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Abstract. We derive explicit representations for the (Siegmund) dual and the inverse flow of gen-
eralized Ornstein-Uhlenbeck processes whenever these exist. It turns out that the dual and the
process corresponding to the inverse stochastic flow are again generalized Ornstein-Uhlenbeck pro-
cesses. Further, we observe that the stationary distribution of the dual process provides information
about the hitting time of zero of the original process.

1. Introduction

Half a century ago Siegmund (1976, Thm. 1) characterized when a [0,∞]-valued Markov process
has a so-called dual [0,∞]-valued Markov process. According to his results, under mild regularity
assumptions, the relevant conditions on the Markov process are stochastic monotonicity and right-
continuity of the associated tail function in the starting value. In this paper, we shall not work
with [0,∞]-valued Markov processes but with generalized Ornstein–Uhlenbeck processes, which
are particular R-valued time-homogeneous Markov processes. In analogy to Siegmund’s original
definition, given an R-valued (universal) time-homogeneous Markov process (Xx

t )t≥0 (where Xx
0 =

x ∈ R denotes the starting value), another R-valued (universal) time-homogeneous Markov process
(Y y

t )t≥0 (with starting value Y y
0 = y ∈ R) will be called (Siegmund) dual to (Xx

t )t≥0, if

P(Xx
t ≥ y) = P(Y y

t ≤ x), 0 ≤ t < ∞, x, y ∈ R, (1.1)

i.e. P(Xt ≥ y|X0 = x) = P(Yt ≤ x|Y0 = y).
Note that, similar to the notation in Øksendal (2003, Def. 7.1.1 f.) or Øksendal and Sulem (2007,

Def. 1.21), in the following and as above, we denote by (Xx
t )t≥0 the time-homogeneous universal

Markov process (Xt)t≥0 started in x, i.e. P(Xx
t ∈ B) = Px(Xt ∈ B) = P(Xt ∈ B|X0 = x) for all
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B ∈ B(R), t ≥ 0. Also note that the definition of Siegmund duality in (1.1) is a special case of more
general dualities of Markov processes; see Jansen and Kurt (2014) for an overview.

The duality relation (1.1) is widely known and commonly used in applied probability, as it provides
a powerful tool to link hitting probabilities and asymptotic behavior of dual processes. To illustrate
this, let (Y y

t )t≥0 be dual to (Xx
t )t≥0 and consider τ(y) := inf{t ≥ 0: Y y

t ≤ 0} and assume that
(Y y

t )t≥0 is absorbed when it first becomes non-positive. Then, under suitable regularity conditions,

P(τ(y) < ∞) = lim
t→∞

P(Y y
t ≤ 0)

(1.1)
= lim

t→∞
P(X0

t ≥ y) = P(X ≥ y) ∀ y ≥ 0,

where X is a random variable whose law is given by the limiting distribution of (X0
t )t≥0, provided

it exists.
This relationship has been used to determine entrance and exit laws or behaviour at reflecting

barriers in the context of birth-death chains (see e.g. Cox and Rösler, 1984; Dette et al., 1997;
Diaconis and Fill, 1990; Huillet, 2010; Huillet and Martinez, 2011), in actuarial mathematics and
mathematical finance (Asmussen, 1995; Asmussen and Albrecher, 2010; Asmussen and Sigman, 1996;
Goffard and Sarantsev, 2019; Kolokoltsov, 2015), as well as in game theory (Lorek, 2017, 2018) and
population genetics (Cordero et al., 2025; Foucart, 2019; Foucart and Vidmar, 2024; Kukla and
Möhle, 2018; Möhle, 2018), just to mention a few. In the setting of interacting particle systems
Siegmund duality has been exhaustively studied, see e.g. Liggett (1985) for a textbook reference.
An analysis of Siegmund duality for multidimensional processes was carried out in Błaszczyszyn
and Sigman (1999); Kolokoltsov and Lee (2013), where the first reference discusses set-valued dual
processes and the latter uses a generator approach for Siegmund duality based on Pareto ordering.
A recent reference for applications of (1.1) in physics is Guéneau and Touzo (2024).

In this paper, we treat Siegmund duality for the above mentioned setting of (time-homogeneous)
Markov processes with state space R. In particular, we consider solutions of the stochastic differ-
ential equation (SDE)

dV x
t = V x

t− dUt + dLt, V x
0 = x, (1.2)

for a general bivariate driving Lévy process (Ut, Lt)t≥0. Assuming that U does not admit jumps of
size −1, these solutions are known as generalized Ornstein-Uhlenbeck (GOU) processes and they can
be expressed explicitly; see Behme et al. (2011, Thm. 2.1). We use this fact to prove in Section 3,
Theorem 3.5, that the dual of a GOU process (V x

t )t≥0, if existent, is again a GOU process, namely
a process (Ry

t )t≥0 solving an SDE of the form (1.2). We furthermore discuss the relation between
hitting probabilities and stationary distributions of the dual pair of GOU processes. As it turns
out, see Corollary 3.6 below, the appearing (causal) stationary distribution of the dual GOU process
coincides with the non-causal stationary distribution of the original GOU process. When L is a
subordinator and U only has jumps of size > −1, then (V x

t )t≥0 can also be viewed as a [0,∞)-valued
Markov process when only x ≥ 0 is allowed, while the derived dual GOU process (Ry

t )t≥0 on all
of R is driven by the negative of a subordinator, hence becomes also negative, even when y ≥ 0.
Hence, the Siegmund dual process (R̂y

t )t≥0 of (V x
t )t≥0, x ≥ 0, viewed as an [0,∞]-valued process

(i.e. as in the original setting of Siegmund, 1976), must be different from the Siegmund dual GOU
process (Ry

t )t≥0, viewed as a Markov process on R (i.e. as defined above). In Proposition 3.8 we
clarify the relation between R and R̂.

Note that despite the fact that GOU processes are known to be Feller processes as long as
U has no jumps of size −1, see Behme and Lindner (2015); Kühn (2018), the approach via the
dual generator provided in Kolokoltsov (2011) is not fully applicable in the present setting. This is
partly due to the fact that in Kolokoltsov (2011), the analysis is restricted to processes with bounded
coefficients (although it is stated that this can be dropped), which does not hold for GOU processes.
Moreover, the assumptions made in Kolokoltsov (2011) to guarantee stochastic monotonicity and
hence existence of a dual process would imply that only positive jumps of the Lévy process U are
admissible. This however is not necessary as we shall see in Lemma 2.5 below.
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As it is often the case for dual processes, there is an intrinsic relation between time-reversal of
a Markov process (more precisely, the stochastic process induced by the inverse stochastic flow)
and its dual process; see e.g. Diaconis and Fill (1990); Nagasawa (1964). In case of processes
with continuous paths, this connection follows easily, as the time-reversed process shifted along
the vertical axis provides a version of the Siegmund dual process; see e.g. Sigman and Ryan
(2000). However, path continuity is not a necessary condition, as, e.g. the duality relation of the
Cramér-Lundberg risk process absorbed in ruin and the M/G/1-queue workload process described
in Example 2.6 below can be proved via a time-reversion argument; see Asmussen and Albrecher
(2010, Chapter III.2). Motivated by this, we turn our attention to the inverse flow of GOU processes
in Section 4 and prove in Theorem 4.1 that the process associated with the inverse stochastic flow
is again a GOU process and, moreover, that it provides a version of the dual GOU process.

This study of time inverted GOU processes is very timely and of particular interest by itself, as
time-reversals of OU processes are fundamental for the most prominent denoising diffusion models
in image generation; see e.g. Croitoru et al. (2023). Recent studies, such as Yoon et al. (2023),
outline the potential of (time inverted) jump diffusions in this context, and GOU processes are a
natural candidate to pursue this approach.

2. Preliminaries

General information regarding Lévy processes can be found e.g. in Bertoin (1996); Brockwell and
Lindner (2024); Sato (1999), and for stochastic integration we refer to Protter (2003).

2.1. Generalized Ornstein-Uhlenbeck processes. Throughout, let (Ut, Lt)t≥0 be a bivariate Lévy pro-
cess with characteristic triplet (γU,L,ΣU,L, νU,L) for some location parameter γU,L ∈ R2, a non-
negative definite Gaussian covariance matrix ΣU,L =

(
σ2
U σU,L

σU,L σ2
L

)
∈ R2×2, and a Lévy measure νU,L

on R2 \ {0}. Then the characteristic function of (Ut, Lt)t≥0 at (x, y)T ∈ R2 is given by

Eei(xUt+yLt) =exp

{
t

(
i(x, y)γTU,L − (x, y)ΣU,L(x, y)

T /2

+

∫
R2\{0}

(ei(x,y)z
T − 1− i(x, y)zT1{|z|≤1}) νU,L(dz)

)}
,

where the superscript T denotes transposition. The marginal location parameters and the marginal
jump measures of U = (Ut)t≥0 and L = (Lt)t≥0 are denoted by γU , γL, νU , and νL, respectively.

For any càdlàg process Z we denote by Zt− the left-hand limit of Z at time t ∈ (0,∞), set
Z0− := Z0, and write ∆Zt = Zt − Zt− for its jumps. Throughout, we make the assumption

νU,L({−1} × R) = 0, i.e. ∆Ut ̸= −1 for all t ≥ 0, (2.1)

when considering the SDE (1.2), as it implies that the unique solution is of the form as stated in
Lemma 2.1 below.

