
issues arise which require the use of Hilbert-space techniques. A commonality with the diffusive
statements is, however, that our main results subsume all known finite-dimensional Malliavin-Stein
bounds in a Poissonian context as special cases (see Remark 3.2 on page 526 for details).

In order to illustrate our results, we provide two applications: The first one concerns the classical
approximation of a Brownian motion by a normalized Poisson process with growing intensity A. A
natural class of Hilbert spaces accommodating the sample paths of both processes are the so-called
Besov-Liouville spaces. In Coutin and Decreusefond (2013), the authors showed that convergence
takes place at rate A\~1/2 (as in the classical one-dimensional case). To prove this, they first trans-
ferred both processes isometrically £2(N) and then had to go through rather tedious calculations. In
contrast to this, our bounds yield the same result in just a few lines, and no isometry is necessary. As
a second application we illustrate, using an edge counting statistic of a random graph, how known
one-dimensional central limit theorem can be made functional with very little additional effort.

Besides the already mentioned reference Bourguin and Campese (2020), the work Coutin and
Decreusefond (2013) is also concerned with quantitative functional approximation in a Malliavin-
Stein context. As already mentioned, the authors use a different approach which crucially depends
on isometrically mapping all random elements to ¢2(N). In applications, the need to explicitly
evaluate such an isometry can be seen as a drawback. Also, our setting seems to be more general
and does not rely on ad-hoc arguments depending on the Gaussian process at hand. Other related
references proving functional central limit theorems using Malliavin-Stein techniques are Kasprzak
(2017, 2020); Dobler and Kasprzak (2021); Dobler et al. (2022).

The rest of this paper is organized as follows. In Section 2 we introduce the necessary preliminar-
ies, followed by the main results in Section 3. The proofs are given in Section 4 which is followed by
the two aforementioned applications in Section 5. An appendix contains several technical lemmas
required for the proofs.

2. Preliminaries

2.1. Probability on Hilbert spaces.

Let K be a real separable Hilbert space, B(K) the Borel o-algebra of K and (2, F, P) a complete
probability space. A K-valued random variable X is a measurable map from (2, F) to (K, B(K)).
Such random variables are characterized by the property that for any continuous linear functional
¢ € K*, the function ¢(X) :  — R is a real-valued random variable. As usual, the distribution
or law of X is the push-forward probability measure P o X! on (K,B(K)). The set of all K-
valued random variables is a a vector space over the field of real numbers. If the Lebesgue integral
E[|X| x] = [ IX | x dP exists and is finite, then the Bochner integral [, XdP exists in K and is
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called the expectation of X. Slightly abusing notation, we denote this integral by E[X] as well, and
it can always inferred from the context whether E[-] refers to Lebesgue or Bochner integration with
respect to P. For p > 1, LP(£), P) denotes the Banach space of all equivalence classes (under almost
sure equality) of K-valued random variables X with finite p-th moment, i.e., such that

1
1X 0 oy = E[IX5]Y7 < oo,

Note that for all X € LP((, P), the Bochner integral E[X] exists. In the case X € L?(€), P), the
covariance operator S : K — K of X is defined by

Su = E[(X,u); X].
S is a positive, self-adjoint trace-class operator that verifies the identity
TS = E[||X||§<]

We denote by S1(K) the Banach space of all trace-class operators on K, equipped with norm
17|, () = Tr|T|, where [T'| = VI'T* and T™ denotes the adjoint of 7. The subspace of Hilbert-
Schmidt operators on K is denoted by HS(K), its inner product and norm by (-, )ug k) [llus ()
respectively. Recall that

Fllop < Ilusczy < Flls, () 5

where ||-|[,, denotes the operator norm.

2.2. Gaussian measures and Stein’s method.

In this section, we introduce Gaussian measures, the associated abstract Wiener spaces and Stein
characterization of Gaussian measures. The theory will be presented within a general Banach space
setting. Keep in mind that at the end of this section and beyond that, we will assume any target
Gaussian measure under consideration is defined on a Hilbert space such as K above. Standard
references for Gaussian measures and abstract Wiener spaces are the monographs Bogachev (1998);
Kuo (1975), while Stein’s method for Gaussian measures has been developed by Shih (2011) (see
also Barbour (1990), an earlier work for the special case of Brownian motion).

2.2.1. Abstract Wiener spaces. Let H be a real separable Hilbert space equipped with inner product
(-,-)y and |[|-]| be a norm on H weaker than ||-||;. Denote B the Banach space obtained via
completion of H with respect to ||| and ¢ the canonical embedding of H into B. The triple
(i, H, B) defines an abstract Wiener space and has first been introduced by Gross (1967a). We
identify B* as a dense subspace of H* under the adjoint ¢* of ¢, so that we have the continuous
embeddings B* C H C B, where, as usual, H is identified with its dual H*. All of this can be
summarized via the diagram

i*

B* g —=HL B

The abstract Wiener measure p on B is characterized as the Borel measure on B satisfying

/BeXp<i <~’C=77>B,B*)P(d93) = exp <_H772’§{>’

for any n € B*.
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2.2.2. Gaussian measures. Let B be a separable Banach space, with B(B) its Borel o-algebra. A
Gaussian measure 4 is a probability measure on (B, B(B)) such that every non-zero linear functional
x € B*, considered as a (real-valued) random variable on (B, B(B), i), has a Gaussian distribution
on (R, B(R)). Such a Gaussian measure is called centered and/or non-degenerate, if these properties
hold for the distributions of every non-zero x € B*.

We can see that every abstract Wiener measure is a Gaussian measure, and conversely, for every
Gaussian measure p on B, there exists a Hilbert space H such that (i, H, B) forms an abstract
Wiener space. The space H is known as the Cameron Martin space.

2.2.3. Stein characterization of Gaussian measures. Let B be a real separable Banach space with
norm |-||. Let Z be a B-valued random variable which induces a centered Gaussian measure fiz
on B and let (i, H, B) be the associated abstract Wiener space. By {P; : t > 0} we denote the
Ornstein-Uhlenbeck semi-group of Z. It has the Mehler representation

Puf(@) = [ (e et VT= e uatn),

provided such an integral exists. In Shih (2011, Theorem 3.1), Shih proved the following Stein
lemma for abstract Wiener measures.

Theorem 2.1. Let X be a B-valued random variable with distribution px.
i) If B is finite-dimensional, then ux = pz if and only if

E[(X, V(X)) — Aaf(X)] =0 (2.1)

for any twice-differentiable function f on B such that E[HVQf(Z)Hsl(H)} < 00.

it) If B is infinite-dimensional, then px = pz if and only if (2.1) holds for every twice H -
differentiable function f on B such that V f(x) € B* for every x € B,

E[[[V2£(2)||,a0)] < 00 and E[IVF(2)]3.] < 0.

The notion of H-derivative which is also known as Fréchet derivative along H and appears in
Theorem 2.1 was introduced by Gross (1967b), and we briefly recall it here for the sake of self-
containedness. A function f : U — W from an open set U of B into a Banach space W is said to
be H-differentiable at = € U if the map ¢(h) = f(z + h),h € H, regarded as a function defined
in a neighborhood of the origin of H is Fréchet-differentiable at 0. The H-derivative of f at x in
the direction h € H is denoted by (Vf(z),h)y. The k-th order H-derivatives of f at x can then
be constructed inductively and are denoted by V¥ f(z), provided they exist. If f is scalar-valued,
Vf(r) € H* ~ H and V2f(x) is a bounded linear operator from H to H* for every x € U. The
notation (V2f(x)h, k), or V2 f(z)(h, k) will stand for the action of the linear form V2 f(x)(h,-) on
k

If V2f(z) is a trace-class operator on H, the Gross Laplacian Agf(z) of f at x is defined as
Acf(x) = Trg(V?f(x)).

2.2.4. Stein’s equation. In view of Theorem 2.1, the associated Stein equation is given by
(z,Vg(x)) g g — Acg(x) = h(z) — E[A(Z)]
for x € B, where h belongs to a suitable class of test functions. Recall from earlier that we assume
K to be a separable Hilbert space. From this point forward, we will let B = K and assume our
test functions belong to C3(K), the class of real-valued functions on K that have bounded Fréchet
derivatives up to order three. This space is equipped with the norm
HhHCg(K) = Ssup SEEHD”‘(»’U)HK@'

=1,2,
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Using standard semigroup techniques, the first two authors of this work showed in Bourguin and
Campese (2020) that there is a solution gy (x) for every test function h(z) and that g, € C3(K)
when h € CP(K). Specifically, Bourguin and Campese (2020, Lemma 2.4) provides the estimates

1
sup Hngh HK®J > ; Hh”(jg([() (2.2)
and
lgnlles iy < Rlles
Thus, using the probability distance
d3(X1, X2) = sup  [E[h(X1) — h(X2)]],

heC3(K)
”h”Cg(K) <1

Stein’s equation implies that

d3(X, Z) = hS@gI()}() [E[AGgn(X) — (X, Dgn(X)) k]| -

”h”Cg(K)Sl

Remark 2.2. To obtain fourth moment estimate on separable Hilbert spaces, we choose to work with
a rather strong notion of probability distance that is ds(-,-). In fact, proofs of our main results (see
Section 4) only require bounds on second and third derivatives of g,. Then per (2.2), the results in
Section 3 still hold true if d3(-,-) is replaced by the probability distance

d(X1,X) = sup [E[A(X1) — h(X2)]]

such that A = {h: K — R and sup,cg HDQh HK®2 V SUp,c g ||D3h )|| ges < 1} Alternatively,
one can refer to Shih (2011, Theorem 4.9v) which states that if A is a Lipschitz function on K
then sup,cx HDQgh(a:)HHS(K) < [|h]|1;p, - Based on this fact, one can replace ds(-,-) in the results in
Section 3 with

d(X1, X2) = sup [E[A(X1) — h(X>)]]
heB
such that B={h: K — R and sup,cg ||Dh(x)| ; V sup,ecx HD3h HK®3 <1}
A more interesting question here is whether one can obtain the results in Section 3 with Wasser-
stein distance, that is

dWass(XlaXZ) = sup |E[h(X1) - h(XQ)” :
1Pl Lip ) <1
During the revision of this paper, it was pointed out to us that the recent reference Fang and Koike
(2022) contains a four moment estimate in dyyagss for R%valued Poisson functionals. We expect that
the technique in the aforementioned reference can be adapted to the infinite-dimensional setting to
produce bounds in the Wasserstein distance.