Recall that the stochastic exponential (E(U)t)t≥0 of (Ut)t≥0 is the unique solution of the SDE

dE(U)t = E(U)t− dUt, E(U)0 = 1,

which can be expressed explicitly by the Doléans-Dade formula (see Protter, 2003, Thm. II.37) as

E(U)t = eUt−σ2
U t/2

∏
0<s≤t

(1 + ∆Us)e
−∆Us , t ≥ 0. (2.2)

From this it follows that E(U)t ̸= 0 for all t under Assumption (2.1), while E(U)t > 0 for all t if
and only if ∆Ut > −1 for all t.
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Lemma 2.1 (Behme et al., 2011, Prop. 3.2). Under Assumption (2.1), the solution (V x
t )t≥0 of

(1.2), called the generalized Ornstein-Uhlenbeck (GOU) process, is unique and given explicitly by

V x
t = E(U)t

(
x+

∫
(0,t]

E(U)−1
s− dηs

)
, t ≥ 0. (2.3)

Hereby, (E(U)t)t≥0 is the stochastic exponential of (Ut)t≥0 and η = (ηt)t≥0 is the Lévy process given
by

ηt = Lt −
∑

0<s≤t

∆Us∆Ls

1 + ∆Us
− tσU,L, t ≥ 0. (2.4)

Observe that if U and L are independent, then ∆Ut∆Lt = 0 for any t ≥ 0 and σU,L = 0, hence
η = L by (2.4). This is particularly the case if Ut = −λt is chosen deterministically and we refer to
the resulting GOU process

V x
t = e−λt

(
x+

∫
(0,t]

eλs dηs

)
as Lévy-driven Ornstein-Uhlenbeck process.

If the Assumption (2.1) is strengthened to

νU,L((−∞,−1]× R) = 0, i.e. ∆Ut > −1 for all t ≥ 0, (2.5)

then E(U)t > 0 for all t and one can define another Lévy process ξ = (ξt)t≥0 by ξt := − log E(U)t
for all t ≥ 0, resulting in the more common explicit representation of a GOU process as

V x
t = e−ξt

(
x+

∫
(0,t]

eξs− dηs

)
, t ≥ 0. (2.6)

If additionally L is a subordinator, then also η is a subordinator, since in this case σU,L = 0 and
∆ηt = ∆Lt/(1 + ∆Ut). Further, due to (2.6), in this case the resulting GOU process started in
some x > 0 only takes values in (0,∞).
Given the bivariate Lévy process (ξ, η), the process (U,L) can be recovered via(

Ut

Lt

)
=

(
−ξt +

∑
0<s≤t(e

−∆ξs − 1 + ∆ξs) + tσ2
ξ/2

ηt +
∑

0<s≤t(e
−∆ξs − 1)∆ηs − tσξ,η

)
, t ≥ 0, (2.7)

see Behme et al. (2011, Eq. (1.3)).

Throughout the paper, let F = (Ft)t≥0 denote the augmented natural filtration of (Ut, Lt)t≥0,
and note that by Behme and Lindner (2015, Thm. 3.1) (see also Kühn, 2018), (V x

t )t≥0 is a rich
Feller process and hence a Markov process with respect to F.

Our exposition will further rely on the following lemmata.

Lemma 2.2 (Behme et al., 2011, Lemma 3.1). Suppose (2.1) is satisfied, then for every t ≥ 0,(
E(U)t

E(U)t
∫
(0,t] E(U)−1

s− dηs

)
d
=

(
E(U)t∫

(0,t] E(U)s− dLs

)
.

Lemma 2.3 (Behme et al., 2011, Lemma 3.4 or Karandikar, 1991, Thm. 1). Assume (2.1) and let
W = (Wt)t≥0 be defined by

Wt := −Ut + σ2
U t+

∑
0<s≤t

(∆Us)
2

1 + ∆Us
, t ≥ 0.

Then W is a Lévy process satisfying

E(U)−1
t = E(W )t, t ≥ 0,
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and its characteristic triplet (γW , σ2
W , νW ) is given by

γW = −γU + σ2
U +

∫
R

(
z1{|z|≤1} −

z

1 + z
1{z≥−1/2}

)
νU (dz),

σ2
W = σ2

U , and νW = F (νU ) (the image measure) for

F : R \ {−1} → R \ {−1}, x 7→ −x

1 + x
.

Consider (2.3) with an arbitrary, not necessarily deterministic starting random variable V0, i.e.

V V0
t = E(U)t

(
V0 +

∫
(0,t]

E(U)−1
s− dηs

)
, t ≥ 0. (2.8)

In Behme et al. (2011) it was examined under which conditions V0 can be chosen such that (V V0
t )t≥0

is stationary. Here, (V V0
t )t≥0 is called stationary if its finite-dimensional distributions are shift-

invariant. The distribution of V0 is then called a stationary distribution of (V x
t )t≥0. The stationary

distribution is clearly an invariant distribution of the Markov process (V x
t )t≥0.

Lemma 2.4 (Behme et al., 2011, Thm. 2.1 and its proof). Assume (2.1).
(a) Suppose that limt→∞ E(U)t = 0 almost surely. Then a finite random variable V0 can be

chosen such that (V V0
t )t≥0 defined by (2.8) is stationary if and only if the limit∫

(0,∞)
E(U)s− dLs := lim

t→∞

∫
(0,t]

E(U)s− dLs (2.9)

exists almost surely and is finite. In that case, the stationary distribution is unique, given
by the law of (2.9), and it is the limit distribution of (V x

t )t≥0 as t → ∞ for arbitrary x ∈ R.
The stationary process (V V0

t )t≥0 in this case is also unique in distribution and the starting
random variable V0 is independent of (Ut, Lt)t≥0.

(b) Suppose that limt→∞ E(U)−1
t = 0 almost surely. Then a finite random variable V0 can be

chosen such that (V V0
t )t≥0 defined by (2.8) is stationary if and only if the limit

−
∫
(0,∞)

E(U)−1
s− dηs := − lim

t→∞

∫
(0,t]

E(U)−1
s− dηs, (2.10)

exists almost surely and is finite. In that case, the stationary solution is unique and given by
V V0
t = −E(U)t

∫
(t,∞)(E(U)t)

−1 dηs. In particular V0 (and hence the stationary distribution)
is unique and given by (2.10).

The stationary solution (V V0
t )t≥0 obtained in (a) is called causal, since there V0 is independent of

(Ut, Lt)t≥0 (equivalently, of (Ut, ηt)t≥0), and the distribution of V0 is then called a causal stationary
distribution. On the other hand, V0 obtained in case (b) is not independent of (U,L) (unless V0

degenerates to a constant), which is why we refer to the solution (V V0
t )t≥0 and the distribution of V0

in case (b) as non-causal stationary solution/distribution. Observe that the stationary distribution
is the limit distribution of (V x

t )t≥0 for arbitrary x ∈ R in the causal case, while this is in general
not true in the non-causal case.

Necessary and sufficient conditions for almost sure convergence of the so-called exponential func-
tionals

∫
(0,∞) E(U)s− dLs and −

∫
(0,∞) E(U)−1

s− dηs have been obtained by Erickson and Maller
(2005), conditions for the almost sure convergence of E(U)t or E(Ut)

−1 to 0 in Doney and Maller
(2002), and all these results are summarised in Behme et al. (2011, Thm. 3.5 – Cor. 3.7). Further,
as shown in Behme et al. (2011, Thm. 2.1), if neither E(U)t nor E(U)−1

t converges almost surely to
0 as t → ∞, and neither U nor L is the zero-process, then choices of V0 making (V V0

t )t≥0 stationary
exist only in degenerate cases, namely if there exists k ∈ R \ {0} such that almost surely

k · Ut = −Lt, t ≥ 0. (2.11)
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As shown in Behme et al. (2011, proof of Thm. 2.1), Equation (2.11) for k ̸= 0 is equivalent to∫
(0,t]

E(U)s− dLs = k(1− E(U)t) for each t ≥ 0, (2.12)

and the strictly stationary solution is then indistinguishable from the constant process Vt ≡ k.
Distributional properties of exponential functionals, i.e. of the stationary distributions of GOU
processes, are widely studied, see e.g. Carmona et al. (1997); Paulsen (1993); Yor (2001) for early
studies in this field providing concrete examples under specific assumptions on the driving Lévy
processes, Behme (2015); Behme and Lindner (2015) for results in a broader context, or the recent
review Minchev and Savov (2026). For example, when U is a standard Brownian motion, then
E(U)t = eUt−t/2 converges almost surely to 0 and it follows from the results of Erickson and Maller
(2005) that

∫
(0,∞) E(U)s− dLs converges almost surely to a finite random variable if and only if |L1|

has finite log-moment.
Lastly, as this is of interest in the study of duality, we add the following lemma concerning

stochastic monotonicity of GOU processes.

Lemma 2.5. Suppose that (2.1) is satisfied. Then the GOU process (V x
t )t≥0 solving (1.2) is stochas-

tically monotone (in the sense that the mapping x 7→ P(V x
t ≥ y) is non-decreasing in x ∈ R for any

y ∈ R and t ≥ 0) if and only if (2.5) is satisfied.

Proof : First assume (2.5), i.e. ∆Ut > −1 for all t. By (2.2) we have E(U)t > 0 for all t ≥ 0 and
hence for fixed t the mapping

x 7→ V x
t = E(U)t

(
x+

∫
(0,t]

E(U)−1
s− dηs

)
is an increasing, affine function in x. Thus, for x1 ≤ x2 and y ∈ R we have {V x1

t ≥ y} ⊂ {V x2
t ≥ y},

and therefore
P(V x1

t ≥ y) ≤ P(V x2
t ≥ y),

thus proving stochastic monotonicity.
For the converse implication, assume that U has jumps of size < −1 with positive probability, then
P(E(U)t < 0) > 0 by (2.2). Now if (V x

t )t≥0 were stochastically monotone, then for all fixed x, y ∈ R
and t > 0 we would have

P(V x
t ≥ y) ≤ lim

z→∞
P(V z

t ≥ y)

= lim
z→∞

P
(
E(U)t

(
z +

∫
(0,t]

E(U)−1
s− dηs

)
≥ y, E(U)t > 0

)
+ lim

z→∞
P
(
E(U)t

(
z +

∫
(0,t]

E(U)−1
s− dηs

)
≥ y, E(U)t < 0

)
= P(E(U)t > 0).

In particular
1 = lim

y→−∞
P(V x

t ≥ y) ≤ P(E(U)t > 0) < 1,

for x ∈ R and t > 0, which is a contradiction. Hence (V x
t )t≥0 cannot be stochastically monotone. □

2.2. Hitting probabilities. As described in the introduction, Siegmund’s duality is often used to
match ruin probabilities, i.e. hitting probabilities of the negative half line, with stationary distri-
butions of the dual processes. To further illustrate this connection, consider the following example
which falls in the setting of GOU processes and motivates our considerations in Corollary 3.7.
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Example 2.6. Assume that (Y y
t )t≥0 = (Ry

t )t≥0 is a Cramér-Lundberg risk process absorbed in ruin.
This process can be defined by

Ry
t := (y +Kt)1{t<τ(y)}, t, y ≥ 0,

where

Kt := ct−
Nt∑
i=1

Si, τ(y) := inf{t ≥ 0 : y +Kt ≤ 0},

for some premium rate c ≥ 0, a Poisson process (Nt)t≥0 of claim arrivals, and i.i.d. strictly positive
claim sizes {Si, i ∈ N} independent of (Nt)t≥0. The time τ(y) is the ruin time. In this case, it is
well-known that (Ry

t )t≥0 is dual in the original sense of Siegmund (1976) (i.e. (1.1) holds for all
x, y, t ≥ 0, not x, y ∈ R) to the M/G/1-queue workload process (Xx

t )t≥0 = (V x
t )t≥0 defined by

V x
t = x+

Nt∑
i=1

Si −
∫
(0,t]

c1{V x
s >0} ds, x, t ≥ 0,

see Prabhu (1961) for the earliest reference on this relation, or Asmussen and Albrecher (2010,
Chapter III.2) for a textbook treatment. (Actually, apart from Asmussen, 1995, Example 3.5,
where no proof is given, in most references equation (1.1) is only verified for the case y ≥ 0 and
x = 0. However, the proof given in Asmussen and Albrecher, 2010, Chapter III.2 can be easily
adapted for general x, y ≥ 0). Thus, in the present situation, the ruin probability can be written as

P(τ(y) < ∞) = lim
t→∞

P(Ry
t ≤ 0) = lim

t→∞
P(V 0

t ≥ y) = P(V ≥ y),

where V is a generic random variable whose law is given by the limiting distribution of the dual
process (V 0

t )t≥0 which is assumed to exist and to have no atom at y, cf. Asmussen and Albrecher
(2010, Chapter III.2).

Hence, in this situation, duality allows to transform the hitting (or ruin) probability of (Ry
t )t≥0

into the cdf of the stationary distribution of (V x
t )t≥0, and vice versa. This fact has been used to

derive various results in both risk theory and queueing theory; see Asmussen and Albrecher (2010,
Chapter VII.7) and references therein. Embedding the Cramér-Lundberg process (Ry

t )t≥0 into an
investment market whose dynamics are driven by a Lévy process, say (Wt)t≥0, yields a capital
process that is often referred to as Paulsen’s risk model (Paulsen, 1993). This is a risk process
(Ry

t )t≥0 whose dynamics are described by the SDE

dRy
t = Ry

t− dWt + dKt, t ≥ 0, Ry
0 = y, (2.13)

which turns out to be of the form (1.2).

Assuming that the driving processes have finite jump activity, in Paulsen (1993) the solution of
(2.13) is studied and also an expression for its ruin probability is derived. This result of Paulsen
has been generalized to the setting of this paper in Bankovsky and Sly (2009) and then reads as
follows.

Proposition 2.7 (Bankovsky and Sly, 2009, Thm. 4). Suppose that (2.5) is satisfied and consider
the GOU process (V x

t )t≥0 solving (1.2). Assume that limt→∞ E(U)−1
t = 0 almost surely and that

the integral
∫
(0,t] E(U)−1

s− dηs converges almost surely as t → ∞ to a non-degenerate finite random
variable

∫
(0,∞) E(U)−1

s− dηs with distribution function H. Let τ(x) = inf{t ≥ 0, V x
t ≤ 0}. Then

P(τ(x) < ∞)E[H(−V x
τ(x))|τ(x) < ∞] = H(−x), x ≥ 0,

where E[·|τ(x) < ∞] is interpreted as 0 if P(τ(x) < ∞) = 0.
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3. The dual of the generalized Ornstein-Uhlenbeck process

Having established the necessary background we now turn to our main results, which will be
presented in this and in the forthcoming Section 4. In particular, we will characterize when GOU
processes have a dual process, and show that GOU processes are self-dual in the sense that the dual
process (when existent) is again a GOU process. Similar phenomena have already been observed in
special settings for some [0,∞]-valued Markov processes, see e.g. Asmussen (1995, Example 3.5).

3.1. Siegmund duality on R. For the ease of exposition, let us recall the definition of Siegmund-
duality on the whole real line, as it was given at the beginning of the introduction.

Definition 3.1. Let (Xx
t )t≥0 and (Y y

t )t≥0 be (universal) time-homogeneous Markov processes on
R, where x, y ∈ R. Then (Y y

t )t≥0 is said to be dual (in the sense of Siegmund) to (Xx
t )t≥0 if for all

x, y ∈ R
P(Xx

t ≥ y) = P(Y y
t ≤ x), 0 ≤ t < ∞. (3.1)

Before we treat duality for GOU processes, let us study some general consequences of the defini-
tion. Note that it follows immediately from (3.1) that if (Y y

t )t≥0 is dual to (Xx
t )t≥0, then (−Xx

t )t≥0 is
dual to (−Y y

t )t≥0. However, duality as defined is not necessarily a symmetric relation as illustrated
by the following example.

Example 3.2. Let (Nt)t≥0 be a homogeneous Poisson process (or any other non-trivial subordinator)
and define the time-homogeneous Markov processes (Xx

t )t≥0 and (Y y
t )t≥0 by

Xx
t =

{
x, Xx

0 = x ≥ 0,

x−Nt, Xx
0 = x < 0,

Y y
t =

{
y, Y y

0 = y ≥ 0,

min{y +Nt, 0}, Y y
0 = y < 0.

Then it follows immediately that

P(Xx
t ≥ y) =

{
1{x≥y}, x ≥ 0,

P(Nt ≤ x− y), x < 0

}
= P(Y y

t ≤ x),

and hence (Y y
t )t≥0 is dual to (Xx

t )t≥0 in the sense of Definition 3.1. However we note that for y < 0

P(Y y
t ≥ 0) = P(y +Nt ≥ 0) ̸= 0 = P(X0

t ≤ y),

and hence (Xx
t )t≥0 is not dual to (Y y

t )t≥0.

Remark 3.3. From the definition, one can easily derive conditions for symmetry of the duality
relation as follows.

(1) Suppose that (Y y
t )t≥0 is dual to (Xx

t )t≥0. Then a necessary and sufficient condition for
(Xx

t )t≥0 to be dual to (Y y
t )t≥0 is that

P(Xx
t = y) = P(Y y

t = x) ∀ x, y ∈ R, t ≥ 0, (3.2)

as is easily seen from (3.1).
(2) Provided that (Y y

t )t≥0 is dual to (Xx
t )t≥0, a sufficient (but not necessary) condition for (3.2)

to hold is that P(Xx
t ≥ y) is continuous as a function in x for each fixed y ∈ R and t > 0,

and continuous as a function in y for each fixed x ∈ R and t > 0.

Remark 3.4. As is the case in the original setting of Siegmund duality in Siegmund (1976), where
[0,∞]-valued Markov processes were considered, it is trivial from (3.1) that a necessary condition
for an R-valued Markov process (Xx

t )t≥0 to have a dual process as described in Definition 3.1 is
that the function x 7→ P(Xx

t ≥ y) is nondecreasing and right-continuous for all y ∈ R and t ≥ 0.