2.3. Dirichlet structure.

This section contains an overview of Dirichlet structures, which is the framework we will be
working within alongside Stein’s method. We start by recalling the definition and properties of a
Dirichlet structure on L?(£2;R) (full details can be found in the monographs Bakry et al. (2014);
Bouleau and Hirsch (1991)) before focusing on an extension to L?(2; K). Given a probability space
(2, F, P), a Dirichlet structure (D, &) on L?(€;R) with the associated carré du champ operator I'
consists of a Dirichlet domain D, which is a dense subset of L?(€2;R) and a carré du champ operator
I':DxD— LYQ,R) characterized by the following properties.

- I' is bilinear, symmetric (I'(F, G) = I'(G, F')) and positive (I'(F, F') > 0).



522 Solesne Bourguin, Simon Campese and Thanh Dang

- the induced positive linear form F — E(F, F), where £(F,G) = L1E[I(F,G)], is closed in
L?(Q;R), i.e., D is complete when equipped with the norm

B = 122 @m) +£0)-

Remark 2.3. We do not assume that I' satisfies the so-called diffusion property — see Bakry et al.
(2014, Definition 3.1.3) — as opposed to what is being done in Bourguin and Campese (2020).

Here and in the following, E[-] denotes the expectation on (£2, F) with respect to P. The linear form
€ is known as a Dirichlet form and for brevity we write £(F’) for £(F, F'). Every Dirichlet form gives
rise to a strongly continuous semigroup {P;},~, on L?(Q2;R) and an associated symmetric Markov
generator —L, defined on a dense subset dom(—L) C ID. We will assume that ker(—L) only consists
of constants. There are two important relations between I" and L, the first being the integration by
part formula

E[l'(F,G)] = —E[FLG| = —E[GLF],
which is valid for F,G € D. The second relation is
1
I'F,G) = i(L(FG) — GLF - FLG),

which holds for all F, G € dom(L) such that FG € dom(L). If —L is diagonalizable with spectrum
No (the set of natural numbers plus 0) and Fj is an eigenfunction corresponding to the eigenvalue
g, then —LF, = ¢F,. The pseudo-inverse L1 is defined by —L‘qu = %Fq when ¢ # 0 and
0 otherwise. The definition of —L and —L~! for a general F = 5 geNo L follows naturally via
linearity. Alternatively, L can be defined as the generator of the heat semigroup {F;},s, (on
dom(L)) which satisfies -

0P, = LP; = P,L.

Next we present what is meant by a Dirichlet structure on L?(; K). Let us adopt the notations

]D F L Pt for the Dirichlet domain, Dirichlet form, carré du champ operator, generator and semi-
group associated with elements in LQ(Q, R). Meanwhile, D, T', L, P, are reserved for the counterpart
objects associated with elements in L?(Q; K). Given a separable Hilbert space K, one has that
L?(; K) is isomorphic to L?(£;R) ® K. The Dirichlet structure on L?(Q;R) can therefore be

extended to L?(£2; K) via a tensorization procedure. Let Ny be the spectrum of —L and {ki}ien an
orthonormal basis of K. A will be the set of all functions X taking the form

X=) Fu®k

q,iel

such that I C N? is a finite set and F,; € ker(—f—i—q[ ) Assuming another element Y =
Zp,jEJ Gp,; ® k; in A, we can define L,I", P, € for t > 0 via

PtXZPtZF,i@)ki: Z(ﬁth,i)@)ki

q71€I q,i€l

LY S R 8 sk ke k)

\ qu]ijJ

and

E(X,Y)=E[TrT(X,Y)].
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In the last line, we identify T'(X,Y") as an element of L?(;R) ® K ® K ~ L?(Q, L(K, K)) via the

action
Z Z (Fg,i, Gp,j) @ (<ki’u>K®kj+<kjvu>K®ki)‘
quIp,]EJ

Remark 2.4. The definitions above are independent of the choice of basis of K. We include here
a brief explanation for the operator L for the sake of completeness. First, the definition of L is

equivalent to
LX = > (L (X, k) i
i€EN
Let {e;j}jen be another orthonormal basis of K and define
LoX = 3 (L4 e5) ) s
jeN
Then by using e; = Y - (€, kn) i kn such that Y (e;, kn)i =1, and also the identity (u,v), =
Y ien (U ki) g (v, ki) e, one can deduce that LoX = LX.

Since A is clearly dense in L?(; K), the operators above can be extended to appropriate domains
in L2(Q; K). This has been verified in Bourguin and Campese (2020, Proposition 2.5 and Theorem
2.6) (excluding the diffusion identity), which we restate below for the reader’s convenience.

Proposition 2.5 (Proposition 2.5 in Bourguin and Campese (2020)). The operators L L™, € and
T can be extended to dom(L), dom(L™1) and dom(T') = dom(€) = D x D, respectively, given by

dom(L) = {X € L2 k) > 2T, (I1X1I%) < oo},
q€Ng
dom(L™1) = L*(Q%; K) and
D={Xer@K): Y al(IXI}) < >},

€Ny
where jq() denotes the projection onto ker( ) C L2(;R). In particular, one has

A Cdom(L) CD C dom(L™1) = L?( K),
and all inclusions are dense.

Theorem 2.6 (Theorem 2.6 in Bourguin and Campese (2020)). For a Dirichlet structure (D,T") on
L2(; K), the following is true.

(1) T' is bilinear, almost surely positive, symmetric and self-adjoint with respect to (-,-) .
(ii) The Dirichlet domain D equipped with the norm

X115 = 12X 22y + ITCX X o qysy)

18 complete, so that I' is closed.
(iii) The generator —L acting on L?>(Q; K) is positive, symmetric, densely defined and has the
same spectrum as —L.
(iv) There is a compact pseudo-inverse L= of L such that
LL7'X = X - E[X]

for all X € L?(Q; K), where the expression on the right is a Bochner integral.
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(v) The integration by parts formula
E[TYT(X,Y)] = ~E[{LX,Y) ] = ~E[(X, LY) ]

is satisfied for all X,Y € dom(—L).
(vi) The generators I, L, L are related via

TrT(X,Y) = %(E (X,Y), — (LX,Y), — (X, LY)K) (2.3)

for all X,Y € dom(—L).
(vii) The identity

1/~ ~
<F(X5Y)U7U>K = §(F(<Xau>K7<Y7U>K) +F(<KU>K7<X7U>K))3
is valid for all X, Y € D and u,v € K.

2.4. Analysis on Poisson space.

So far we have been working with a general probability space. In this section we will get more
specific and describe the Poisson space on which most of our objects of interest are defined. We
direct the reader to the references Last and Penrose (2018); Nualart and Nualart (2018) for an
extensive treatment of this topic. Let (Z,.Z,u) be a measure space such that p is o-finite. A
Poisson random measure 7 on (Z,.%) with control measure p is a family of distributions defined on
some probability space (2, F, P) that satisfies

- n(B) is a Poisson distribution on Q with mean u(B),

- for every m € N and all pairwise disjoint sets Bq,...,B,, € Z, the random variables

n(Bi),...,n(By,) are independent.

If such a Poisson random measure exists, the associated probability space (€2, F,P) is called a
Poisson space. Next, let 7j be the compensated Poisson random measure, that is (B) = n(B)—u(B),
whenever (B) is finite. Denote L2(u9) the set of all symmetric functions in L?(u?). For f € L2(u9),
I (f) denotes a multiple (Wiener-1t6) integral of order ¢g. Unless we are simultaneously dealing with
two different Poisson random measures, I,(-) will be understood as an integral with respect to 7).
Multiple integrals have the following isometry property: for any integers ¢,p > 1,

E[Iq(f)lp(g)] = 1{q=p}q!<f7 g>L2(uq)7

where f denotes the symmetrization of f, and we recall that I,(f) = I4( f). The contraction of
two kernels f € L2(u9) and g € L2(uP), denoted by f L g for 0 <1 < r < g Ap, is obtained by
identifying r variables and then integrating [ of those:

l
f*r g(y17 e Yr—U Yr—i4+15 - - -5 Yq—15 215 - - - 7zp77')
- . f(xh ey T YLy Yr—1 Yr—1415 - - - 7yq—l)g($17 ey T YLy e Yr—15, 215 - - 7Zp—r)
zZ

d/"é(l‘la s 7581)

provided the integral exists in L?(u97P~"~!). Contractions are central objects for analysis on Poisson
space as they appear in the product formula for multiple integrals. There are two ways of stating
this product formula on Poisson space: Last (2016, Proposition 6.1) and Dobler and Peccati (2018,
Lemma 2.4), each having different assumptions. We will state both below.

Lemma 2.7 (Proposition 6.1 in Last (2016)). Let f € L2(u9),g € L2(uP) and assume that f+. g €
L?(patP==1) . Then,

100 =51 ()3 (Ve estr 201 2.4

r=0 =0



Functional Gaussian approximations on Hilbert-Poisson spaces 525

Lemma 2.8 (Lemma 2.4 in Débler and Peccati (2018)). Let f € L2(u9),g € L2(uP) and assume
that F = 1,(f),G = I,(g) € L*(P). Then

qA\p—1
FG =Y JW(FG)+ I, (f®g).
k=1

The collection of all multiple integrals of order ¢ form the so-called Poisson chaos of order ¢ in
L?(£;R), which is denoted by Hy. We have the orthogonal decomposition

%(Q, F,P) @H

Similarly as what we did for Dirichlet structures, we define H4(K') (K-valued Poisson chaos of order
q) as the closure of H, ® K in L?(Q, K). Then,

o0
K) = P Hq(K).
q=1
Consequently, every X € L?(Q, K) can be decomposed as

X = Z F, = Z (Fg, ki) po ki = Z Fyik;,

q€Np €N, €N,
q€Ng q€Ng

where F, € Hy(K), F,; € Hq with Fy; = I,(f,;) for some f,; € L2(u9).

2.5. An exchangeable pair on Poisson space. Another tool that we employ alongside Stein’s method
is an exchangeable pair on the Poisson space. Construction of this crucial exchangeable pair is done
in Dobler et al. (2018) (see also Zheng (2019); Nourdin and Zheng (2019) for analogous construction
on Rademacher and Gaussian spaces).