The next theorem characterises when a dual of a GOU process (V x
t )t≥0 exists and shows that

then the dual is again a GOU process (Ry
t )t≥0, and that then (V x

t )t≥0 is also dual to (Ry
t )t≥0.
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Theorem 3.5. Assume (2.1) and let (V x
t )t≥0 be the GOU process given by (2.3). Then a dual

process to (V x
t )t≥0 in the sense of Definition 3.1 exists if and only if (2.5) is satisfied. In that case,

the GOU process (Ry
t )t≥0 solving the SDE

dRy
t = Ry

t− dWt + dKt, Ry
0 = y, (3.3)

where (Wt,Kt)t≥0 is another bivariate Lévy process defined by(
Wt

Kt

)
=

(
−Ut +

∑
0<s≤t

(∆Us)2

1+∆Us
+ tσ2

U

−ηt

)
, t ≥ 0,

is dual to (V x
t )t≥0. Moreover, (V x

t )t≥0 is dual to (Ry
t )t≥0.

Proof : If (2.5) is violated, then (V x
t )t≥0 is not stochastically monotone by Lemma 2.5, hence no dual

process can exist by Remark 3.4. So suppose from now on that (2.5) is satisfied. Then E(U)t > 0
for all t ≥ 0 by (2.2). Thus, using (2.3),

V x
t ≥ y ⇔ E(U)t

(
x+

∫
(0,t]

E(U)−1
s− dηs

)
≥ y

⇔ E(U)−1
t y −

∫
(0,t]

E(U)−1
s− dηs ≤ x. (3.4)

Further, by Lemma 2.3,
E(U)−1

t = E(W )t, t ≥ 0, (3.5)
for the Lévy process (Wt)t≥0 given by

Wt = −Ut +
∑

0<s≤t

(∆Us)
2

1 + ∆Us
+ tσ2

U , (3.6)

such that in particular ∆Wt =
−∆Ut
1+∆Ut

> −1. Moreover, for every t ≥ 0, by Lemma 2.2,(
E(W )t∫

(0,t] E(W )s− dηs

)
d
=

(
E(W )t

E(W )t
∫
(0,t] E(W )−1

s− dZs

)
, (3.7)

for some Lévy process (Zt)t≥0 that can be computed via (2.4) as

Zt = ηt −
∑

0<s≤t

∆Ws∆ηs
1 + ∆Ws

− tσW,η

= Lt −
∑

0<s≤t

∆Us∆Ls

1 + ∆Us
− tσU,L −

∑
0<s≤t

−∆Us
1+∆Us

∆Ls
1+∆Us

1 + −∆Us
1+∆Us

+ tσU,L = Lt,

via (3.6) and (2.4), from which we also derived that σW,η = −σU,η = −σU,L. Thus, inserting (3.5)
in (3.4), and applying (3.7) we observe

P(V x
t ≥ y) = P

(
E(W )ty −

∫
(0,t]

E(W )s− dηs ≤ x

)
= P

(
E(W )ty − E(W )t

∫
(0,t]

E(W )−1
s− dLs ≤ x

)
= P(Ry

t ≤ x)

for the GOU process

Ry
t = E(W )t

(
y +

∫
(0,t]

E(W )−1
s− d(−Ls)

)
, t ≥ 0. (3.8)
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Defining the auxiliary Lévy process

−ξt = log E(W )t = Wt −
1

2
σ2
W t+

∑
0<s≤t

(
−∆Ws + log(1 + ∆Ws)

)
, t ≥ 0,

using (2.2), we obtain that the SDE solved by (Ry
t )t≥0 is hence of the form (3.3) with (Wt)t≥0 as

given in (3.6) and (Kt)t≥0 following via (2.7) and (3.6) as

Kt = −Lt +
∑

0<s≤t

(e−∆ξs − 1)(−∆Ls)− tσξ,−L

= −Lt +
∑

0<s≤t

∆Us∆Ls

1 + ∆Us
+ tσU,L = −ηt,

since σξ,−L = σ−W,−L = σU,−L = −σU,L. As we have shown that P(V x
t ≥ y) = P(Ry

t ≤ x) for all
x, y ∈ R and t ≥ 0, the process (Ry

t )t≥0 is dual to (V x
t )t≥0. Similar calculations, or an application

of the obtained result on (Ry
t )t≥0, show that P(V x

t = y) = P(Ry
t = x) so that also (V x

t )t≥0 is dual
to (Ry

t )t≥0 by (3.2). □

We can relate the stationary distribution of the GOU (V x
t )t≥0 to that of its dual process (Ry

t )t≥0,
provided they exist.

Corollary 3.6. Suppose that (2.5) is satisfied, let (V x
t )t≥0 be the GOU process given by (2.3), and

(Ry
t )t≥0 its dual process as specified in (3.3).
(a) Suppose limt→∞ E(U)t = 0 almost surely and that V∞ :=

∫
(0,∞) E(U)s− dLs exists almost

surely and is finite. Then the distribution of V∞ is both the stationary distribution of the
causal GOU process (V x

t )t≥0 as well as the stationary distribution of the non-causal GOU
process (Ry

t )t≥0.
(b) Suppose limt→∞ E(U)−1

t = 0 almost surely and that R∞ :=
∫
(0,∞) E(U)−1

s− dKs exists almost
surely and is finite. Then the distribution of R∞ is both the stationary distribution of the
non-causal GOU process (V x

t )t≥0 as well as the stationary distribution of the causal GOU
process (Ry

t )t≥0.

Proof : Recall (3.5) from which limt→∞ E(W )−1
t = limt→∞ E(U)t. Further, the right-hand side of

(2.4) applied to (Wt,Kt)t≥0 instead of (Ut, Lt)t≥0 gives

Kt −
∑

0<s≤t

∆Ws∆Ks

1 + ∆Ws
− tσW,K = −Lt,

where we used the definition of Kt, and Equations (3.6) and (2.4), from which ∆Ws = −∆Us
1+∆Us

,
∆Ks = −∆ηs = −∆Ls

1+∆Us
, and σW,K = σU,L. Assertion (a) is then an immediate consequence of

Lemma 2.4. The proof of (b) is similar. □

As motivated in Example 2.6 we aim to investige the connection between the limiting distribution
of (Ry

t )t≥0 and the ruin probability of (V x
t )t≥0. This can now be done by combining Proposition 2.7

with our results.

Corollary 3.7. Under the conditions and with the same notations as in Proposition 2.7, the limit
of P(V x

t ≤ 0) as t → ∞ exists and is equal to H(−x) = P(R∞ ≥ x), so that

lim
t→∞

P(V x
t ≤ 0) = P(R∞ ≥ x) = P(τ(x) < ∞)E[H(−V x

τ(x))|τ(x) < ∞], x ≥ 0, (3.9)

where R∞ =
∫
(0,∞) E(U)−1

s− dKs as in Corollary 3.6 (b). In particular, if −L is a subordinator, then

P(τ(x) < ∞) = P(R∞ ≥ x) = H(−x), x ≥ 0.
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Proof : By Theorem 3.5, not only is (Ry
t )t≥0 dual to (V x

t )t≥0, but also (V x
t )t≥0 is dual to (Ry

t )t≥0.
Hence P(V x

t ≤ 0) = P(R0
t ≥ x). Since the distribution of

R∞ =

∫
(0,∞)

E(U)−1
s− dKs = −

∫
(0,∞)

E(U)−1
s− dηs

is the stationary distribution of a causal GOU process which by assumption is non-degenerate, it
cannot have atoms by Bertoin et al. (2008, Thm. 2.2). Since R0

t converges in distribution to R∞
as t → ∞ by Lemma 2.4 (a), we conclude by duality that P(V x

t ≤ 0) converges to P(R∞ ≥ x) =
P(−R∞ ≤ −x) = H(−x). The formula (3.9) for the limit is then immediate from Proposition 2.7.

For the second statement it suffices to assume that P(τ(x) < ∞) > 0, for if P(τ(x) < ∞) = 0
then also P(R∞ ≥ x) = 0 by (3.9) and the claim follows. Note that if −L is a subordinator, also −η
is a subordinator by the observation just below (2.6), which implies that

∫
(0,∞) E(U)−1

s− dηs ≤ 0 a.s.
and hence H(0) = 1. Since V x

τ(x) ≤ 0 on {τ(x) < ∞} by the càdlàg paths of (V x
t )t≥0 this implies

H(−V x
τ(x)) = 1 and hence the statement when P(τ(x) < ∞) > 0 by (3.9). □

3.2. Non-negative Siegmund dual processes. As mentioned in Section 2.1, if ∆Ut > −1 for all t and L
is a subordinator, then (V x

t )t≥0 (with x ≥ 0) has state-space [0,∞), and hence this GOU process not
only fits into the setting of Definition 3.1, but also into the setting originally considered in Siegmund
(1976), where [0,∞]-valued Markov processes were studied. Thus, according to Siegmund’s original
work, this GOU process has a dual process on [0,∞] in the sense that (3.1) holds for all starting
values x, y ≥ 0. The precise form of this process will be derived in the next proposition.

Proposition 3.8. Assume (2.5) and let (V x
t )t≥0 with x ≥ 0 be the GOU given by (2.3). Further

assume that L is a subordinator. Let (Ry
t )t≥0 with y ≥ 0 be the solution of (3.3) and set

τR(y) := inf{t ≥ 0 : Ry
t ≤ 0}.

Then the process (R̂y
t )t≥0, y ≥ 0, given by

R̂y
t := Ry

t1{t<τR(y)},

is a time-homogeneous Markov process on [0,∞), and it is dual to (V x
t )t≥0, x ≥ 0, in the sense that

(3.1) holds for all x, y ≥ 0 and t ≥ 0. Moreover, we have R̂y
t = max{Ry

t , 0} for t, y ≥ 0.

Proof : Recall from Theorem 3.5 and its proof that (Ry
t )t≥0 is dual to (V x

t )t≥0 in the sense of (3.1),
i.e.

P(V x
t ≥ y) = P(Ry

t ≤ x), ∀t ≥ 0, ∀x, y ∈ R,
and that Ry

t is explicitly given by (3.8). As (Ry
t )t≥0 – being a GOU process – is a time-homogeneous

Markov process, its killed version (R̂y
t )t≥0 is a time-homogeneous Markov process as well. Moreover,

under the given conditions, E(W )t = E(U)−1
t > 0 for all t ≥ 0, and as L is a subordinator it follows

from (3.8) that
y ≤ 0 ⇒ Ry

t ≤ 0, ∀t ≥ 0.

Due to time-homogeneity of (Ry
t )t≥0 this implies Ry

t ≤ 0 for any y ∈ R, and for all t ≥ τR(y). In
particular

R̂y
t = Ry

t1{t<τR(y)} = max{Ry
t , 0}, t ≥ 0.

Thus, for all t ≥ 0 and all x, y ≥ 0

P(R̂y
t ≤ x) = P(max{Ry

t , 0} ≤ x) = P(Ry
t ≤ x) = P(V x

t ≥ y),

which implies the statement. □
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Remark 3.9. Observe that although (V x
t )t≥0, x ∈ R, is dual to (Ry

t )t≥0, y ∈ R, in the sense of (3.1)
by Theorem 3.5, in the situation of Proposition 3.8 the process (V x

t )t≥0, x ≥ 0, is in general not
dual to (R̂y

t )t≥0, y ≥ 0, in the sense that (3.1) holds for all x, y ≥ 0. This can be seen from

P(R̂0
t ≥ 0) = 1 ̸= P

(
E(U)t

∫
(0,t]

E(U)−1
s− dηs ≤ 0

)
= P(V 0

t ≤ 0) ∀ t > 0,

provided η is not the zero-subordinator. Since the function [0,∞) → [0, 1], y 7→ P(R̂y
t ≥ x),

is nondecreasing and right-continuous for any t, x ≥ 0, by Siegmund’s result (Siegmund, 1976,
Thm. 1) the process (R̂y

t )t≥0, y ≥ 0, has a dual on [0,∞], but it is not (V x
t )t≥0, but instead the

process (V̂ x
t )t≥0 defined as

V̂ x
t = V x

t 1{t<τV (x)}, with τV (x) := inf{t ≥ 0 : V x
t ≤ 0}.

To see this, observe that V̂ 0
t ≡ 0 which implies

P(R̂y
t ≥ 0) = 1 = P(V̂ 0

t ≤ y) for all y ≥ 0, t ≥ 0.

Further, for x > 0, as L and hence η is a subordinator, V x
t > 0 for all t ≥ 0, implying τV (x) = ∞

almost surely. With this it follows from Theorem 3.5 and Proposition 3.8 for all y ≥ 0, x > 0 and
t ≥ 0

P(R̂y
t ≥ x) = P(max{Ry

t , 0} ≥ x) = P(Ry
t ≥ x)

= P(V x
t ≤ y) = P(V x

t 1{t<τV (x)} ≤ y) = P(V̂ x
t ≤ y).

Hence (V̂ x
t )t≥0 is dual to (R̂y

t )t≥0 in the sense that (3.1) holds for all x, y ≥ 0, but again the converse
statement fails as can easily be checked considering the duality relation for x = 0.

As a consequence of Proposition 3.8 we can relate the ruin probability of (Ry
t )t≥0 to the limit

distribution of (V 0
t )t≥0 in the subordinator case.

Corollary 3.10. Assume (2.5) and let (V x
t )t≥0, (R

y
t )t≥0 and τR(y) be as in Proposition 3.8 with L

being a subordinator. Then

P(τR(y) < ∞) = lim
t→∞

P(V 0
t ≥ y) for every y ≥ 0.

Denote V∞ :=
∫
(0,∞) E(U)s dLs, which is a [0,∞]-valued numerical random variable (in case of

almost sure convergence, it is finite). Then, if neither U nor L is the zero-process and if there exists
no k ∈ R \ {0} such that (2.11) holds, then

P(τR(y) < ∞) = P(V∞ ≥ y)

for every y ≥ 0. Finally, if additionally limt→∞ E(U)t = 0 almost surely, then

P(τR(y) < ∞) = lim
t→∞

P(V x
t ≥ y)

for all x, y ≥ 0.

Proof : Observe that (R̂y
t ) as defined in Proposition 3.8 stays at 0 once it has reached 0. Since

(R̂y
t )t≥0 is dual to (V x

t )t≥0 in the sense of (1.1), for fixed y ≥ 0 we have

P(τR(y) < ∞) = P(∃ t ≥ 0 : R̂y
t = 0) = lim

t→∞
P(R̂y

t ≤ 0) = lim
t→∞

P(V 0
t ≥ y).

Let ξt = − log E(U)t as in (2.6), then according to Erickson and Maller (2005, Thm. 2.1),∫
(0,t]

e−ξs− dLs =

∫
(0,t]

E(U)−1
s− dLs

either converges a.s. to a finite random variable as t → ∞, or diverges to ∞ in probability (and
hence almost surely since L is a subordinator), or (2.12) holds for some k ̸= 0. But (2.12) is
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equivalent to (2.11) which has been ruled out by assumption. Hence V∞ is either finite almost
surely or almost surely equal to +∞. When V∞ is finite almost surely, its distribution cannot have
atoms by Bertoin et al. (2008, Thm. 2.2) since (2.11) has been ruled out. Hence, in all cases the
distribution of V∞ has no atoms on the real line.
From (2.3) and Lemma 2.2 we see that V x

t has the same distribution as E(U)tx+
∫
(0,t] E(U)s− dLs,

which converges almost surely to V∞ as t → ∞ if x = 0, or if x > 0 and additionally E(U)t converges
to 0 as t → ∞. Since V∞ has no atom at y, we then have limt→∞ P(V x

t ≥ y) = P(V∞ ≥ y) in both
cases, giving the claim. □

4. The inverse flow of the generalized Ornstein-Uhlenbeck process

In contrast to duality, which can be considered a distributional concept, time-reversals of stochas-
tic processes are typically defined pathwise. Therefore, we use a different framework in this section
than before and study the GOU process in terms of its stochastic flow and the inverse stochastic
flow. This is possible because, in the GOU setting, the structure of the SDE admits an explicit
inverse mapping for the jumps, rather than applying the generalized inverse used in Asmussen and
Sigman (1996). In comparison with the time-reversed SDE that can be derived via Protter (2003,
Thm. VI.4.22), in Theorem 4.1 we obtain the same SDE for the inverse stochastic flow. Similar
considerations appear at the end of Chapter VI.4 in Protter (2003, Proof of Thm. VI.4.23), where
time-reversals of SDEs of Itô diffusions are considered.
Recall the definition of the time-reversal X̃ = (X̃s)s∈[0,t] at t > 0 of some càdlàg process X =
(Xs)s∈[0,t] as

X̃s =


0, if s = 0,

X(t−s)− −Xt−, if 0 < s < t,

X0 −Xt−, if s = t.

(4.1)

For t = 1 this coincides with the definition given in Protter (2003, Chapter VI.4). It is well known
that when X is a Lévy process, then (X̃s)s∈[0,t] is also a Lévy process, with the same distribution
as (−Xs)s∈[0,t], see e.g. Bertoin (1996, Lem. II.2), Brockwell and Lindner (2024, Thm. 11.4) or Sato
(1999, Prop. 41.8). Stochastic integrals with respect to time-reversed Lévy processes are then to be
seen with respect to their augmented natural filtration, for which the time-reversed Lévy processes
are semimartingales.

As before, let (V x
t )t≥0 be a solution of the SDE (1.2) for the bivariate Lévy process (Ut, Lt)t≥0.

As no stochastic monotonicity is needed in the context of time-reversals, we shall only assume (2.1),
i.e. ∆Ut ̸= −1 for all t.

Theorem 4.1. Let (V x
s )s≥0, x ∈ R, be a solution of the SDE (1.2) for the bivariate Lévy process

(Us, Ls)s≥0 fulfilling (2.1), as given in (2.3) with η defined in (2.4). Let t > 0 be fixed. Denote the
time-reversal of (U,L, η) on [0, t] by (Ũ , L̃, η̃), and define

Ts := Ũs + σ2
Us+

∑
0<r≤s

(∆Ũr)
2

1−∆Ũr

, 0 ≤ s ≤ t.