Per Last and Penrose (2018, Corollary 3.7), the Poisson random measure n on (Z,.Z, 1) equals
in distribution to the proper Poisson point process

K
n=>Y_0x,,
n=1

such that X,, and k are random elements in respectively Z and N U {0, co}.

Let @ be the standard exponential distribution. Assume that {Y},},en is an i.i.d. family with
distribution @ and is independent of (x, X,,). Based on Last and Penrose (2018, Theorem 5.6), the
marked point process £ =Y r_, d(x,,v,) is a Poisson point process with control 1 x Q. Then the
e~ !-thinning of 7 is defined as

Ne—t = 5(*’4 X [tvoo)])’

which is obtained by removing point X,, of 7 with probability 1—e~! such that the thinning decisions
are independent among different points.

Now let f be a measurable function N — R such that E[f(n)] < co. 7 is another Poisson point
process with control (1 — e *)u(-) and is independent from (n,7.-:). Based on Last and Penrose
(2018, Chapter 20), the semi-group {F;}+>0 associated with 7 admits the representation

Bif(n) =E[f(ne—+ + 1) | 1]

for ¢t > 0. This representation is also known as Mehler’s formula on the Poisson space.
The paper Dobler et al. (2018) contains the following important result regarding the process

N = et + .
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Lemma 2.9 (Lemma 3.1 in Débler et al. (2018)). For each t > 0, (n,n') is an exchangeable pair
of Poisson random measures.

In fact, the construction of the specific exchangeable pair above is just one example of how one
can in general construct exchangeable pairs using reversible Markov chain (see for example Ross
(2009)). Moreover, based on the above result, for any kernel g € L2(uP), the pair (Ig(g), Igt (g)) is

exchangeable, and further relations between I} (g) and Igt (g) are stated in Lemma 5.4.

3. Statement of main results

In what follows, let K be a separable Hilbert space with orthonormal basis {k;}ien, and let X
denote a K-valued centered random variable in L? (Q; K) with finite chaos decomposition

X= > F, (3.1)
1<g<N

where each F, belongs to the ¢g-th K-valued Poisson chaos. Furthermore, assume that X has
covariance operator S, which in turn decomposes as

s= Y s,

1<g<N
where, for each 1 < ¢ < N, S is the covariance operator of F};. Finally, we will denote by f,; € %4
the kernel of F; = (Fy, ki) o = Iq (fq.i)-

Our first main result provides a quantitative bound on the distance between the law of X and a
centered K-valued Gaussian random variable Z in terms of the first four moments of X.
Theorem 3.1. Assume X is a K-valued random variable as described above such that for every
1 < q¢ < N, Fj has finite fourth moment, i.e., E {||Fq||}l(} < o0. Then, letting Z be a centered

Gaussian random variable on K with covariance operator S’, the following estimate holds

1
B(X.2) < L5 - )

2N -1 N 2 4 212 2
+< ; +2\/<4N—3>1%%E[HFPHKD1;N\/\\Fun—E[\FqHK] 214l
2N —1 2 2 2 2
N R P e A )

1<p#q<N

Remark 3.2. Theorem 3.1 is an infinite-dimensional version of the fourth moment theorems on the
Poisson space obtained in Dobler et al. (2018, Theorem 1.2, Theorem 1.7) and Dobler and Peccati
(2018, Theorem 1.3). In particular, the aforementioned results are special cases of Theorem 3.1
obtained by setting K = R? for a positive integer d.

Remark 3.3. Theorem 3.1 can be viewed as a Poissonian counterpart of Bourguin and Campese
(2020, Theorem 3.10) in the context of a non-diffusive chaos structure. The fact that we are working
with a non-diffusive structure (where no chain rule is available for the Gamma calculus introduced
in Section 2) forces us to use different techniques in order to obtain the above quantitative bounds
than the ones used in Bourguin and Campese (2020), making these results comparable in nature,
but very different in their methodologies of proof.

Remark 3.4. We explain here why we assume in Theorem 3.1 (and consequently in all other theoret-
ical results of this paper, which follow from this theorem) that for every 1 < ¢ < N, E [||Fq||}1(} < 0.

In the proof of Theorem 3.1 in Section 4, we will apply at several locations an important estimate
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that is Lemma 5.5. This lemma is originally established in Dibler and Peccati (2018); Dobler et al.
(2018) and is obtalned via the product formula (2.4), which requires that Fy; = (Fy, k;) ;- has finite

fourth moment. This requirement is satisfied in the event E [HFqHé{} < 00, since

4
Z Fyik;

i€EN

:Z FqZIFqZJ ZE

K i,jEN ieN

E[IF ] =E

Remark 3.5. Let us mention some helpful criteria for the purpose of verifying finite fourth moment
of F = I,(f) for some f € L?(p?) ® K. Based on Dibler and Peccati (2018, Remark 1.2b), a
sufficient condition is that || f||  is bounded and the support of || f||; is contained in a rectangle of
the type C'x C'... x C such that u(C) < oo, where we recall y is the control of our Poisson random
measure. This detail can be easily verified via the product formula (2.4). Poisson multiple integrals
with this type of kernels include most U-statistics that are relevant to geometric applications (see
Lachieéze-Rey and Peccati (2013a,b); Reitzner and Schulte (2013) and the references therein).

Another way to verify that F' has finite fourth moment is via restricted hypercontractivity on the
Poisson space recently discovered in Nourdin et al. (2020). Specifically, under technical assumptions
in their Theorem 1.4, one can bound the fourth moment of F' by its variance.

Whenever X belongs to a single chaos, we can reformulate Theorem 3.1 in a more compact form:

Corollary 3.6 (Quantitative Fourth Moment Theorem). Let the notation and setup of Theorem
3.1 prevail. When X belongs to a single chaos, i.e., X € Hq(K) for some ¢ > 1, one has

05X, 2) < 3 |18 = s

+ <2q - 1+§\/<4q—3>E[HXH§<]>\/ 114 ~ B[IX1Z]" - 21150

As d3 metrizes convergence in law, the above corollary in particular shows that within a single
non-diffusive chaos, convergence of the second and fourth strong moments implies convergence
towards a (Hilbert-valued) Gaussian.

A particularly useful formulation of the above moment bounds for applications uses contraction
operators acting on the kernels of the multiple integrals appearing in the chaos decomposition
representation of X given in (3.1). Contractions, which are the analytic quantities defined in Section
2, allow for much simpler computation compared to dealing directly with the first four moments.
Some examples of previous works that use contraction norms to obtain quantitative limit theorem
for Poisson random variables include Lachicze-Rey and Peccati (2013a,b); Reitzner and Schulte
(2013).

Our second main result is the following contraction bound.

Theorem 3.7. Let the notation and setup of Theorem 3.1 prevail. Moreover, let $ = L*(Z, 1)
where Z is the o-finite measure space described in Subsection 2./. Then it holds that

ds(X, Z) < Aﬁw Sl 11s
ON—-1 N 2 2N -1
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where

q—1

Z ( b a,9 qu *7" qug@(Zq 2r) Q K ©®2
1<q<N \r=1
1/2
~l ~m
+ Z Cq.ql;m (T S) qu*rfq’ #O2a—r—)EKE? 1 fo*s fq”5§®(2qms>®K®2>
(r,s,l,m)el

and

qgA\p—1

A 2 2

B2 = Z (ap,q(p Aq) qu *ZAﬁ pr5®|q7p\®K®2 + Z bp,q(r) qu * fp”g@(q+p—2r)®[(®2
1<p#q<N r=1

+ Z Cpq,l,mrsufq fp‘

( e H®(@+p—r—QKS2
r,s,l,m)el

1/2
qu prﬁ@(q+p*mfs)®K®2 > .

Here, the combinatorial coefficients are given by

apq(r) = plq! <z) <f) + 72 <z>2 <1:>2 p— !

q\ (P
byq(r) = plg! ’
p,q() pq A

o= () C)C)G) Yo

and the index set I is defined by

I={(r,s,l,m)eN*0<rs<qAp 0<I<r, 0<m<s,
r+l=s+m, (r,sl,m)¢{(0,0,0,0),(¢gAp,g \Np,g Ap,g AD)}}.
Ezample 3.8. If X is a sum of elements of the first two chaoses, i.e., X = I1(f1) + I2(f2), The-
orem 3.7 requires the contraction norms Hf1 *% fQHfJ@)K@Q, ‘fg *% ngy.J@Q@K@Q, ‘fl *(1) f2Hﬁ®2®K®2,
‘fQ *3 f2H5®K®2 and Hfl *7 f1H5®K®2 to converge to 0 to

Hfl *1 f2“.6®2®K®2’ ‘f? *9 f2”.§5®2®K®2’
get convergence towards a Gaussian law.

Ezample 3.9. Let p be a o-finite measure on some measure space. By setting K = R, $ = L?(p)
and X = I,,(f) for some p > 2 in Theorem 3.7, we get a result comparable to Peccati et al. (2010,
Theorem 5.1) and Peccati and Taqqu (2008, Theorem 2). For instance, whenever X = I5(f),
Theorem 3.7 and Peccati et al. (2010, Example 5.2) both state that normal convergence happens
.. . 2

if || f *1 fHLQ( [ £l a2y and | £ *3 leLQ(M) converge to 0, keeping in mind that [|f[|74(,z
/5 fHLQ (u2)’ and Hf*1 ‘LQ(;ﬁ) =% fHL2(;L)

Another example is Peccati et al. (2010, Example 5.3), which states that X = I3(g) converges to

. L. . . 2

a Gaussian distribution if [[gll7a (), [|9 %1 9/l 1200 1952 91l 125y 1955 9 122y and [[g %3 9] 2
all converge to 0, which is the same condition suggested in Theorem 3.7.

Further, we would like to mention Eichelsbacher and Thile (2014); Lachiéze-Rey and Peccati
(2013a,b) which also offer contraction bounds for normal approximation on the Poisson space.

4. Proof of main results

We begin with the proof of Theorem 3.1 which uses the method of exchangeable pairs developed
in Section 2.
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4.1. Proof of Theorem 3.1. Let G be a Gaussian random variable on K with the same covariance
operator as X, i.e., G has covariance operator S. Similarly to Bourguin and Campese (2020,
Corrolary 3.3), it holds that

d3(G, Z) < || — &'

s -

N =

Therefore, it suffices to derive the desired moment bound for ds(X, G) which yields the first item
in Theorem 3.1 as

dg(X, Z) < d3(X, G) + d3(G, Z).

In Subsection 2.5, we constructed an exchangeable pair of the form (Fy, F(f) based on an element of
a fixed K-valued chaos Fj, where ¢ denotes the order of the Poisson chaos. Recall that X has the
chaos decomposition (3.1). It follows that, for any ¢ > 0, if we define X! as

N
t_ ¢
X' = g Fy,
q=1
then the pair

N

is also exchangeable. Since (z —y, Dg(z) + Dg(y)) x is an anti-symmetric expression, the exchange-
ability implies

1 Y, .
lim —E | (Y =(F! - F,), Dg(X") + Dg(X) =0.

q=1 q K

Furthermore, applying Taylor’s theorem yields

N
1 Lot t
02%5%271@ <Zlq(Fq—Fq),Dg(X)+Dg(X)>

= K

1 /L1 1 /&

= mE zt<qzlq(th—Fq)’Dg(Xt)—Dg(X)>K+t<Zq(F$—Fq)7Dg(X)>

=limE 1<§:1(Ft—F),D2g(X)(Xt—X)+7-> +1<
t—0 2t q q t

q=1 K

Here 7 denotes the remainder term for which ||r||, < 3 HD3g(f)(Xt - X)QHK, and ¢ is in the open
ball centered at X with radius || X — X|| 5.
Now set

1 /&1,
R(t) =E| Zg(Fq—Fq),r

q=1 K
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Note that E[Agg(X)] = ZlgquE[TrK (D?g(X)S,)]. Combined with part (a) and (c) of Lemma
5.7 and keeping in mind F, = Y, Fy,iki, this leads to

0= Y E[Trx(D*g(X)T(Fy,—L'F,))]
1<q<N

+ > YE [</£@,D2 )r( E_le7i,Fq,j>l-cj>K}—]E[(X,Dg(X)) | + lim R(t)

t—0
1<p#q<N i,jeN

— E[Acg(X)] ~ E[(X. Da(X))] + 3 E[Ta (D%(X)(D(Fy.~L7F,) - 5,)
1<q<N

> SB[k D2 (<L By Fyg )by ) | + lim R(2).

1<p#q<N i,jeN

The above equation and the Stein equation introduced in Section 2 imply

d3(X,G) = hESC%P()K)EHAGQ(X) — (X, Dg(X)) ]

< sup Z |E[Trg (D?g(X)(T(Fy, —L'Fy) = S,))]|
heCP(K) | 1<¢<N

+ Y ZE[<ki,D2g(X)f<—Z*1Fp,,-,Fq,j)kj>K} +%i_r>%R(t)‘ L)

1<p#¢<N |i,jEN

For the first term on the right side of (4.1), it holds that

Z UE[TI"K (ng(X) (D (Fy, _L_qu) —5))] |

1<q<N
1
< > PO sy HF(Fqu) — 5y
1<q<N q L2(Q;HS(K))
< Y o |3 Vet (F Fy)
1<q<N i,jEN
< > oL IS w[rzEy] - E[R]E[R2) - 2mIR,E P
1<gen 1\ ijen
2qg—1 4 2
= > = \/E[nFqu} —E[IF %] - 2118l
1<g<n 1
In particular, we have used the fact that HD2g(az)HK®2 = HDQQ(LL’)HHS(K) and Bourguin and

Campese (‘?( )20, Lemma 2.4) to get the third line above. The fourth line is a consequence of
Lemma 5.! Fmally, the identity (Sf,g)x = E[(X, f) g (X, 9) ] allows us to get the term ||.S,||q
in the last hne
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Now we study the second term on the right side of (4.1). Application of Bourguin and Campese
(2020, Lemma 2.4) and Lemma 5.5 gives

YO E[<ki,ng(X)f(—Zlep,i,Fq7j)kj>K}

1<p#q<N |i,jeN

~ 2
< Z Z (ki D2g(X Z ( Llep,ian,j)
1<p#q<N i,jEN i,jEN
~ ~ 2
< Y [S ek nosi] | ¥ EF(-IR R
1<p#q<N |\ i,jeEN ,j€EN
P+q 2 2 2 2 2
= Z HD )HL2(Q;HS(K)) Z [FpquJ]_E[FpJ}E[FqJ]
1<p#q<N 1,jEN
ptqg—1
< 4¢E[||Fp||§< IE 5| = E[IF 5 B 1Pl ).
1<prg<n T

As the last step, we apply Lemma 5.8 to the remainder term in (4.1).

N

. 1 1 9
)] < iy 1l | |3 )|
- K
N
52\/125;XNE[’FPH3<]K§NW 3\ I~ I - 21,0

We can hence deduce from (4.1) the inequality

ax.c < 3 1\/E[||Fq||‘;(} ~E[IFIE]" - 21,5

1<g<N
p+q—1 2 2 2 2
+ ) 1 VE|IFllx 1 Eall | — E{I1Fpllk |E| 1]k
1<pge<N P
N 2
+5 1r<na<)§VE{|F ”K} Z Vg =3 \/HF HK ‘F HK] — 2[5 /ls- (4.2)

1<qg<N

This combined with
29 — 1 +qg—1 2N —1
q V. p q <

for 1 <p,q <N,

4q 4p - 4
49— 3 < 4N —3 for 1 <g<N,
yields
d3(Xa G)
ON—1 N ; ;s 212 )
< (v -9 ma BIRIE]) ¥ VIR ~E[1EE]” 215,

1<¢<N

2N —1
=) \/E[HFpHiHFqu]—E[HFpHi}E[HFqu}-

1<p#q<N
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O
We now turn to the proof of Theorem 3.7, which makes use of the second estimate in Theorem
3.1.

4.2. Proof of Theorem 5.7. The strategy here consists of making use of the product formula (2.4)
for Poisson multiple integrals in order to represent the quantities

S [T A A TATA T EATA
and
E(IF 5 IFG ] —E[IBI5]E[IFN], p#a

which appear in the second estimate of Theorem 3.1 in term of contraction norms. We begin by
noting that

2
E[IElk ]~ B|IF%] - 218ihs = D (BFFL] — E[FLIE[E) - 2E[FuFyl?)
i,jEN
and for p # ¢,
E|I5 15 1Bl | — E[IBIGE[IEIG] = D2 (B[FFL] - EFL]E[R)) -
1,JEN

An application of the product formula (2.4) for Poisson multiple integrals yields

qAp T
oS0 ()

r=0 =0

Now by the orthogonality of Poisson chaos of different orders, one has

qAp
2 12 ~1
E[FLFL] =S Y oatnlrs®) (Fafoss T Fos) ey (4.3)
r,s=0 0<I<r
0<m<s
r+l=s+m

where the coefficient ¢, g1, (7, s) is given by

=) )OO s

Let us define the index set I as
I:{(r,s,l,m)€N4:0§7“,5§q/\p, 0<I<r,0<m<s,
r+l=s+m, (r,sl,m)¢{0,0,0,0),(gAp,gAp,g Ap,gAp)}}.

Then, using Lemma 5.9, equation (4.3) can be rewritten as

2 2 2 2 2 2
E[Fq,in,j] =q'p! |’fQ7i"j§®q Hf%j”g@q + 2¢! <fq7i7 fq7j>5§®q ]l{q:p}
qA\p—1

A 2
+apq(p A q) qu,i *M fPJHﬁ@Iq—p\ Lggrpy + Z bp,g(7) || fgi %7 fp.i

r=1

~l ~m
+ Z Cp.q (T, 5) <fq,i*rfp7j’ fqi%s fp7j>f)®(q+p,r,l) ’

(r,s,l,m)el

2
$H®(g+p—2r)
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where the combinatorial coefficients a,, 4(r) and b, 4(r) are given by

ap,q(r) = p'q! (i) <f> +rl? <z)2 (i’) : p— ql!

a\(p
bp.q(r) = pl!
palr) =pla!{ )1

It follows that

Z <E[F¢121Fq2j] _E[F;Z]E[F;J] - E[FQZFQJ ) Z quq quz* fq,]

|g)®(2q 2r)
,jEN i,jEN r=1
~1
+ Z Cq,q.lm (T ) <fq,i*rfq,j7 fq,i;?fq,j>ﬁ®(2q_r_l) 3
1,jEN
(r,s,l,m)erl
and for p # ¢
2 2 2 2 A 2
Z (E[FpFp;] — BIFGE[F,;]) = Z ap.q(p N ) || fai %gnp fpd”g@\q—pl
i,jEN i,jEN
qgA\p—1
+ Z Z bp.a(7) | fgi %7 fo.j ‘f)@(Q+p 2r)
i,jeEN r=1
~1
- Z pglm (T ) <fq7i*rfp,j> fq,i;:lfp,j>ﬁ®(q+p,r4) .
t,j€N
(r,s,l,m)el

Finally observe that

125,

H®(a+p—r=1) - Z qul rprHy)@(qup r=1)’

5®(q+p r=)Q K®2 - Z H<fq7 >K r fp7 K‘
i,JEN i jEN

Therefore, we can sum over ¢,j € N and apply Cauchy Schwarz’s inequality to get

2 !
4 2 2 2
E[IF %] —E[1FN5%] = 218ulhs < D baa) 1o % Falloasngices
r=1

~1 ~
X caatims) [ SR oo 15 Fall g mesons
(r,s,l,m)el

and
E| 15 % I Fall ] —E[IE I B |10
qAp—1

2 2
< apq(PNq) qu *Zﬁﬁ prﬁ@\q—pI@)K®2 + Z bp,q(r) I fg *r fp"ﬁ®(q+pf2r)®[{®2
r=1

+ Z Cpoglm(T, qu rfp‘

Fa+p—r—DHRK®? ||fq s fp”g@(qﬂ) m—s)QK®2 -
(r,s,l,m)el

This combined with the moment estimate in Theorem 3.1 concludes our proof of contraction

bound. OJ

5. Applications

5.1. Brownian approximation of a Poisson process in Besov-Liouville spaces.
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5.1.1. A brief overview of Besov-Liouville spaces. For an extensive account on the current topic, we
invite readers to view Samko et al. (1993). For f € LP([0,1],ds) and 8 > 0, we define the left and
right fractional integrals respectively as

1. 5) ()= = [ (s— )P frydr
0 J,
and
17 1)6) = = [ = P pran.
) .