Then (Ts, L̃s, η̃s)s∈[0,t] is a Lévy process on [0, t] and, almost surely, for all s ∈ [0, t]

V x
(t−s)− = E(T )s

(
V x
t +

∫
(0,s]

E(T )−1
u− dL̃u

)
. (4.2)



1048 Anita Behme, Henriette E. Heinrich and Alexander Lindner

Further, the stochastic process corresponding to the inverse stochastic flow induced by (4.2), i.e. the
process (Ry

s)s∈[0,t], y ∈ R, defined by

Ry
s := E(T )s

(
y +

∫
(0,s]

E(T )−1
u− dL̃u

)
, (4.3)

is the GOU process which is the unique solution of the SDE

dRy
s = Ry

s− dTs + dη̃s, s ∈ [0, t], Ry
0 = y. (4.4)

Proof : Since (U,L, η) is a Lévy process, so is its time-reversal (Ũs, L̃s, η̃s)s∈[0,t] on [0, t], hence also
(Ts, L̃s, η̃s)s∈[0,t] is a Lévy process. Observe that ∆Ũs = −∆Ut−s for 0 < s < t, and similarly
for L and η. Since (U,L, η) almost surely does not jump at the fixed time t, we assume that
(∆Ut,∆Lt,∆ηt) = 0 and hence V x

t = V x
t− everywhere. From (2.3) we obtain

V x
t =

E(U)t
E(U)t−s

(
V x
t−s +

∫
(t−s,t]

(
E(U)u−
E(U)t−s

)−1

dηu

)
. (4.5)

Solving this for V x
t−s results in

V x
t−s =

E(U)t−s

E(U)t

(
V x
t − E(U)t

E(U)t−s

∫
(t−s,t]

(
E(U)u−
E(U)t−s

)−1

dηu

)
and taking the càdlàg version V x

(t−s)− for s 7→ V x
t−s yields

V x
(t−s)− =

E(U)(t−s)−

E(U)t

(
V x
t − E(U)t

E(U)(t−s)

∫
[t−s,t]

(
E(U)u−
E(U)t−s

)−1

dηu

)
. (4.6)

From (2.2) we obtain
E(U)(t−s)−

E(U)t
= eU(t−s)−−Ut+σ2

Us/2
∏

t−s≤u≤t

(
(1 + ∆Uu)e

−∆Uu
)−1

= eŨs+σ2
Us/2

∏
0<u≤s

e−∆Ũu(1−∆Ũu)
−1,

where we used that ∆Ũu = −∆Ut−u and ∆Ut = 0. On the other hand, an easy calculation using
(2.2) shows that the last expression is equal to E(T )s, so that

E(U)(t−s)−

E(U)t
= E(T )s. (4.7)

Since the right-hand sides of both (4.2) and (4.6) define càdlàg processes in s, it is enough to show
that for given s they agree almost surely (where the exceptional null set may depend on s). Since η
almost surely does not jump at the fixed time t− s, the integral over the compact interval [t− s, s]
in (4.6) is almost surely equal to the corresponding integral over the half-open interval (t − s, s].
Hence, by (4.6) and (4.7), Equation (4.2) will follow if we can show that, almost surely for each
fixed s ∈ [0, t],

− E(U)t
E(U)t−s

∫
(t−s,t]

(
E(U)u−
E(U)t−s

)−1

dηu =

∫
(0,s]

E(T )−1
u− dL̃u. (4.8)

For this, define for fixed s ∈ [0, t]

(U ′
u, η

′
u) := (Uu+t−s − Ut−s, ηu+t−s − ηt−s), u ∈ [0, s].

Then E(U)u+t−s/E(U)t−s = E(U ′)u by (2.2) for u ∈ [0, s] and

E(U)t
E(U)t−s

∫
(t−s,t]

(
E(U)u−
E(U)t−s

)−1

dηu = E(U ′)s

∫
(0,s]

E(U ′)−1
u− dη′u.
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Denote by

(Û ′
u, η̂

′
u) := (U ′

s−, η
′
s−)− (U ′

(s−u)−, η
′
(s−u)−), u ∈ [0, s],

the negative of the time-reversal of (U ′, η′) at s. Then, with [·, ·] denoting quadratic covariation,

E(U ′)s

∫
(0,s]

E(U ′)−1
u− dη′u =

∫
(0,s]

E(Û ′)u− dη̂′u + [E(Û ′), η̂]s;

this is Lemma 6.1 in Lindner and Maller (2005) when all jumps of U are greater than −1, and for
general U it follows from the proof of Proposition 8.3 in Behme and Lindner (2012) (the left-hand
side is the probability limit of the −Bσ appearing in that proof, while the right-hand side is the
probability limit of Aσ). Since E(Û ′)r = 1 +

∫
(0,r] E(Û ′)u− dÛ ′

u we can rewrite the left-hand side of
(4.8) as

− E(U)t
E(U)t−s

∫
(t−s,t]

(
E(U)u−
E(U)t−s

)−1

dηu = −
∫
(0,s]

E(Û ′)u− d
(
η̂′u + [Û ′, η̂′]u

)
=

∫
(0,s]

E(−Ũ)u− d
(
η̃u − [Ũ , η̃]u

)
,

where in the last line we used that

(Û ′
u, η̂

′
u) = (U ′

s− − U ′
(s−u)−, η

′
s− − η′(s−u)−) = (Ut− − U(t−u)−, ηt− − η(t−u)−) = −(Ũu, η̃u)

for u ∈ [0, s]. But E(−Ũ)u = E(T )−1
u as a consequence of (2.2),

η̃u = L̃u +
∑

t−u≤r<t

∆Ur∆Lr

1 + ∆Ur
+ σU,Lu = L̃u +

∑
0<r≤u

∆Ũr∆L̃r

1−∆Ũr

+ σU,Lu (4.9)

by (2.4) and (4.1), and hence

η̃u − [Ũ , η̃]u = η̃u − σU,ηu−
∑

0<r≤u

∆Ũr∆η̃r = L̃u,

thus establishing (4.8) and hence (4.2).
For the proof of (4.4), observe that by (2.3), the unique solution to the SDE (4.4) is given by

Ry
s = E(T )s(y +

∫
(0,s] E(T )

−1
u− dNu), where by (2.4) the process N is given by

Ns = η̃s −
∑

0<r≤s

∆Tr∆η̃r
1 + ∆Tr

− sσT,η̃, s ∈ [0, t].

Inserting (4.9) for η̃ and observing that ∆Tr = ∆Ũr/(1 − ∆Ũr), 1 + ∆Tr = 1/(1 − ∆Ũr) and
∆η̃r = ∆L̃r/(1 − ∆Ũr) we see that N = L̃. This shows that (Ry

s)s∈[0,t] is the unique solution
of (4.4). □

From Theorems 3.5 and 4.1 we deduce that, if all jumps of U are greater than −1, then the
process (Ry

s)s∈[0,t], y ∈ R, given in (4.4) is Siegmund dual to (V x
s )s∈[0,t], x ∈ R, with the obvious

notion of Siegmund duality for processes defined only on [0, t].

Corollary 4.2. Let (V x
s )s≥0, x ∈ R, be the solution of the SDE (1.2) for the bivariate Lévy process

(Us, Ls)s≥0 with ∆Us > −1 for all s ≥ 0. Fix t > 0 and consider the stochastic process (Ry
s)s∈[0,t],

y ∈ R, corresponding to the inverse stochastic flow defined in (4.4). Then (Ry
s)s∈[0,t], y ∈ R, is

Siegmund dual to (V x
s )s∈[0,t], x ∈ R.
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Proof : The processes (T, η̃) appearing in Theorem 4.1, and (W,K) appearing in Theorem 3.5 are
given by (compare also (4.9) and (2.4))

Ts = Ũs + σ2
Us+

∑
0<r≤s

(∆Ũr)
2

1−∆Ũr

,

η̃s = L̃s + σU,Ls+
∑

0<r≤s

∆Ũr∆L̃r

1−∆Ũr

,

Ws = −Us + σ2
Us+

∑
0<r≤s

(∆Ur)
2

1 + ∆Ur
, and

Ks = −ηs = −Ls + σU,Ls+
∑

0<r≤s

∆Ur∆Lr

1 + ∆Ur
,

for s ∈ [0, t]. Since the time-reversed Lévy process (Ũs, L̃s)s∈[0,t] is equal in law to (−Us,−Ls)s∈[0,t]
we conclude that (Ts, η̃s)s∈[0,t] and (Ws,Ks)s∈[0,t] are equal in law. The claim now follows from
Theorems 3.5 and 4.1. □

Remark 4.3. Corollary 4.2 is not surprising, since reversibility of the stochastic flow is intrinsically
related to duality, as discussed in various articles, see e.g. Sigman and Ryan (2000). Also in our
case, it is possible to deduce Theorem 3.5 directly from Theorem 4.1. To see this, let (U,L), V x

s and
Ry

s be as in Corollary 4.2. For u ∈ [0, t] denote by φu,t : R → R the stochastic flow which transports
x = Vu(ω) to Vt(ω), i.e. φu,t(x) = Vt(ω) conditional on Vu = x (we suppress the superscript x here
and prefer to work with Vt|V0 = x rather than V x

t for the moment). By time-homogeneity of V , we
have for s ∈ [0, t]

P(Vs ≥ y|V0 = x) = P(Vt ≥ y|Vt−s = x) = P(φt−s,t(x) ≥ y) = P(φ−1
t−s,t(y) ≤ x),

since φt−s,t is strictly increasing and bijective (the exact form of the flow can be read off from (4.5)).
But φ−1

t−s,t(y) = Ry
s− by (4.2) and (4.3), hence

P(Vs ≥ y|V0 = x) = P(Ry
s− ≤ x) = P(Ry

s ≤ x) = P(Rs ≤ x|R0 = y),

showing that (Ry
s)s∈[0,t], y ∈ R, is dual to (V x

s )s∈[0,t], x ∈ R. By the proof of Corollary 4.2,
(Ts, η̃s)s∈[0,t] is equal in law to (Ws,Ks)s∈[0,t], showing that the process given in Theorem 3.5 (call
it R

y
s for the moment) is also dual to R. Hence we have given another proof of the duality of (Ry

s)
to (V x

s ) in Theorem 3.5. This last proof is in line with the reasoning given in Sigman and Ryan
(2000, Cor. 3.1 (1)), who consider [0,∞)-valued time-homogeneous Markov processes with certain
properties.