This allows us to define the Besov-Liouville spaces
5, = {107, Fe (o},

. The Besov-Liouville

f‘ Lr([0,1])
spaces IEp are defined accordingly with the right fractional integrals. When Bp < 1, the spaces I;fp

which are Banach spaces when equipped with the norm || f HIg = ’
P

and Zg p are canonically isomorphic and therefore will both be denoted by Zg,.

Remark 5.1. As pointed out in Coutin and Decreusefond (2013), Zg o for f < 1/2 is an appropriate
class of Besov-Liouville spaces for the functional approximation of a Poisson process by a Brownian
motion since they are Hilbert spaces containing both the sample paths of the Poisson process and
the Brownian motion.

Similarly to the left and right fractional integrals, one can define left and right fractional deriva-
tives as

(03:) ) = =g e [ = roar

(P2 9) 6 = g [ =9 s

As the name suggests, DOB . is the inverse of Ig . (see Samko et al. (1993, Theorem 2.4)). Two

examples for the action of this operator that will be useful later are

(5.1)

—B+1 (r — a)_ﬂ
r
and (Dﬁl )r:7+,
(B UL B+ oo ) ) = T )
where Id denotes the identity function. Let us also mention a few important facts about fractional
integrals and derivatives. Given 0 < f < 1l and 1 < p < 1/6, IOB + is a bounded operator from
LP([0,1]) to L4([0,1]) with ¢ = p(1 — Bp)~t. Moreover, for 3 > 0 and p > 1, I§+ is bounded
from LP([0,1]) into itself (see for instance Samko et al. (1993, Equation (2.72))). Next, fractional
derivatives are the inverses of fractional integrals, in the sense that

(D5 155 ) () = £(5)

for f € L'([0,1]). Furthermore, fractional integrals enjoy the semigroup property (see Samko et al.
(1993, Theorem 2.5)), that is

(Dg+ Id) (r) =

(1525 £) ) = (75575) ()

as long as >0, a+ 3 >0and f € L'([0,1]).
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5.1.2. A functional central limit theorem. We consider a Poisson process N)(t) with intensity A. It is
well known (see for instance Nualart and Nualart (2018, Example 9.1.3)) that it can be represented
as

N/\(t) = Z 1[Tn,oo) (t)a (52)

neN

where T, = > """ ; a; and {e;: i € N} are independent exponentially distributed random variables
with parameter A, i.e., a; ~ Exp()) for all i € N. This implies that T}, is Gamma distributed with
shape n and rate A, i.e., T), ~ Gamma(n, A). As pointed out in Coutin and Decreusefond (2013),
Ny (t) maps into Zg o for § < 1/2.

For any ¢ € [0, 1], define

Na(t) — Mt
VA

and let Z be a Brownian motion on Zg o, that is a Zgo-valued Gaussian random variable with
covariance operator

X(t) =

S =1),1,"1,""Df

1- 0+ (5'3>

where the expression of the covariance operator was derived in Coutin and Decreusefond (2013).
We are now ready to state the main result of this application, namely the Brownian approximation
of a Poisson process in Zg .

Theorem 5.2. On a Besov-Liowville space Igo with < 1/2, the distributions of X\ and Z are
asymptotically close as A — oco. Their closeness can be quantiﬁed by

d3(Xx, Z) <
\/>
Proof: X(t) can be represented as a Poisson multiple integral of order one. Let $ = L?(R*, \dx)

be the underlying Hilbert space to the compensated Poisson process Ny(t) — At. Furthermore, let
ft) = %1{0,,&] € 9. We can hence write

Xa(t) = Li(f(1))-

Theorem 3.7 then provides us with the estimate

d3(X)\a Z) 5 Hf*? fH§)®K®2 + HS/\ - S,HHS(K) ) (54)

where Sy denotes the covariance operator of X and where K = Zg,. We begin by computing the
contraction norm appearing above. We have

(£ % D) = 1110 0.0 (3) = o) () 5),

so that
1 1 1 1
1723 £ |2 g cen = A2/ / / (D5 1)) (O (Dg Lo ) (5 ) dadsdt
ts

(B—H// (t—x) 2ﬁ(s—ult) 28 dsdt

where the last inequality simply comes from the fact that fol fol (t— az)fﬁ (s — x)f’g dsdt is finite.
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Regarding the remaining term, namely [|S) — S’ HHS( k)» we apply Lemma 5.10 and Lemma 5.12.
This yields

HS/\ - S/HIZ-IS(K)
= |[e[(25.%:) ) (05 3%:) )] ~E[(Dg. 2) (1) (0. 2) (5)]| ;ao,um) 0,
which concludes the proof. O

5.2. Edge counting in random graphs. In Lachiéze-Rey and Peccati (2013a), the authors studied
Gaussian fluctuations of real-valued U-statistics related to graphs generated by Poisson point pro-
cesses. We will apply Theorem 3.7 to obtain a functional version of their results in all three regimes
mentioned in Lachiéze-Rey and Peccati (2013a, Example 4.13). Recall from Subsection 2.5 the
definition of a proper Poisson point process

Po()\)
= Z 5Y¢7
i=1

where Po()\) is a Poisson distribution on R, while {Y;};cy is an i.i.d. sequence of R%-valued random
variables distributed as ¢ and independent from Po(\). Let W be a symmetric and bounded set in
R?. For simplicity and illustration purposes, let us assume ¢ is the uniform measure on W. The
control measure of 7 is therefore

pua() = ALC).

Let G be a graph generated by 7, so that G has the vertex set {Y1,..., YPO()\)}. The set W will
serve as our original window in which we monitor the edges of G, and let Hy C R?? be a symmetric
set which will serve as our original edge set. For 0 <t¢ < 1, define

W, = t2a W

Hy, = t2i H),

Wy={z—y:2,ye W}

Hyy={r—y:z,y € Hys}
We will assume that any edge, written in pairs (z,y), belongs to Hy; if and only if z —y € Hy ;.
For example, this property holds for a disk graph with base edge set H) = B(0, 7)), an open ball of
radius 7y at the origin. We note that compared to the setup in Lachiéze-Rey and Peccati (2013a),

our window and edge set are not static but evolve with time.
We are interested in a Poissonized U-statistics of the form

Po(\)
F\(t) = Z 1H,\7tﬂWt2(x7y) = Z 1H,\,tﬁWt2(}/;1’)/;2)
(z,y)en3 1=iy <ig

TFY

which counts edges of G that belong to the set ﬁ,\’t and lie inside the window W; at time t. It is
clear from the hypothesis that {F)(¢)};cp0,1) as a process belongs to K = L?([0,1]). As proved in
Reitzner and Schulte (2013), our U-statistic has a finite chaos expansion given by

Fx(t) = E[FA()] + Li(f1(8) + L2(fa(t)),
where the (functional) kernels f;(t) and fa(t) are given by
fi(t) = 2/ Ly, ,awz (@, y)Ady
R
fa(t) = 1g, ,awz(z,y)
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Let Fy(t) denote the centered and normalized version of F)(t) given by
_ F —E[F
Ru(t) = A(t) — E[FA(?)]

where 02 = Var(F\(1)), g1(t) = flT(t) and go(t) = ng(t) For convenience, we will also write ¢; for

- =1 (g1(t) + L2 (g2(1)),

(W) and 1y, for E(ﬁ)\,t N ﬁ/\t) Using the scaling properties of the Lebesgue measure, we can

write
6 =+tlh and Py, = Vi,

We can actually compute o2 explicitly, using the orthogonality of Wiener chaos of different orders
and the isometry property of Poisson multiple integrals. This yields

o® = fi D)2 + Hfz(l)Hiz(ui)

2
=4)3 /]Rd (/Rd 1w, (x)lﬁmmﬁl (y —x)d(y — 1:)> dx + /R2d Lo, w2 (@, y)\2dxdy
=40 NP3+ 0 0P

Based on the above expression for ¢, we can consider three different regimes (similarly to what
was done in Lachiéze-Rey and Peccati (2013a)), namely

2

- Regime 1: Ay 1 — 00 as A — oo;
- Regime 2: Ay — 1 for ¢ >0 as A — oc;
- Regime 3: Ay 1 — 0 and A\/9\1 — 00 as A — oo.

Within Regime 1, 02 is dominated by || f1(1)||2Lg (12) for large values of A, which implies
o =< AL N3 |,
whereas in Regime 2, we get
0? < AONYS ) < 0N Py,
and finally in Regime 3, it holds that
0% = 61)\21%71.
We are now ready to present the application of our results to edge counting in random graphs.

Theorem 5.3. As A — oo, F\(t) converges in K = L2([0,1]) to a K-valued Gaussian random
variable Z with covariance function ¢(s,t) = E[Z(s)Z(t)]. More specifically,

- In Regime 1, ¢(t,s) = \/ts(t A\ s) and

_ ) .
d3(Fx\,Z) S A2 + :
(5 7) AP
- In Regime 2, §(t,s) = VDTN g

ds(F), Z) SA72 + Mg — 1]
- In Regime 3, ¢(t,s) =t A s which implies that Z is a Brownian motion, and
ds(Fy, 2) X705y + M.

Proof: In order to make use of Theorem 3.7, we will need to evaluate contraction norms, but also
the Hilbert-Schmidt norm of the difference between the covariance operators, i.e., ||S — S’||;g. Let
us start with this term before we turn to the contraction norms themselves. As before, Sy and
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S’ denotes the covariance operator of F and Z respectively. Based on Hsing and Eubank (2015,
Theorem 7.4.3) and how Hilbert-Schmidt norms are defined for integral operators, we can use

|5 — 5 = |[E[Fx(t)FA(s)] —E[Z(t)Z 3)]HL2([0,1}®2)
< |E[F()Fa(s)] - EIZ(O)Z(5)]]

[

Our task is hence to compute E[Fj(t)F)(s)]. We have
(F1(), F1(8)) L2guyy = 4N U010 slins = V/Es(E A ) AN |

and
(f2(t), f2(5)) 12 §82) = N inslins = (LA s)0A* Py 1,
so that
B[R (6)F(5)] :<f1(t)7f1(8)>L2 (1) 2<f2( ) f2(8)) L2 (u2)
Vts(EA )AL +HEA s
B A 1 +1 '

At this step, we need to differentiate our analysis depending on what regime we are in.

Regime 1: We assume here that /\¢>\1 — o0o. The limiting covariance operator S’ then has
covariance function ¢(t,s) = 1/ts(t A s). We can use the fact that for a« < A,b < B,

A+a a
_ T« |2 el
’B+b B~ ‘B‘+‘B'
in order to deduce that
_ _ 1
155 = 'l gy < sw [E[FA(t)Fx(s)] — o(t,s)| S Nt (5.5)

Regime 2: Here, AY); — 1, so that the limiting covariance function is given by ¢(t,s) =

4\/ts(tAs)+tAs
5

1S3 = SIHHS(K) < sup [E[E\(t)FA(s)] — 6(t, 9)]

1<s,t<M
44/ts(t A s)A tA 44/ts(t A tA
= sup SEA A FEA S - ul ;) TiAS S |AMaq — 1], (5.6)

1<s,t<M APy + 1

. Moreover,

Regime 3: The fact that Ay — 0 implies in this case that the limiting covariance function is
given by ¢(t,s) =t A s, and we hence have

A3

[Sx = SIHHS(K) S m = Aat- (5.7)
We now turn to the second part of the bound appearing in Theorem 3.7, namely the contraction
norms. We need to evaluate the norms of g1 (t) x§ g1(t), g1(t) 9 ga(t), g1(t) x} ga(t), ga(t) % ga(t),
go(t) %3 g2(t) and go(t) %1 go(t). The calculations we need to perform are very similar to the ones
appearing in the proof of Lachi¢ze-Rey and Peccati (2013a, Theorem 4.7), hence we will not provide
full details and proceed straight to the result. Let us still include two examples of these calculations
(the cases of the contractions gi(t) { g1(¢) and ga(t) *1 g2(t)) for the reader’s convenience and for
the sake of staying self-contained. Recall that W;, H); are symmetric sets, Wy (respectively H) ¢)



Functional Gaussian approximations on Hilbert-Poisson spaces 539

is contained in Wy (respectively Hy ) for t < ¢/, and that ¢, = \/fw,\,l, while ¢; = V/tl1 < co. We
can then write

Hfl (t) *(1) fl(S)Hiz(M)@Km

2
= ‘ /]Rd (4 /Z2 lHA’tht@gz(x,y)lHA’smW;gz(x,u))\dy/\du> Adz

< 16\°

K®2

2
/d(/Qd 1H%svtmws®v%s(x y)lH/\,svtﬂsz\)/Qt(x’u)dydu) &
Rd \JR Ko

2
L st 0= 9, 0= iy = a)da =) ) do

=\ H&v#isthK@z = /\57#31\,1

v)\5

K®2

and

1F200) 51 F2(3)][ 2 o2y e

2
/RQd (/Rd 1H/\‘SWQW§/275 (.%', y)lHA,svtﬁWf\’/Qt (1’, u>)\dx> /\Qdydu

=\

<

K®2

/R o w2 @) g awee (3 W)y, | awez (0,9)1 g, wsz (v, w)dedydudv .

<\

/R4d 1W5Vt (aj)lﬁk,svtmws\/t (y a x)lﬁ)\,s\/tmws\/t (u o x)1WSVt (x)lﬁ)\,s\/tmws\/t (y o U)

dzd(y — z)d(u — v)d(v — y)’

K®2
= ! ||€8Vtw§\,sthK®z = )‘47/’§,1-

For the remaining contractions, performing similar calculations yields H f1(t) %Y fa(t) H;(p‘f’z’)@@ K2

2 2
5 >‘4¢§\,1a ‘f2(t) *(1) fQ(t)HLQ(M§3)®K®2 5 )\31/&1, HfZ(t) *(2) fQ(t)HLQ(u‘%Q)(g)K@? 5 )‘2¢A,1» and ﬁnally

Hfl (t) x1 fQ(t)HiQ(M)@K@ < A0y, We split the remainder of the proof into three cases corre-

sponding to the three possible regimes.

. . 2
Regime 1: Here, A\ 1 — 0o as A — oo, and since o? = /\B@bi 1, we have Hg1 *(1) g1 ( >HL2(M)®K®2
<X |lg

1(t) *1 g2(t HLQ(M )®K®2 S 2% 1 |lg2(t) *(1) ga(t HLQ ®K®2 < AT 31/1“,
( )*1 g2 HLZ ®K®2 N 2w>\ 1 and laStly

H g1(t) *1 ga(t H L2 () 0K 52 < A7L. Note that all the above estimates are asymptotically bounded

H92(t)*(2)92 HL2 ®K®2~ 1/’,\17

from above by A~!, and using (5.5), the estimate in Theorem 3.7 yields
1
YN

N|=

ds(Fr, Z) S AF +

Regime 2: As in this case, we have Ay 1 — 1 as A — oo, we get o? = )\31/13\ ;X )\21@\71. Therefore,
we can reuse the computations from Regime 1 combined with (5.6) to get

d3(Fx, Z) < AT | Atx1 —1].
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Regime 3: In this regime, Ay 1 — 0 and A\/1y1 — o0 as A — 00, so that 0% = /\2¢A 1. This

(t *(1) g1( t)“i2 (1) DK ®2 S Awip ‘gl *(1) go(t HLQ HQK®2 ~ 7/})\ 15
(t) *(2) 92 HL2 2@ K®2 N 21/})\ 13 |g2(t) *1 92 HLQ (12)RK®?

S ¥aq and H91 ) *1 go(t HLQ(M)@K(@Q < )\1/1)\71. Slnce A2 < Py < A7H all terms listed are

HgQ(t)*[l)g? HL2 ®K®2~

asymptotically bounded by )\_21/1;%. Combining this fact with (5.7) yields

d3(Fx, Z) S /\711/1;&/2 + A1,
which concludes the proof. O

Appendix

This section gathers ancillary lemmas used in the proofs of our main results as well as in the
different applications presented in this paper.

5.3. Lemmas related to the proofs of Theorems 3.1 and 3.7. Our first two lemma contain important
results from Dobler et al. (2018) which we restate here for reader’s convenience.
Lemma 5.4. Let p,q > 1 be integers, and let Fy = I](fy),Gp = I} (gp) and F} = Igt(fq),Gf7 =

Igt (gp) be real-valued Poisson multiple integrals as constructed in Section 2. Assume further that
E[Fﬂ E[Gﬂ < 00. Then, the following limits hold almost surely.

(a) limy_y tIE[Ft F, |77] —qF

(b) Timy_s 115:[ (G — Gp)ln] = 2T (Fy, Gy)

(¢) limy_o 1 [Ft Gt Gp)ln| = 2I(F,, Gp) — pFyGy

(4) Tims 0 YE[(FE — F,)*] = ~4qE[F}] +12E | FZT(F,, Fy).
Proof: The proof of part (a), (b) and (d) are in Dobler et al. (2018, Proposition 3.2). Part (c) is a
consequence of (a) and (b). O

The following is an estimate from Dobler et al. (2018, Lemma 2.2), which improves upon a similar
result in Dobler and Peccati (2018, Lemma 3.1).

Lemma 5.5. Let p,q > 1 be integers, and let F, = Ij(f,) and F; = If]t(fq) be real-valued Poisson

multiple integrals as constructed in Section 2. Assume further that E[F;l],E[G;ﬂ < 0. Then, we
have

2
= 2 ptg—1 22 2 2 2
E[T(F,, Gy < <2> (E[F2G2] - E[FIE[G2] - 2B[F,G,).
Our next lemma states a more general version of Lemma 5.4, part (d).

Lemma 5.6. Let (X, X") be an exchangeable pair such that X = > Ij(z,) and X' = > I77 (xq)-
qeN geN
Let the pairs (Y,Y'),(U,U") and (V,V?') be defined in the same way. Assume further that E[Xﬂ,

E[Yﬂ E[Uﬂ and E[Vﬂ are finite. Then, one has

lim E[(X X)(Y; = V) (U = U)(V! = V)] =4E [f(x, Y)UV +T(X,V)YU

t—oo t

(X, V)YV + EXYUV] .
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Proof: This limit is a consequence of exchangeability and Lemma 5.4. Indeed, denoting
1
M, = SE[(X' = X)(% = Y)(U' - U)(V' = V)],

we can write

lim M; =2 lim 1E[XYUV XYUV - XY'UV - XYU'V — XYUV']

t—o00

+2 lim EE (X'Y'UV + X'YU'V + X'YUV!]
=2 lim EE[—(Xt - X)YUV - X(Y'-Y)UV - XY (U'-U)V - XYU (V' - V)]

+2 lim E[(Xth —XY)UV + (X'U' - XU)YV + (X'V! = XV)YU|
t—oo t
=2E[ - LXYUV — XLYUV — XYLUV — XYULV + L(XY)UV + L(XU)YV
+L(XV)YU]
—4E [f(X, Y)UV +T(X,V)YU + D(X,U)YV + EXYUV} .
O

The upcoming lemma is a version of Lemma 5.4 in the setting of Hilbert-valued random variables.