Remark 4.4. According to Jansen and Kurt (2014, Prop. 4.4) the Siegmund dual GOU process
derived in Theorem 3.5 is even strongly pathwise dual, i.e. both V and R can be realised on a
suitable probability space such that

{V x
t ≥ y} = {Ry

t ≤ x} almost surely.

This follows from the construction method described in Clifford and Sudbury (1985), but it is not
a direct consequence of our proof, as in (3.7) we use a distributional inequality. Still, using time-
reversals, one could replace (3.7) by an almost sure statement (see Lindner and Maller, 2005, Lemma
6.1 for a special case), and the resulting dual in this case turns out to coincide with the inverse
stochastic flow obtained in Theorem 4.1.



Duals and inverse flows of generalized Ornstein-Uhlenbeck processes 1051

Acknowledgements

The authors thank two anonymous referees whose comments and suggestions significantly helped
to improve the paper’s overall presentation and led to additional results such as Corollary 3.10.

References

Asmussen, S. Stationary distributions via first passage times. In Advances in queueing, Probab.
Stochastics Ser., pp. 79–102. CRC, Boca Raton, FL (1995). ISBN 0-8493-8074-X. MR1395155.

Asmussen, S. and Albrecher, H. Ruin probabilities, volume 14 of Advanced Series on Statistical
Science & Applied Probability. World Scientific Publishing Co. Pte. Ltd., Hackensack, NJ, second
edition (2010). ISBN 978-981-4282-52-9; 981-4282-52-9. DOI: 10.1142/9789814282536.

Asmussen, S. and Sigman, K. Montone stochastic recursions and their duals. Probab. Engrg. Inform.
Sci., 10 (1), 1–20 (1996). DOI: 10.1017/S0269964800004137.

Bankovsky, D. and Sly, A. Exact conditions for no ruin for the generalised Ornstein-Uhlenbeck
process. Stochastic Process. Appl., 119 (8), 2544–2562 (2009). DOI: 10.1016/j.spa.2009.01.001.

Behme, A. Exponential functionals of Lévy processes with jumps. ALEA Lat. Am. J. Probab. Math.
Stat., 12 (1), 375–397 (2015). Available at https://alea.impa.br/articles/v12/12-15.pdf.

Behme, A. and Lindner, A. Multivariate generalized Ornstein-Uhlenbeck processes. Stochastic
Process. Appl., 122 (4), 1487–1518 (2012). DOI: 10.1016/j.spa.2012.01.002.

Behme, A. and Lindner, A. On exponential functionals of Lévy processes. J. Theoret. Probab.,
28 (2), 681–720 (2015). DOI: 10.1007/s10959-013-0507-y.

Behme, A., Lindner, A., and Maller, R. Stationary solutions of the stochastic differential equation
dVt = Vt−dUt + dLt with Lévy noise. Stochastic Process. Appl., 121 (1), 91–108 (2011). DOI:
10.1016/j.spa.2010.09.003.

Bertoin, J. Lévy processes, volume 121 of Cambridge Tracts in Mathematics. Cambridge University
Press, Cambridge (1996). ISBN 0-521-56243-0. MR1406564.

Bertoin, J., Lindner, A., and Maller, R. On continuity properties of the law of integrals of Lévy
processes. In Séminaire de probabilités XLI, volume 1934 of Lecture Notes in Math., pp. 137–159.
Springer, Berlin (2008). ISBN 978-3-540-77912-4. DOI: 10.1007/978-3-540-77913-1_6.

Błaszczyszyn, B. and Sigman, K. Risk and duality in multidimensions. Stochastic Process. Appl.,
83 (2), 331–356 (1999). DOI: 10.1016/S0304-4149(99)00046-0.

Brockwell, P. J. and Lindner, A. M. Continuous-parameter time series, volume 98 of De Gruyter
Studies in Mathematics. De Gruyter, Berlin (2024). ISBN 978-3-11-132503-3; 978-3-11-132499-9;
978-3-11-132520-0. DOI: 10.1515/9783111325033.

Carmona, P., Petit, F., and Yor, M. On the distribution and asymptotic results for exponential
functionals of Lévy processes. In Exponential functionals and principal values related to Brownian
motion, Bibl. Rev. Mat. Iberoamericana, pp. 73–130. Rev. Mat. Iberoamericana, Madrid (1997).
ISBN 84-600-9461-8. MR1648657.

Clifford, P. and Sudbury, A. A sample path proof of the duality for stochastically monotone Markov
processes. Ann. Probab., 13 (2), 558–565 (1985). DOI: 10.1214/aop/1176993008.

Cordero, F., Hummel, S., and Véchambre, G. Λ-Wright-Fisher processes with general selection and
opposing environmental effects: fixation and coexistence. Ann. Appl. Probab., 35 (1), 393–457
(2025). DOI: 10.1214/24-aap2117.

Cox, J. T. and Rösler, U. A duality relation for entrance and exit laws for Markov processes.
Stochastic Process. Appl., 16 (2), 141–156 (1984). DOI: 10.1016/0304-4149(84)90015-2.

Croitoru, F.-A., Hondru, V., Ionescu, R., and Shah, M. Diffusion Models in Vision:
A Survey. IEEE Trans. Pattern Anal. Mach. Intell., 45 (09), 10850–10869 (2023).
DOI:10.1109/TPAMI.2023.3261988.

http://www.ams.org/mathscinet-getitem?mr=MR1395155
https://doi.org/10.1142/9789814282536
https://doi.org/10.1017/S0269964800004137
https://doi.org/10.1016/j.spa.2009.01.001
https://alea.impa.br/articles/v12/12-15.pdf
https://doi.org/10.1016/j.spa.2012.01.002
https://doi.org/10.1007/s10959-013-0507-y
https://doi.org/10.1016/j.spa.2010.09.003
https://doi.org/10.1016/j.spa.2010.09.003
http://www.ams.org/mathscinet-getitem?mr=MR1406564
https://doi.org/10.1007/978-3-540-77913-1_6
https://doi.org/10.1016/S0304-4149(99)00046-0
http://dx.doi.org/10.1515/9783111325033
http://www.ams.org/mathscinet-getitem?mr=MR1648657
http://dx.doi.org/10.1214/aop/1176993008
https://doi.org/10.1214/24-aap2117
https://doi.org/10.1016/0304-4149(84)90015-2
https://doi.org/10.1109/TPAMI.2023.3261988


1052 Anita Behme, Henriette E. Heinrich and Alexander Lindner

Dette, H., Fill, J. A., Pitman, J., and Studden, W. J. Wall and Siegmund duality relations for
birth and death chains with reflecting barrier. J. Theoret. Probab., 10 (2), 349–374 (1997). DOI:
10.1023/A:1022660400024.

Diaconis, P. and Fill, J. A. Strong stationary times via a new form of duality. Ann. Probab., 18 (4),
1483–1522 (1990). DOI: 10.1214/aop/1176990628.

Doney, R. A. and Maller, R. A. Stability and attraction to normality for Lévy processes at zero and
at infinity. J. Theoret. Probab., 15 (3), 751–792 (2002). DOI: 10.1023/A:1016228101053.

Erickson, K. B. and Maller, R. A. Generalised Ornstein-Uhlenbeck processes and the convergence
of Lévy integrals. In Séminaire de Probabilités XXXVIII, volume 1857 of Lecture Notes in Math.,
pp. 70–94. Springer, Berlin (2005). ISBN 3-540-23973-1. DOI: 10.1007/978-3-540-31449-3_6.

Foucart, C. Continuous-state branching processes with competition: duality and reflection at infin-
ity. Electron. J. Probab., 24, Paper No. 33, 38 pages (2019). DOI: 10.1214/19-EJP299.

Foucart, C. and Vidmar, M. Continuous-state branching processes with collisions: first passage
times and duality. Stochastic Process. Appl., 167, Paper No. 104230, 35 pages (2024). DOI:
10.1016/j.spa.2023.104230.

Goffard, P.-O. and Sarantsev, A. Exponential convergence rate of ruin probabilities for level-
dependent Lévy-driven risk processes. J. Appl. Probab., 56 (4), 1244–1268 (2019). DOI:
10.1017/jpr.2019.71.

Guéneau, M. and Touzo, L. Siegmund duality for physicists: a bridge between spatial and first-
passage properties of continuous- and discrete-time stochastic processes. J. Stat. Mech. Theory
Exp., (8), Paper No. 083208, 53 (2024). DOI: 10.1088/1742-5468/ad6134.

Huillet, T. Siegmund duality with applications to the neutral Moran model conditioned on never
being absorbed. J. Phys. A, 43 (37), 375001, 14 (2010). DOI: 10.1088/1751-8113/43/37/375001.

Huillet, T. and Martinez, S. Duality and intertwining for discrete Markov kernels: relations and
examples. Adv. in Appl. Probab., 43 (2), 437–460 (2011). DOI: 10.1239/aap/1308662487.

Jansen, S. and Kurt, N. On the notion(s) of duality for Markov processes. Probab. Surv., 11, 59–120
(2014). DOI: 10.1214/12-PS206.

Karandikar, R. L. Multiplicative decomposition of nonsingular matrix valued semimartingales. In
Séminaire de Probabilités, XXV, volume 1485 of Lecture Notes in Math., pp. 262–269. Springer,
Berlin (1991). ISBN 3-540-54616-2. DOI: 10.1007/BFb0100860.

Kolokoltsov, V. Stochastic monotonicity and duality of one-dimensional Markov processes. Math.
Notes, 89 (5), 652–660 (2011). DOI: 10.1134/S0001434611050063.

Kolokoltsov, V. and Lee, R. X. Stochastic duality of Markov processes: a study via generators.
Stoch. Anal. Appl., 31 (6), 992–1023 (2013). DOI: 10.1080/07362994.2013.827098.

Kolokoltsov, V. N. Stochastic monotonicity and duality of kth order with application to put-call sym-
metry of powered options. J. Appl. Probab., 52 (1), 82–101 (2015). DOI: 10.1239/jap/1429282608.

Kühn, F. Solutions of Lévy-driven SDEs with unbounded coefficients as Feller processes. Proc.
Amer. Math. Soc., 146 (8), 3591–3604 (2018). DOI: 10.1090/proc/14022.

Kukla, J. and Möhle, M. On the block counting process and the fixation line of the
Bolthausen-Sznitman coalescent. Stochastic Process. Appl., 128 (3), 939–962 (2018). DOI:
10.1016/j.spa.2017.06.012.

Liggett, T. M. Interacting particle systems, volume 276 of Grundlehren der mathematischen Wis-
senschaften. Springer-Verlag, New York (1985). ISBN 0-387-96069-4. DOI: 10.1007/978-1-4613-
8542-4.

Lindner, A. and Maller, R. Lévy integrals and the stationarity of generalised Ornstein-Uhlenbeck
processes. Stochastic Process. Appl., 115 (10), 1701–1722 (2005). DOI: 10.1016/j.spa.2005.05.004.

Lorek, P. Generalized gambler’s ruin problem: explicit formulas via Siegmund duality. Methodol.
Comput. Appl. Probab., 19 (2), 603–613 (2017). DOI: 10.1007/s11009-016-9507-6.

Lorek, P. Siegmund duality for Markov chains on partially ordered state spaces. Probab. Engrg.
Inform. Sci., 32 (4), 495–521 (2018). DOI: 10.1017/S0269964817000341.

https://doi.org/10.1023/A:1022660400024
https://doi.org/10.1023/A:1022660400024
http://dx.doi.org/10.1214/aop/1176990628
https://doi.org/10.1023/A:1016228101053
https://doi.org/10.1007/978-3-540-31449-3_6
https://doi.org/10.1214/19-EJP299
https://doi.org/10.1016/j.spa.2023.104230
https://doi.org/10.1016/j.spa.2023.104230
https://doi.org/10.1017/jpr.2019.71
https://doi.org/10.1017/jpr.2019.71
https://doi.org/10.1088/1742-5468/ad6134
https://doi.org/10.1088/1751-8113/43/37/375001
https://doi.org/10.1239/aap/1308662487
https://doi.org/10.1214/12-PS206
https://doi.org/10.1007/BFb0100860
https://doi.org/10.1134/S0001434611050063
https://doi.org/10.1080/07362994.2013.827098
https://doi.org/10.1239/jap/1429282608
https://doi.org/10.1090/proc/14022
https://doi.org/10.1016/j.spa.2017.06.012
https://doi.org/10.1016/j.spa.2017.06.012
https://doi.org/10.1007/978-1-4613-8542-4
https://doi.org/10.1007/978-1-4613-8542-4
https://doi.org/10.1016/j.spa.2005.05.004
https://doi.org/10.1007/s11009-016-9507-6
https://doi.org/10.1017/S0269964817000341


Duals and inverse flows of generalized Ornstein-Uhlenbeck processes 1053

Minchev, M. and Savov, M. Recent developments in exponential functionals of Lévy processes.
Probab. Surv., 23, 125–180 (2026). DOI: 10.1214/26-ps35.

Möhle, M. A spectral decomposition for the block counting process and the fixation line of the
beta(3, 1)-coalescent. Electron. Commun. Probab., 23, Paper No. 102, 15 pages (2018). DOI:
10.1214/18-ECP203.

Nagasawa, M. Time reversions of Markov processes. Nagoya Math. J., 24, 177–204 (1964). DOI:
10.1017/S0027763000011405.

Øksendal, B. Stochastic differential equations. An introduction with applications. Universitext.
Springer-Verlag, Berlin, sixth edition (2003). ISBN 3-540-04758-1. DOI: 10.1007/978-3-642-
14394-6.

Øksendal, B. and Sulem, A. Applied stochastic control of jump diffusions. Universitext. Springer,
Berlin, second edition (2007). ISBN 978-3-540-69825-8; 3-540-69825-6. DOI: 10.1007/978-3-540-
69826-5.

Paulsen, J. Risk theory in a stochastic economic environment. Stochastic Process. Appl., 46 (2),
327–361 (1993). DOI: 10.1016/0304-4149(93)90010-2.

Prabhu, N. U. On the ruin problem of collective risk theory. Ann. Math. Statist., 32, 757–764
(1961). DOI: 10.1214/aoms/1177704970.

Protter, P. E. Stochastic integration and differential equations, volume 21 of Stochastic Mod-
elling and Applied Probability. Springer, Berlin, second edition (2003). ISBN 978-3-540-00313-7.
DOI:10.1007/978-3-662-10061-5.

Sato, K. Lévy processes and infinitely divisible distributions, volume 68 of Cambridge Studies in
Advanced Mathematics. Cambridge University Press, Cambridge (1999). ISBN 0-521-55302-4.
MR1739520.

Siegmund, D. The equivalence of absorbing and reflecting barrier problems for stochastically mono-
tone Markov processes. Ann. Probability, 4 (6), 914–924 (1976). DOI: 10.1214/aop/1176995936.

Sigman, K. and Ryan, R. Continuous-time monotone stochastic recursions and duality. Adv. in
Appl. Probab., 32 (2), 426–445 (2000). DOI: 10.1239/aap/1013540172.

Yoon, E., Park, K., Kim, S., and Lim, S. Score-based Generative models with Lévy processes. In
Oh, A., Naumann, T., Globerson, A., Saenko, K., Hardt, M., and Levine, S., editors, Advances
in Neural Information Processing Systems, volume 36, pp. 40694–40707. Curran Associates, Inc.
(2023). DOI: 10.52202/075280-1772.

Yor, M. Exponential functionals of Brownian motion and related processes. Springer Finance.
Springer, Berlin (2001). ISBN 9783540659433. DOI:10.1007/978-3-642-56634-9.

https://doi.org/10.1214/26-ps35
https://doi.org/10.1214/18-ECP203
https://doi.org/10.1214/18-ECP203
http://dx.doi.org/10.1017/S0027763000011405
http://dx.doi.org/10.1017/S0027763000011405
https://doi.org/10.1007/978-3-642-14394-6
https://doi.org/10.1007/978-3-642-14394-6
https://doi.org/10.1007/978-3-540-69826-5
https://doi.org/10.1007/978-3-540-69826-5
https://doi.org/10.1016/0304-4149(93)90010-2
https://doi.org/10.1214/aoms/1177704970
https://doi.org/10.1007/978-3-662-10061-5
http://www.ams.org/mathscinet-getitem?mr=MR1739520
https://doi.org/10.1214/aop/1176995936
https://doi.org/10.1239/aap/1013540172
http://dx.doi.org/10.52202/075280-1772
https://doi.org/10.1007/978-3-642-56634-9

	1. Introduction
	2. Preliminaries
	2.1. Generalized Ornstein-Uhlenbeck processes
	2.2. Hitting probabilities

	3. The dual of the generalized Ornstein-Uhlenbeck process
	3.1. Siegmund duality on R
	3.2. Non-negative Siegmund dual processes

	4. The inverse flow of the generalized Ornstein-Uhlenbeck process
	Acknowledgements
	References