Lemma 5.7. Let X =}y o Fy, where Fy € HI(K) with covariance operator Sg andE[HFqHﬁ(} <
0o. It holds that
(a) limy 0 +E[(F} = Fy, Dg(X)) .| = —aB[(Fy, Dg(X))].
(b) timio 3E[ | FE — F 3] = 24B[IF %]
() time—so HE (1 (FL = F,), D*g(X)(Fy = Fy)) |
= % Zi,jeNE[f(Fq,i’ Fpj) <ki’ DQQ(X)kj>K] :
(4) Yimgso 3E[||FE = Fyl|3.] = 45 jen B[ 2, (T(Fygs Fug) — aEIF,)) |
+SZi,jeNE[Ftiqj<f(Fq,i’Fq,J) qE[Fy qg])}
— 43, e (B[ F2,F2,| - E[F;i]IE[F;j} — 2E[FyiFy, ).
In particular, when q = p then part (c) becomes

lim ~E Kl(th — Fy),D*g(X)(F} - Fq)>lj = Trx (D?*g(X)T'(Fy, —L7'Fy)).

t—0 2t q
Proof: Part (a) follows from
lim TE[(F} — Fy,, Dg(X)) ] = lim 1 ZE[ - Fq,i)king(X»K]
= ZE [%E)I(l) —E[F]; — Fyiln] <ki7Dg(X)>K:|
1€EN
= —a)_E[Fyi(ki, Dg(X))
1€EN

= —qE[(Fy, Dg(X)) g]-
We need to justify the exchange of expected value and limit in the second line above. This will
be done via the dominated convergence theorem, noting that other parts of this proof which are
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presented below will also require similar arguments. It is sufficient to consider only 0 < ¢ < 1. The
function g(t) = e~ is Lipschitz continuous on [0, 1]. Moreover, E[Fglm} = P,F,; = e "F,; per
Section 2.5 and sup,, ||Dg(x)||x < oo per Bourguin and Campese (2020, Lemma 2.4). Hence,

e_qt —

1
B[EL — Byl b D) | = |

Fy <ki,Dg<X>>K] < C|F,]

for some positive constant C. Then we can apply the dominated convergence theorem.
Part (b) is a result of

1 2
B[y 1 B[I7; - £ ] | ==

1
>ty 2 1 - )

€N
_22151[ (Fyis Fy) }
1€EN
~24E ||| Fy I}

For part (c), we can write

lim %E [<2 (F} - F,),D*g(X)(F} — Fp)>K]

o1 1
= %1_13(1) %E < E f(F;i - Fq,i)kiang(X) E (F;,j - Fp,j)kj>
K

ieN q JEN
i,j€EN
— Z E[F Fq“Fp‘j) <kl7D2.g(X)kJ>Ki|
JGN

Using the above expression in the case ¢ = p, along with the fact that

T(F,, F,)k; = r(Z Fyiki, Y Fq,mkm) kj= > T(Fyiki, Fymkm)k;

€N meN i,meN

1~
=y 2r(Fq,,F m) (ki @ ki + ki @ ki) K;
i,meN
:ZF qza

€N

yields

lim ~ Kl(Fg — Fy),D*g(X)(F} — Fq)> } = Trg (D*g(X)T'(Fy, —L7'F)).
K



Functional Gaussian approximations on Hilbert-Poisson spaces 543

For part (d), the exchangeability of (Fq, F;) and Lemma 5.6 imply

4
1
Hm > E[HFt FqHAH =lim ~E D (Fii— Fui)ki
L €N K
zlimlE Z(Ft._F ~)2(Ft-—F ,)2
t—0 ¢ 4 @ a0 0J 9]
| 4J€N
—421{3[ J(T(Fuss Fug) — aB[FE])]
i,jeN
+8Z [F(NFQJ< (FqlquJ)_qE[quF,JD]
i,jEN
—4q Z < FquFqQJ _E[F;i]E[Fq%j] _QE[Fq,in,j]Q)-
i,jeN

Via Lemma 5.7, we will establish a fourth moment bound that will help with the remainder term
in the proof of Theorem 3.1

Lemma 5.8. Let X =}, o Fy, where Fy € HI(K) with covariance operator Sg andE[HFqH%} <
0o. It holds that

N
1 1 2
Hm 2B N> S (Fy - R)|| X" - Xl
q=1 K
gzN\/lgpixNE[HFHK} > Vg \/IIFIIK IIFIIK} — 28 ll5s-
- 1<g<N

Proof: We have

N N

1 1
Do oE =R X =X | =B S - Fll ) 5 - Bl
g=1 p=1

K 1<q<N

1 2
<N 0 B[ - Fyll 15 - Bl
1<p,q<N

S TR AN R

1<p, q<N

The first line is due to chaos decomposition of X, X" and triangle inequality of ||-||;. The second

line is a consequence of (Zévzl yp> <N Z 1yp The last line is due to Holder’s inequality.
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Next, part (b) of Lemma 5.7 implies that
N

1 1
i (|3 2R |-
q=1 K
S SR e [P EET AN e Ty
1<pq<N
=N 11<na<x E[|F HK Z \/hm E }Ft FHK} (5.8)

Let us study the remaining limit on the rlght hand side. Lemma 5.7 says

1im1E[HF;—qu Z |F2 (T (Fus Fug) — aB[FE])]

t—0 ¢

+8Z | FuiFas (T(Fuis Fag) = GEIFyiFys)) |

i,jeN
—4q Z <E [F(121Fq2]] - E[Ft?,i]E[Ftij] - 2E[Fq,in7j]2)- (5.9)
1,jEN

We will treat each term of (5.9) separately. For the first term of (5.9), our proof will use an argument
similar to the proof of Dibler et al. (2018, Lemma 2.2) or Dobler and Peccati (2018, Lemma 3.1).
First, observe that if k is a fixed positive integer and Ji denotes the projection into the k-th Poisson

chaos, then
B2 (I515) | = 3 sl () A

1,JEN
In particular, the expansion in Dobler et al. (2018, Lemma 5.1) yields

2 ~ ~
E|:J2q(HFqH}8}2> :| = Z (2(])!<fq7i®fq7i7fq7j®fq7j>ﬁ®2q

1,j€EN
q—1 2
= Z <2E[Fq,in,j]2 + Z q!2 <1({> <fq,i*:fq,ja fq,j*:fq,i>f)®2q2r> :
ijeN —1
Thus, the first term of (5.9) can be bounded via

2q—1
S E[F2 (PR Fog) — B F2))] <5 3 D 20— WELR(FZ) G (F2,)]
7.7€N ,]GN k=1
2q—1

=3 o BB (17|
=1
2q—1
ng; DS ela(im) ]

k=1

2 —1 2
X (IIFqIIi—E[HFqu} - 215,

2 -1
q Z Z '2<> (fai% fq7jqu,j*11:fq,i>5®2q72r-

i,jEN r=1
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The second term of (5.9) will receive a similar treatment. Based on Dobler et al. (2018, Lemma
5.1), we have

E[JQq(Fq,in,j)] = Z (29)! qu,i(éfq,jH;@zq

7,7 EN
= 3 (st Bl + 30 (1) Vot )
1,JEN
Hence,
2q—1
2
Z E[FQZFQJ( (Fy,is Fgj) — qE[FyiFy 5] ﬂ Z Z (2¢ — K [Jk(FqJFq,j) }
i,jEN ,jEN k=1
2q—1
2 -1
=1 S Y BB ]
4,7EN k=1
_za-1 (E[F2FZ,] - E[FLIE[FZ] - 2E[FyFy,l°)
- 2 q,i" q,] % q,J 9,1~ 4,7
2q —1
) zqﬂ( ) ¥} Fas B
i,JEN r=1

2 —1 2
<2 (1ms - E[IRIE]” - 21 )

2 -1 < 22 /q\?
_ o
T Z Zq!2 (r) [ faixrfa.illgoza—2r -

1,jENr=1

In addition, based on that fact that

> (2 aixifos

2
He2—2r T2 (faixrfads fCIJ*:f(L’L')fJ@’QQ*?T)
4,JEN

2 2
=Y <qu,z'*?fq,jHﬁ®zq—zr + 2 {fai*rfags fagrfai) geza2r + \\fq,j*?fq,i\!mzq—zr)

1,JEN

2
= 3 (Mo fai + Faieifaillyonn = )
3,J€EN
>0,

we deduce from (5.9) that
2
4 2 2
ti 6 [|[7¢ - Rl ] < G- 0) (150~ E[IF1E])” - 20500 )
Combining this with (5.8), we arrive at the fourth moment bound in the statement of this lemma. [

The result below is an adaptation to our setting of a classical combinatorial identity appearing
in Peccati and Taqqu (2011, Proof of Proposition 11.2.2).



546 Solesne Bourguin, Simon Campese and Thanh Dang

appearing in Equation (1.3) can be written in terms

2
. ~0
Lemma 5.9. The quantity qu,i*ofm’ f®a+p

of norms of non-symmetrized contractions as
2 2 2 2
=q'p! || fq.ill§yeq ||fp,j||5®p + 4 (fai fai) 590 Lig=p}
+¢'p! ! quz A fp]H ola-sl L{g#p}
gAp q /\p gNnp JPsJ |l p®la—p q7p

gAp—1 N
2
- ; q'p! <T> <r> [T [ —

Proof: The procedure in Peccati and Taqgqu (2011, Proof of Proposition 11.2.2) will be slightly
modified to fit our situation. Let &y, be the sets of all permutations of (¢ + p) elements and
assume 7, p € &4, When the intersection set {m(1),...,7(¢)} N {p(¢+1),...,p(¢+ p)} contains
7 element, this will be denoted by 7 ~ p. Since $ = L?(Z, 1), we have that

(g +p)! qu,z Ofp,]H

H®a+p

qul OfP,JHﬁ@,q+p quiéfp,sz@qw
NCED) ﬁ;@q /Zq+ Fai(Zx ), 20@) Fod (Zrar)s - Zniasm)

Fai(Zo(1)s - Zp(@) Fo.d (Zota)s - - Zotam ) (A1 - - d2gp)

gAp—1

:(qu)p Y ZA”JFZAQJFZAg . (5.10)

m€6q1p \ =1 2L, =y 7Py

For the second sum in (5.10), 7 2 p is equivalent to

{r(g+1),...,m(qg+p)}

{r(D),...,7(@)} 0 {p1),....p(q)} = {r(1),...,7(q)}
{m(g+1),...;7(g+p)y N {plg+1),...,p(q +p)} =

which implies that

A2 = / (/ fq,i(zfr(l)a-" 7z7r(q))fq,i(z7r(1)7' . '7Zﬂ'(q)))
ZaAp ZaAp

(fp,J( (g+1)> 7r(q+p))fp7j (Zfr(qul)v e vzfr(q+p)))/~‘(dzl oo dzgtp) =

Furthermore, observe that for a fixed element 7 € &4y, there are ¢! ways to permute {1,...,q}
and p! ways to permute {¢ +1,...,¢q + p}. Since f,; and f, ; are symmetric functions, we have

2 2
ZAQ = ¢'p! qu,i”_ﬁ@q ”pr”yj@p .

0
T~p
For the third sum in (5.10), there are two cases to consider. If ¢ = p then 7 < p means

{m(1),...,m(@)} N {p(g +1),...,p(29)} = {7(1),...,7(q)}
{r(g+1),....720)} N {p(1),....p(0)} = {m(q + 1),...,7(20)}
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which implies that

A3 :/ < fq,i (’Zﬂ'(l)7 ceey Zw(q))fq,j (ZTI'(l)7 ceey ZTI'(q)))
Zq Al

fq z( (g+1)> Z,T(Qq))fq’j (Zﬂ.(qul), ceey Zﬂ.(gq)),u,(dzl N dZQq)
= <fq,i7 fq7j>?j®q ]]-{q=p}7

and there are ¢!? copies like the one above. On the other hand for ¢ # p,

A3:/ </ fq,i(Zw(l) )fp,J( q+1),...,zp(q+p))>
Zla—p| ZaAp

(/ fq,i (Zp(l)v R Zp(q))fp,j (Zw(q+1)7 ceey Zﬂ'(q—‘,—p))) M(le R qu—i—p)
_ (Fai *200 £, )2 0(dz . dzg_p)
la—p) AP TP Le--82g—p|

= qu,i *ZQZ fp,me\q—m :

qAp :
Given a fixed 7 such that 7 p and q # p, there is a total of (q/\p) (qﬁp) ways of choosing ¢ A p

elements in {7(1),...,m(¢)} N{p(¢+1),...,p(¢ +p)} and ¢ A p elements in {7w(q+ 1),...,7(q +
p)} N {p(1),...,p(¢)}. In addition, there are ¢!p! ways to organize {p(1),...,p(q)} and {p(q +
1),...,p(¢+ p)}. Therefore, combining the case ¢ = p and q # p gives us

As = g2 (Fris o V2 Tpoe (9 : 1
% 3=dq <fq,7fq,j>5§®q {qp}+qp<qu> <q/\p> qu q/\pfnJHy)@\q »l *{a#p}-

T~ P

We now turn to the first sum on the right side of (5.10), that is when 7 ~ p for 1 <7 < gAp— L.
We can write

ALT:/ </ fq,i(zw(l) )fp,J( (g+1)» P(q+P))>
Zaq+p—2r VAS

( zr Jai(2o1)s- -+ 20 Joi (ntarn)s - Zﬂ(q+p))>ﬂ(d2’1 o dzgrp)
N /Z‘IQ+p2r(fq7i w5 Fo(215 s 2qapar) n(d2n - dzgip o)

2
= | fa.i*r fpj

‘53®q+p—2r .

There are (?)(Y) ways to choose r elements in {r(1),...,7(q)} N {p(g + 1),...,p(qg + p)} and r
elements in {m(¢+1),...,7(¢+p)} N{p(1),...,p(q)}. Furthermore, there are ¢!p! ways to organize

{p(1),...,p(¢)} and {p(q¢ +1),...,p(q + p)}. This yields

r=1

gAp—1 qAp—1 ,
> = Yt (7) (7) Wi Sl
r=1 7er
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Thus, we can expand (5.10) as

(¢ +p)! 2 2 2
#0785, = Fem (! il s+ 01 Ui Fasbion L

q
+ q!p! > <q /\p> qu,z gﬁz fp:j”;@\qu\ 1{‘17@)}

qA\p—1
+ Z q!p' <7“> ( > qu, fp7j||52>j®q+p72r ),

which is the desired statement. O

5.4. Lemmoas related to the proof of Theorem 5.2. Our first lemma expresses the Hilbert-Schmidt
norm in a Besov-Liouville space as an norm in L2 ([0 1]®2)

Lemma 5.10. Let K = Ig5 and S be the covariance operator of a random variable X € L*(Q)® K.
Let f € K, then

(Dg+ S f) (s) = /0 ‘g [(D@X) (r) (D€+X) (s)} (Dg+ f) (r)dr (5.11)
is in L2([0,1]). This leads to
1Slusi = B[ (D5 X) ) (D5 %) (5)]|

Proof: Let f,g € K. Applying Fubini’s theorem to (Sf, g) x = E[(f, X) i (9, X) ] and rearranging
terms yields

[ (03:57) ) (Do) (10
’ 1 1
= [ () Bl(5x) e (5.x) 0] (05 £) ) (05 0) oy

which is equivalent to

/01<<Dg+5’f) (s) —/OlEKDf;X) (r) (D@X)(s)} (D§+f) (r)d )(Dmg)( )ds =0.  (5.13)

Let {gn},cn Pe an orthonormal basis of Zg 5. Due to the isometry between Tz and L?([0,1]), the
set {D0+gn} N is an orthonormal basis of L2([0,1]). Then, Equation (5.13) implies (5.11).
ne

1) (5.12)

To prove (5.12), let {e,}nen be an orthonormal basis of L2([0,1]). Then, {em @ €5 }mmen is an
orthonormal basis of L%(]0, 1]%2). Also, { +en} N is a basis of K. Now observe that, using (5.11),
ne

we can write

<Ig+em,SI§+en>K = /01 em(s) (D€+ng+en) (s)ds

_ /1 em(s) ( /01 E[(DQX) (r) <D§+ X>(3)}en(7a)dr) ds

/ / D§+ )(Df;X) (s)} em(s)en(r)drds,

which leads to

151250y = > <I§+em,5‘f§+en>izHE[(D@X)@)(D@X)@)”

m,neN

2

L2([0,1)22)’
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where the first equality comes from the identity HTH%IS( K) = 2mneN (km, Tky)3 for an operator
T € HS(K) and an orthonormal basis {ky, }nen of K. O

Remark 5.11. Let ¢ be a L?([0, 1])-valued random variable with covariance operator 7. Then the
second statement in Lemma 5.10 is comparable to the identity

1T sz (o,11)) = NELC(MC) L2(0,1702)
whenever T' € HS (L? ([0, 1])).

The following lemma is helpful to compute the Hilbert-Schmidt norms of the Poisson process and
Brownian motion appearing in Subsection 5.1.

Lemma 5.12. Let the setting of Subsection 5.1 prevail, where Xy and Z denoting a Poisson process
and a Brownian motion in Ig o, respectively. Then, one has

E|(D5.2)()(Dg, 2) ()] = B[ (D5 X2) () (Df. X2 ) (5)]
= F(—Bl—}— 72 /o (r —z) P (s — 2) Pda.

Proof: According to Coutin and Decreusefond (2013, Section 3.1), the covariance operator of our
Brownian motion is S’ = I@I&IBIII,_’BD&. Substituting this into Equation (5.11), we get

(D5 1013127 D ) () = /0 11[4:[(13612) (r)(D5.2) )| (D5 £ ) (). (5.14)

For the left-hand side, note that f € Z» implies that D), f € L? C L', so that I,, "I, "°DJ}, f € L',
Thus, Dé[éﬁ+ = I by Samko et al. (1993, Theorem 2.4). Continuing with the left-hand side, we

first write out Ié: p using its definition and then perform an integration by part, which yields

(11030 ) ) =555 | 10t =) (D3 1)y

i | (10006 =) 0) (D)

In particular, the integration by part is valid since Samko et al. (1993, Equation (2.20)) is satisfied
forp=¢g=2and 0 < 8 < 1/2. Equation (5.14) then becomes

[ (rrrte” (ot =) 0= B[ (06.2) ) (95, 2) 0] ) (05 ) = 0.

Now, using a basis argument like the one in the proof of Lemma 5.10 yields

E[(Dy.2) () (D5, 2) ()] = F(ll—ﬁ) 17 (1090 =) ()

= I-‘(liﬁ)Q/OT(T — zc)_ﬁ(s — l‘)_ﬂ1[075]($)dx

—71 Msr—x_ﬁs—x_ﬂ T

Next, we will compute E[(Dg X A) (r) (Dg X A) (s)} Recall the representation of X given at
(5.2). In order to use this representation, we need the joint density of (7,,7T,,). By definition, T, ap
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and Typvn — Tinan are independent and distributed as I'(m A n, A) and T'(Jm — n|, ), respectively.
Their joint density is hence given by

\mVn Am—1_ |m—n|—1_—X(z+y)
_ nAm=L, m=n|—1,=ATTY)
me/\n,Tm\/n*Tm/\n (CL’, y) F(n \/ m)r(|m - n‘) ! y ’

Since Trvn = Tman + (Tvn — Timan), We can write, using a simple change of variable,

)\m\/n

L'(n Am)I'(jm —n|)

me/\n7TmVn (.I', y) = xn/\mfl (y - x)lmin|7leiAy]1{x<y}' (515)

We are now ready to compute E [(DngX)\) (r) (D§+X>\) (s)] We have

E [(D€+XA) (r) <D5+X>\) (S)}

1 _ a1 As AL )
(=B +1) <n,%£NE[(T TG Tm)f} - —B+1 %E {(T - Tn)f}
)\T‘_B'H _ A2 B B
B —-6+1 %E[(s - Tm>+ﬁ} + ms ’B+17" ’8+1)
- m_; T 1)? <ZE[<7’ 1) = T3 + 30 D B[ =) (s - 1)
neN neNm#n
- Sl - 10 - e - 1]
o5 —B+1,.—6+1
e ES e : (5.16)

The first sum on the right side (consisting of all diagonal terms when m = n) simplifies as

o L[ - TP -1
neN

1 00 - N
_AF(—ﬁJrl)“’Z/o (’"—@ﬁ(s—x)f%x LA dy
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Next, we consider the second sum on the right side of (5.1

(5.15) enables us to write

>SS BT s - Tw)”

neNm#n

=3 Y Ele-T) -,
neNm=n+1

:AQ/OMS/OS(T—;E)—ﬁ(s
+)\2/OMS/OT(S—33)_6(T

By letting £ = m — n, it is easy to see that

07+ Y Y[

meN m—+1
00

)\:L,n 1/\y )\x)m n—1

6). The joint density of (T}, T,,) given in

W3 (s = L)y

ey 3 !

neNm=n+1

)\xm 1 /\y Al‘)n m—1

dydx

I'(m —n)

ey 3 |

meENn=m+1

Z i )\xn 1 /\y Al‘)m n—1 _6)\y’
neNm=n+1 m_n)
and hence
)IP I (CRESEINRERTY
neNm#n

dyd
Tn—m)

TAS s TS r
= )\2/ / (r—x)ﬂ(s—y)ﬁdydx—l-)\Q/ / (s —x) P (r — y) Pdyda
0 0 0 0
2

= —,8)\—1—1 /OT S(r—x)_ﬂ(s—x)_ﬁ(s—i—t—Qx)d:U

)\2
T (B2
)\2
G
)\2
CEEE

For the remaining sums in (5.1

(s —z) PTr—x

g B+, =B+l

ZE[(S

meN

Substituting the previous calculations into (5.16) yields
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0

6), observe that
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1
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e 1 Msr—xfﬁs—xfﬁ x
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